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Abstract
Low insurance uptake in developing countries poses a strong obstacle to financial resilience
and poverty reduction. Although behavioural biases, such as ambiguity aversion, myopia
and distrust, are acknowledged as key barriers, their combined effects are not directly
observed. Therefore, this study relies on regulatory and administrative proxies linked to
these biases. This study goes beyond analysing these proxies separately to explore how they
co-occur in shaping insurance outcomes. Using a novel crisp-set Qualitative Comparative
Analysis (csQCA) on a sample of 40 developing countries across Africa, Asia, Central and
Eastern Europe and the Americas, we identify multiple, equifinal configurations of regu-
latory and institutional conditions associated with higher insurance uptake. Our necessity
analysis reveals that transparent pricing is central to regulatory environments associated
with insurance uptake. In addition, product suitability and design standards, as well as
deposit insurance coverage, are sufficient regulatory requirements when combined. The
csQCA results show that no condition works in isolation; outcomes are associated with
specific combinations of regulatory and institutional conditions. The findings indicate that
interventions should be interpreted as configurational regulatory packages.
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Introduction
A growing body of research has examined behavioural biases affecting insurance
adoption; however, there remains a limited understanding of how ambiguity aver-
sion, myopia and distrust in insurance policies influence insurance uptake. These
behavioural factors play a crucial role in shaping insurance demand, and exploring
their interactions provides deeper insight into why people often prefer policies with
clearly defined terms over those with ambiguous or uncertain coverage (Shepard and
Wagner, 2022; Keith et al., 2023). Recognising the interdependence of these biases
underscores the need for a holistic approach, as addressing them in isolation may not
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yield the desired outcomes (Baillon et al., 2022). For example, if distrust drives ambi-
guity aversion toward complex insurance products, a more effective strategy would be
to build trust before simplifying product designs (Cai et al., 2020).

The human preference for certainty often influences the tendency to purchase
insurance, particularly in developing countries (Feng et al., 2020). Behavioural biases
and market characteristics, such as high issuance costs and initial premium pay-
ments, collectively hinder insurance uptake in these economies (Aloysius and Boateng,
2019). According to expected utility theory, insurance adoption would significantly
decline if subsidies were removed, as price, income and risk aversion affect insurance
demand. Some developing countries exhibit low insurance adoption rates due to these
behavioural biases. For example, only 5% of Nigerians have health insurance, while
India’s life insurance penetration rate is 3% (Owolabi et al., 2023; Agrawal et al., 2024).
These patterns illustrate the insurance puzzle – the phenomenon whereby economic
growth does not necessarily lead to increased insurance adoption. Although economic
growth can enhance financial stability, it may not increase insurance uptake if high
premiums, risk perceptions and trust issues persist.

Limited trust in service providers contributes to individuals’ reluctance to purchase
insurance (Cynthia, 2025). When people doubt the ability and reliability of insurance
providers to fulfil promised benefits, such as risk protection and claim payouts, they
hesitate to invest in insurance policies (Cai et al., 2020). In many cases, policyhold-
ers may cancel their insurance policies when facing financial difficulties, despite the
long-term advantages of maintaining coverage (Kahneman and Tversky, 1979). This
behaviour is explained by prospect theory, which emphasises that people tend to focus
more on immediate losses than on future gains, leading them to make decisions that
aremisalignedwith their long-termfinancial interests (Hwang, 2016; Feng et al., 2020).

Existing research on insurance uptake in developing economies has focused on
direct interventions, such as subsidies or product design, often examining the effects
of initial exposure and observed outcomes on insurance demand (Hwang, 2016; Feng
et al., 2020). While valuable, previous research has not fully elucidated the underly-
ing behavioural mechanisms and their interactions that shape insurance decisions. A
key lacuna exists in moving beyond the mere identification of behavioural biases –
such as ambiguity aversion, myopia and distrust – to understanding their synergistic
and causal relationships. There is limited research that rigorously models how these
distinct biases might amplify or mitigate each other’s effects on insurance uptake. To
our knowledge, this is the first cross-continental study to model the synergistic effects
of ambiguity aversion, myopia and distrust on insurance uptake in developing coun-
tries. To our knowledge, this is the first cross-continental study to examine how the
behavioural constructs of ambiguity aversion, myopia and distrust are reflected in, and
shaped by, institutional and regulatory conditions associated with insurance uptake
in developing countries. We contribute to the literature by employing a configura-
tional (crisp-set Qualitative Comparative Analysis, csQCA) approach to uncover how
these behaviourally relevant institutional features combine differently across contexts
– a critical insight for designing targeted interventions. While behavioural research
in insurance markets is well established, configurational approaches remain rare. By
using csQCA, we provide a new lens for analysing complex, multi-causal environ-
ments typical of developing countries, showing howdiverse institutional pathwaysmay
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hinder or enable the preconditions necessary for insurance uptake.This approach offers
actionable insights for development policy and practice.

Excerpts fromQCAanalyses can provide a new lens to informdevelopment policies
and practices, especially in complex multi-causal environments in developing coun-
tries. csQCA analyses help identify the necessary combination of policies, institutions,
or social conditions for successful policy interventions, such as reducing poverty and
improving insurance uptake. By embracing contextualised policy solutions, csQCA
analyses align with Sustainable Development Goal (SDG)-driven development, which
avoids a one-size-fits-all approach. Second, the lack of broad-based comparative stud-
ies constrains the generalisability of existing behavioural insights. These studies would
account for variations in institutional frameworks and socioeconomic conditions
across various developing countries. Our research directly addresses this gap by devel-
oping a conceptual framework for the interplay between biases within institutional
frameworks and socioeconomic conditions, and by conducting a multi-continental
comparative analysis.

Insurance uptake in developing countries: current state and challenges
Due to behavioural and institutional constraints, insurance remains underutilised in
many developing countries despite its potential to support economic development.
Evidence shows that the structure and timing of premiumpayments significantly influ-
ence uptake. For example, in the agricultural sector, delayed or post-harvest premium
payments increase participation in insurance schemes (Casaburi and Willis, 2018;
Belissa et al., 2019; Liu et al., 2021). In contrast, health insurance enrolment tends to
decline when upfront costs are high or when incentives are weak. These patterns are
reflected in the high lapse rates reported across several emerging economies, where
insured individuals drop out due to affordability issues, mistrust or delays in bene-
fits. Consequently, high-lapse rates have been observed in developing countries across
Africa, Asia and the Americas. These patterns are evident in countries such as Nigeria
(15.7%), Kenya (12.3%), Zambia (17.2%) and Zimbabwe (19.8%) (Chanda and Phiri,
2019; Mugabe and Dube, 2020; Mwangi et al., 2020). In developing African countries,
lapse rates have been attributed to behavioural factors such as loss aversion, present
bias and status quo bias (Zulu and Dlamini, 2020).

While lapse rates are generally higher in African countries, parts of Asia present
a more nuanced picture. In Asia, developing countries exhibit lower insurance lapse
rates, with India reporting a lapse rate of 10.5%, Malaysia at 8%, and the Philippines at
12.4% (Santos and Mendoza, 2019). China, recognised as one of the fastest-developing
countries in Asia, recorded a 7% lapse rate. The lapse rates in developing Asian coun-
tries are marginally lower than those in Africa; however, they still highlight the issue
of low insurance uptake in these regions. In countries like the Philippines, individu-
als often display hyperbolic discounting – favouring immediate financial needs over
long-term coverage – especially during economic downturns (Abdullah and Ismail,
2020).

Countries in the Americas have also experienced high insurance-policy lapse rates.
As of 2021, Mexico reported a lapse rate of 9.3%, primarily due to inconsistent pre-
miumpayments.These developing countries across various continents highlight issues
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related to insurance lapse rates stemming frombehavioural barriers.While some coun-
tries emphasise trust issues – manifested as inconsistent premium payments – and
hyperbolic discounting (myopia), others identify loss aversion as a key factor influenc-
ing lapse rates. Given that insurance policies play a crucial role in promoting economic
growth and achieving the SDGs on poverty reduction (SDG 1) and good health and
well-being (SDG 3), it is important to address the issue of low insurance uptake in
developing countries. Tackling behavioural biases that affect insurance retention is
essential for market expansion, broader social protection and improved development
outcomes.

Literature review
Key theories and empirical evidence: conceptualising behavioural bias to
insurance uptake
Discussions on behavioural biases in insurance uptake have sparked important aca-
demic debates, highlighting the significance of ambiguity bias, myopia and distrust as
key factors in insurance adoption. The core ideas behind these behavioural influences
have developed through recent cross-country and country-specific research, focusing
on the ambiguity in insurance contracts and the uncertainty of claimoutcomes. Central
to this theoretical discussion are ambiguity aversion, hyperbolic discounting, prospect
theory and expected utility theory.

Ambiguity aversion and insurance uptake
Ambiguity aversion theory suggests that, even when the expected value is the same,
people tend to prefer choices with known probabilities (risky) over those with
unknown or unclear probabilities (Ali et al., 2021; Lambregts et al., 2021). This
study adopts a Multiple Priors Expected Utility (MEU) framework to model decision-
making under ambiguity (Gilboa and Schmeidler, 1989). In this model, individuals
evaluate decisions based on the worst-case expected utility across a set of subjective
beliefs:

𝜐 (f ) = minp∈P ∫ u (f ) dP (1)

Where 𝜐 (f )is the decision-maker’s utility, u (f )is the standard Von
Neumann–Morgenstern utility over outcomes, P is the set of subjective prior
distributions over outcomes and P ∈ P is one possible probability belief (reflecting
perceived ambiguity over outcomes). The MEU framework (equation 1) explains
how people manage uncertainty by focusing on the least favourable outcome across
all plausible beliefs (Gollier, 2014). The decision-maker evaluates insurance options
based on the worst-case expected utility, opting for the belief that reduces perceived
utility (Di Cagno and Grieco, 2023; Cecchi et al., 2024). This helps explain why people
may hesitate to purchase insurance due to distrust of insurance payouts and poorly
framed policies.

Individuals may also be less likely to purchase insurance when uncertainty about
losses affects demand (Bradley, 2016; Bi et al., 2025). They might prefer to save money
(self-insurance) to mitigate the impact of a financial loss – even if this approach is less
efficient than buying insurance – because they believe they have more control over the
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outcome (Snow, 2011; Zhang et al., 2024). Both insurers and policyholders are also sub-
ject to behavioural bias in the form of ambiguity aversion. Ambiguity aversion affects
the insurance market as insurers or policymakers may struggle to assess risks, while
potential buyers may demand higher premiums or avoid insurance altogether when
faced with uncertainty.

Given the uncertainty surrounding insurance uptake, research has examined the
role of behavioural factors in different countries. Studies emphasise that behavioural
biases play a key role in insurance uptake decisions, with ambiguity bias among the
most prominent. Previous research found that ambiguity aversion influences farmers’
willingness to participate in crop insurance programmes (Ali et al., 2021). The authors
revealed that insurance markets exist because individuals trade off production risks in
anticipation of indemnification, as the probabilities of occurrence under ambiguity are
unknown, unlike those of known probabilities. Belissa et al. (2019) similarly found that
greater ambiguity aversion delays the uptake of index-based insurance (IBI), whereas
greater risk aversion increases IBI adoption.

These findings indicate that ambiguity aversion intensifies overall risk aversion, cre-
ating a reinforcing effect. In contrast, other recent studies suggest that decision-makers
who are ambiguity-averse tend to buy more insurance than ambiguity-neutral indi-
viduals when aiming to maximise expected utility (Hong, 2022; Ndawula et al., 2024;
Obiki-Osafiele et al., 2023; Guan and Gong, 2024; Rapi et al., 2025). Given these mixed
results – and the fact that ambiguity aversion has not been widely examined as a causal
condition – this study explores it as a behavioural bias that interacts with other biases,
such as myopia, to jointly influence insurance adoption and explain variations across
different developing contexts.

Myopia and insurance uptake
Hyperbolic discounting is a theory that explains how individuals are likely to value
immediate rewards over delayed rewards.This theory states that individuals frequently
choose smaller rewards instead of larger ones, even though the delayed outcomes
are objectively better. Laibson (1997) introduced the quasi-hyperbolic discounting
model to capture this phenomenon.Thismodel incorporates present bias into standard
discounting utility:

U0 = u (c0) + 𝜷
T

∑
t=1

𝜹tu(ct) (2)

Where U0 is total utility, 𝛽 is the present bias parameter (where 0 < 𝛽 < 1), u.(ct)
is utility from consumption (ct) at time t, 𝛿t is the geometric standard discount factor
and T is the time horizon. This framework (Equation 2) explains why people often
intend to delay purchasing insurance, contributing to underinsurance. This behaviour
can lead individuals tomake decisions thatmay not be in their long-term best interests.
People tend to undervalue future rewards, with the discounting effect decreasing as
the time-frame approaches the present. The difference in perceived value between a
reward received in one week and one received in two weeks may be minimal; however,
the contrast between a reward obtained today and one received in one week can be
significantly greater.
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Early research on hyperbolic discounting (Barro, 1999; Luttmer and Mariotti, 2003;
Grenaider and Wang, 2007) demonstrated that individuals’ preference for immediate
rewards results in dynamically inconsistent preferences. Subsequent studies conducted
simulations on hyperbolic discounting and found that time-inconsistent individuals
exhibit a lower demand for life insurance (Marín-Solano and Navas, 2010; De Paz
Monfort, 2012). More recent research has extended hyperbolic discounting models to
account for multiple shifts in time preferences (Koo and Lim, 2021), emphasising the
significant influence of hyperbolic discounting on insurance decisions (Zhang et al.,
2021). However, these studies have paid less attention to the causal pathways leading
to insurance uptake, particularly those involving behavioural factors such as myopia
(hyperbolic discounting). This study addresses this gap by exploring the equifinal-
ity of insurance uptake to determine whether myopia is an important and necessary
condition driving the path to insurance acquisition.

Distrust and insurance uptake
Distrust in insurance providers can stem from past experiences in failed claim settle-
ments, lack of transparency and perceived unfair treatment. This occurrence exacer-
bates the effects of prospect theory on insurance uptake. People may not see the need
to purchase insurance due to mistrust, causing them to avoid taking it. Prospect the-
ory emphasises that people are more sensitive to losses than gains, leading them to
suboptimal decisions about insurance policies. This assumption is defined as:

U (x) = { xa, if x ⩾ 0 (for gains)
−𝝀(−x)𝜷, if x < 0 (for losses)

(3)

The value function in Prospect Theory is defined as piecewise for gains and losses.
In terms of gains,the function is U = x𝛼, where 0 < 𝛼 < 1. For losses, the func-
tion is U(x) = −𝜆(−x)𝛽 , where 0 < 𝛽 < 1 and 𝜆 > 1. The Prospect Theory
value function models human decision-making under risk by incorporating dimin-
ishing sensitivity (through α and β) and loss aversion (through λ). These parameters
explain why individuals are more sensitive to losses than to equivalent gains and why
they value additional gains or losses less as the amount increases. Regarding premiums,
even a small premium feels larger than a significant but uncertain gain. Kahneman and
Tversky (1979) also introduced the concept of probability weighting, where individuals
tend to overweight small probabilities of losses and underweight small probabilities of
gains.

Studies have found that despite the benefits of insurance for developing countries,
insurance uptake remains low due to distrust in insurance policies (Cheston et al.,
2014). A series of experiments has been conducted to examine the effect of trust on
insurance adoption. These experiments were divided into two groups. The first group
tested whether individuals’ time preferences for payments depended on their trust
in the insurer (Alary et al., 2013; Koo and Lim, 2021). The second group examined
whether people’s reluctance to purchase insurance would change if it were offered by
a trusted provider (Cai et al., 2020; Baillon et al., 2022). The first group of studies
suggests that individuals’ willingness to delay payment or pay on time depends on
their trust in the insurance provider. Findings from the second group highlight that
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offering insurance through trusted sources may increase uptake and that familiarity
plays a key role in identifying the most trusted organisations. These studies primar-
ily draw inferences from experimental and conceptual literature, often giving limited
attention to the causal pathways throughwhich behavioural factors, such as trust, influ-
ence insurance uptake.While experiments provide valuable insights through inductive
reasoning, they may not fully capture the broader implications of behavioural biases
in real-world contexts. Moreover, even when the effects of behavioural biases are
acknowledged, a critical question remains unanswered: Which specific combination
of conditions should be addressed to improve insurance uptake effectively? This study
aims to explore trust as one of the key conditions influencing insurance adoption.

Conceptual diagram showing the pathways to insurance uptake
These theoretical postulations are displayed using a conceptual diagram (Figure 1).
The diagram illustrates the behavioural mechanisms that influence insurance uptake.
This diagram shows that these three biases –myopia, ambiguity aversion and distrust –
determine insurance outcomes. Their underlying mechanisms, perceived uncertainty
and short-term bias lead to perceived premium loss, amplifying the perceived pre-
mium loss. Probability weighting amplifies prospect theory bias. These biases jointly
lead to underestimating insurance benefits and low uptake, demonstrating their syn-
ergistic relationship in determining insurance uptake. In contrast, myopia can weaken
motivation to invest in insurance that offers long-term benefits. Our framework, utilis-
ing these theories – multiple prior expected utility theory, hyperbolic discounting and
prospect theory – posits that individuals are unlikely to demand insurance when these
biases coincide. Drawing from these theoretical and empirical standpoints, this study
seeks to answer three questions.

RQ1: How do myopia, ambiguity aversion and distrust interact to influence insurance
uptake in developing countries?

RQ2: To what extent do these behavioural biases operate differently across income and
institutional contexts?

RQ3: What are the implications of these interactions for advancing financial inclusion
and poverty reduction in line with the SDGs?

By examining behavioural biases within the debates in broader development eco-
nomics on poverty and social protection, this study bridges micro-level decision-
making with macro-level development outcomes.

Data and methodology
The data used in this study were obtained from the 2022 Global Financial Inclusion
and Consumer Protection (FICP) Survey Respondent Data, which included responses
from different countries. It includes country-level information on consumer protec-
tion, financial sector regulation and financial capacity projects, with structured data
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Figure 1. Conceptual path to insurance uptake.
Author’s construct (2025)

coded as 1 for positive responses and 0 for negative responses. Our sample includes 40
developing countries fromAfrica, Asia, the Americas and Central and Eastern Europe.

Crisp-set Qualitative Comparative Analysis
This study adopts csQCA to explore the complex causal links between behavioural
biases and insurance uptake. csQCA provides advantages over regression analysis
in explaining complex causal relationships with limited cases. csQCA uses binary
coding for variables and outcomes to achieve a synthesis of case-oriented and variable-
oriented approaches. It assumes binary outcomes and causal causes, with membership
in each explicitly stated. The csQCA recognises that both the presence and absence of
conditions are significant for outcomes. It simplifies complexity using a truth table and
tackles the constraints of other methodologies, such as correlation and regression
analysis, without replacing them. Its main advantages are the capacity to perform con-
figuration analysis to explain binary logic, handle equifinality (many pathways to the
outcome) and elucidate causal complexity. It helps deliver in-depth analysis and offers
strong contextual insights.

It is important to acknowledge that the behavioural phenomena of interest (e.g.,
ambiguity, trust, myopia) are inherently continuous. The available data in this study,
however, are limited to binary survey indicators representing the presence or absence
of regulatory and administrative conditions. As a result, csQCAwith crisp sets bypasses
the need for latent construct calibration. Despite this limitation, binary coding is justi-
fied in this context because each condition represents a clearly observable institutional
or regulatory permission, such as whether a commercial bank is authorised to offer
a specific insurance product and under which supervisory framework. These permis-
sions form the configurational environments necessary for insurance distribution, even
if they do not directly measure individual behavioural uptake.

Measurement logic for behavioural constructs
This study examines how institutional and regulatory features shape environments that
are more or less conducive to mitigating three behavioural frictions – myopia, dis-
trust and ambiguity aversion – known to influence insurance decisions in developing
countries. Because the FICP dataset does not directly capture psychological states, each
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construct is operationalised using second-best institutional proxies. These indicators
do not measure behaviour per se; instead, they signal the extent to which a country’s
regulatory architecture enables or constrains behavioural tendencies relevant to insur-
ance uptake. Below, we clarify the behavioural construct, the rationale for each proxy
and its limitations.

Myopia (present bias) refers to the tendency to overweight short-term costs rel-
ative to long-term benefits, leading consumers to underinvest in insurance products
that pay off in the future. It is proxied through pre-contractual engagement (PCS) and
limitations on early repayment penalties (LERP). Although these items do not directly
measure time preference, they represent regulatory practices that reduce short-term
decision frictions by improving disclosure and flexibility – thus moderating present-
bias-driven lapses. The direction of effect assumes that better disclosure/contract
flexibility reduces short-term bias – this is plausible but indirect.

Trust is proxied via transparent pricing (TPC) and deposit insurance coverage
(DIC). While TPC is an internal control item and DIC refers to banking protection,
both serve as institutional signals of fairness, credibility and safety, factors widely
shown to influence trust in financial products. TPC signals organisational account-
ability and fairness procedures, which can increase institutional credibility even if it
is not a direct price-disclosure rule. DIC is not an insurance-specific mechanism but
provides a broader signal of financial system safety that can spill over into consumers’
expectations for related financial services, including insurance.

Ambiguity aversion refers to the reluctance to engage with products when key con-
tract terms or risk exposures are unclear or difficult to assess. It is proxied through
product suitability and design (PSD). Although PSD originates from governance pro-
cesses, it captures whether consumers are exposed to unclear ormismatched insurance
terms and conditions known to heighten perceived ambiguity. PSD reduces contrac-
tual and product uncertainty, helping consumers better understand what insurance
covers and how it functions. Even though PSD reflects governance/internal processes,
it signals whether products are likely to be clear, appropriate and not overly complex –
conditions that can soften ambiguity aversion.

Insurance uptake is captured using distributed insurance. Although the term
‘uptake’ is traditionally used to describe realised household adoption (e.g., penetration,
enrolment, renewal), the data available in the FICP survey do not include behavioural
adoption measures. Our outcome variable – Distributed Insurance (DI) – captures
whether countries permit or enable distributed channels such asmobile, agent-assisted,
or embedded mechanisms. This study conceptualises insurance adoption in develop-
ing countries as an institutional process in which regulatory permission is required
but insufficient prerequisite for subsequent household uptake. As a result, the outcome
under consideration in this study is not actual household insurance uptake but rather
the availability of regulatory and institutional configurations that permit or limit the
legal authorisation and distribution of insurance products. This emphasis reflects both
the institutional structure of the accessible data and the logic of configurational analy-
sis, which is designed to discover combinations of variables that result in regulatory
authorisation as a distinct outcome. By analytically separating regulatory enable-
ment from downstream behavioural uptake, the study avoids conflating institutional
gatekeeping with individual demand while still making a direct contribution to the
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broader literature on insurance adoption by identifying the structural preconditions
for uptake.

Together, these proxies capture the regulatory environment’s capacity to mitigate
behavioural frictions, rather than the behavioural constructs themselves. All inter-
pretations in the ‘Results and discussion’ section, therefore, refer to how institutional
arrangements enable or constrain behavioural tendencies, not to psychological states
observed at the household level. The full coding of all conditions and outcomes for
each country is provided in Appendix B (Table B1), while the behavioural constructs
and proxy logic are presented in Table 1.

Socioeconomic and institutional classification of the sample developing
economies
To examine the socioeconomic and institutional variations among 40 developing
countries, we use two measures: income groups and levels of corruption control
(see Table 2). We classify these countries into low-income, lower-middle-income,
upper-middle-income and high-income groups, as defined by the World Bank Income
Group (2024).

Based on institutional differences, countries are further categorised according
to their control of corruption percentiles (World Governance Indicators, 2023).
The groupings reveal that most countries exhibit very weak control of corruption.
Additionally, most of the developing countries in the sample fall within the lower-
middle- and upper-middle-income categories.These classifications are descriptive and
highlight structural and institutional patterns that influence how insurance markets
operate across different economies. Percentile ranges for control of corruption have
been standardised (see Table 2). Categories with fewer than four cases (n ≤ 4) are
flagged as small-n groups as limited membership may exaggerate apparent patterns.

Distinguishing countries by socioeconomic class helps clarify why nations with dif-
ferent income levels exhibit distinct characteristics, behaviours and insurance needs.
Comparing developing countries based on their ability to curb corruption provides
insights into their capacity to address unethical practices in insurance markets, such
as delayed settlements, policy cancellations and unauthorised deductions. This socioe-
conomic and institutional comparison can reveal unique challenges and opportunities
for insurance sector growth.

Results and discussion section
Pre-estimation analysis: comparative descriptive analysis
Table 3 presents the prevalence of DI by income group and control of corruption
(Panel B). Low-income countries exhibit 67% DI presence, lower-income countries
show 67% DI presence and upper-middle-income countries indicate 77% DI presence.
These countries vary slightly in DI prevalence (SD = 0.47, SD = 0.42, SD = 0.45). The
standard deviation is lowest in higher-income countries, indicating greater consistency
within the income group.

Across governance levels, countries with high corruption control capacity are the
fewest among developing countries, with only two countries showing the presence,
while the others show the absence of DI (DI = 1, DI = 0). Countries with very weak
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Table 1. Condition definitions, behavioural constructs and proxy logic

Condition Full name

Behavioural con-
struct (Institutional
correlate)

Proxy logic (Why
used)

Threats/Construct
contamination Direction of effect Country illustration

PCS Pre-contractual stage Myopia/Present bias
(Institutional
mitigation)

Captures regulatory
requirements on
disclosure, pre-sale
documents and
cooling-off periods
that structure
decision
environments and
mitigate the effects of
present bias at the
point of choice.

Measures regulatory
transparency and
consumer protection
rather than individual
time preferences.

Positive: Stronger PCS
→ higher likelihood of
DI = 1, as regulators
permit distribution
where decision
environments are
standardised and
safeguarded.

Malaysia, Mauritius:
simplified key-facts
statements and
cooling-off periods

LERP Limitations on early
repayment penalties

Ambiguity aversion
(Contractual
uncertainty
reduction)

Rules limiting
punitive exit
conditions reduce
contractual ambiguity
and uncertainty
associated with
long-term financial
commitments.

Reflects contract
fairness and legal
clarity rather than
subjective ambiguity
perception.

Positive: Stronger LER
→ higher likelihood of
DI = 1; clear exit rules
increase regulatory
confidence in
distribution.

South Africa, India:
explicit
early-termination
disclosures

(Continued)
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Table 1. (Continued.)

Condition Full name

Behavioural con-
struct (Institutional
correlate)

Proxy logic (Why
used)

Threats/Construct
contamination Direction of effect Country illustration

PSD Product suitability
and design
requirements

Ambiguity aversion
(Product-level risk
clarification)

Captures regulatory
requirements for
product design and
suitability that clarify
coverage, exclusions
and risk exposure,
thereby reducing
ambiguity
surrounding
insurance products.

Regulatory safeguard
rather than a direct
measure of consumer
cognition.

Positive: Stronger PSD
→ higher likelihood of
DI = 1; well-specified
products support
regulatory permission
for distribution.

Rwanda, Malaysia:
clearly defined
product features and
risk disclosures

TPC Transparent pricing
conditions

Choice
complexity/pricing
ambiguity
(Institutional
transparency)

Captures rules
requiring clear
premium disclosure,
fee transparency and
restrictions on hidden
costs, reducing
pricing ambiguity at
the institutional level.

Measures regulatory
clarity rather than
individual cognitive
processing.

Positive: Higher TPC
→ higher likelihood of
DI = 1; transparent
pricing lowers
regulatory
uncertainty.

Brazil, Ghana:
detailed premium
disclosure
requirements

DIC Deposit insurance
coverage/Guarantee
schemes

Institutional
trust/System
reliability

Signals a credible and
stable financial
environment that
supports confidence
in formal financial
institutions.

Not
insurance-specific;
may reflect broader
financial system
strength.

Positive: Higher DIC
→ higher likelihood of
DI = 1; systemic trust
increases regulators’
willingness to permit
distribution.

Mauritius, Vietnam:
broad deposit
insurance coverage
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Table 2. Socioeconomic and institutional variations

S/N Country
Income group
(2024)

Control
of cor-
ruption
(2022)

Standardised
range Interpretation

1 Albania Upper-middle 26.89 0–29.99 Very weak
control

2 Armenia Upper-middle 47.64 30–49.99 Weak control

3 Bangladesh Lower-middle 10.95 0–29.99 Very weak
control

4 Bosnia Upper-middle 19.34 0–29.99 Very weak
control

5 Bolivia Upper-middle 12.74 0–29.99 Very weak
control

6 Brazil Upper-middle 21.70 0–29.99 Very weak
control

7 Cambodia Lower-middle 4.25 0–29.99 Very weak
control

8 Dominican
Rep.

Upper-middle 25.00 0–29.99 Very weak
control

9 Ecuador Upper-middle 20.28 0–29.99 Very weak
control

10 Ethiopia Low income 37.74 30–49.99 Weak control

11 El Salvador Upper-middle 20.28 0–29.99 Very weak
control

12 Fiji Upper-middle 51.89 50–59.99 Moderate
control

13 Ghana Lower-middle 42.92 30–49.99 Weak control

14 India Lower-middle 32.08 30–49.99 Weak control

15 Indonesia Lower-middle 26.89 0–29.99 Very weak
control

16 Kenya Lower-middle 17.92 0–29.99 Very weak
control

17 Lebanon Upper-middle 6.13 0–29.99 Very weak
control

18 Lesotho Lower-middle 26.89 0–29.99 Very weak
control

19 Malaysia Upper-middle 54.72 50–59.99 Moderate
control

21 Morocco Lower-middle 33.02 30–49.99 Weak control

22 Maldives Upper-middle 21.70 0–29.99 Very weak
control

23 Moldova Upper-middle 30.19 30–49.99 Weak control

24 Mauritius Upper-middle 58.49 50–59.99 Moderate
control

(Continued)
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Table 2. (Continued.)

S/N Country
Income group
(2024)

Control
of cor-
ruption
(2022)

Standardised
range Interpretation

25 Mozambique Low income 15.09 0–29.99 Very weak
control

26 Namibia Upper-middle 52.83 50–59.99 Moderate
control

27 Nigeria Lower-middle 6.60 0–29.99 Very weak
control

28 Panama Upper-middle 20.28 0–29.99 Very weak
control

29 Pakistan Lower-middle 16.04 0–29.99 Very weak
control

30 Paraguay Upper-middle 6.60 0–29.99 Very weak
control

31 Peru Upper-middle 15.57 0–29.99 Very weak
control

32 Philippines Lower-middle 23.58 0–29.99 Very weak
control

33 Rwanda Low income 62.26 ≥2. High control

34 Serbia Upper-middle 25.00 0–29.99 Very weak
control

35 Seychelles Upper-middle 83.96 ≥3. High control

36 South Africa Upper-middle 30.66 30—-49.99 Weak control

37 Sri Lanka Lower-middle 26.89 0–29.99 Very weak
control

38 Tunisia Lower-middle 32.55 30–49.99 Weak control

39 Vietnam Lower-middle 33.49 30–49.99 Weak control

40 Zambia Lower-middle 24.53 0–29.99 Very weak
control

Note: Control of corruption is measured using the World Governance Indicators percentile rank (0–100). Thresholds are
defined to reflect meaningful institutional quality groupings rather than equal-width statistical intervals. Scores below 30
indicate very weak control of corruption, 30–49.99 reflect weak institutional control, 50–59.99 represent moderate control
and scores of 60 and above denote high control of corruption. This asymmetric categorisation captures the non-linear
distribution of governance quality across developing economies.

control of corruption have the highest number of countries with 73% of DI presence
and the highest variation (SD = 0.37–0.44). There are four countries with moder-
ate control of corruption, and all four have DI regulatory prevalence (D1 = 100%)
and no variation (SD = 0.00). However, the countries with the highest variation
(SD = 0.53) have the lowest DI presence, with 5 out of 9 having institutional permis-
sions. Notwithstanding, across all developing countries, the majority have DI.

Initial condition screening: necessity analysis
Necessity analysis is a fundamental component of QCA that identifies conditions
necessary for an outcome to occur. This analysis examines the relationship between
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Table 3. Distributed insurance

Groups DI = 1 DI = 0 Total % DI = 1 SD (DI)

Income group

Low income 2 1 3 67 0.47

Lower-middle income 10 4 14 71 0.45

Upper-middle income 17 5 22 77 0.42

Control of corruption

Very weak 19 7 26 73 0.44

Weak 5 1 6 83 0.37

Moderate 4 0 4 100 0.00

High 1 1 2 50 0.50

Note: SD stands for standard deviation

X and Y, determining whether X (the explanatory variable, also known as the condi-
tion) is necessary to explain Y. A condition X is considered necessary for an outcome
Y if the consistency score is 0.90 or higher (X⊃Y), indicating that the outcome
rarely occurs in the absence of the condition. A condition is considered sufficient if
its consistency score is 0.80 or higher than 0.80 (X⊂Y), highlighting that the out-
come usually occurs in the presence of the condition. We assess the relationship
between transparent pricing, the PCS, deposit insurance coverage and limitations on
early repayment penalties as necessary conditions for insurance uptake in developing
countries.

The results of the necessity analysis are presented in both tabular form (Table 4)
and graphically (Figures 2–6), where the condition (X) is plotted against the outcome
variable (Y), showing countries with the outcome (1) and without it (0). TPC is highly
consistent with DI: in almost all cases where TPC was present, DI was also present. It
can be regarded as a near-necessary condition. TPC accounts for a large proportion of
DI occurrences (78%). PSD is highly consistent with DI, appearing frequently when
DI = 1, with a coverage of 82%. DIC is moderately necessary, present in 84% of cases
when DI = 1. Its coverage suggests that it explains a substantial proportion of DI cases
(78%). LERP is not strongly necessary; it is present in only 58% of DI = 1 cases, with
a coverage of 71%. It is weak as a necessity. PCS is below 75% acceptable consistency,
with 79% of cases covered (DI = 1), so it is not strictly necessary, but it does contribute
meaningfully.

We visualise the set-theoretic relationship between the condition and the out-
come using an XY-plot to identify the specific cases for which this relationship holds
(see Figures 2–6).These plots were generated using the TOSMANA software, as shown
in Figures 3–7. In these plots, the data points cluster in the four corners (top left: 0,1; top
right: 1,1; bottom left: 0,0; bottom right: 1,0).1 For a condition to be necessary, most
cases in which the outcome is present (Y = 1) must also have the condition present

1Top left: Condition 0, Outcome 1. Top right: Condition 1, Outcome 1. Bottom left: Condition 0, Outcome
0. Bottom right: Condition 1, Outcome 0
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Table 4. Necessity analysis

Outcome variable: DI (distributed insurance)

Conditions Consistency Coverage

TPC 0.961538 0.781250

PSD 0.884615 0.821429

DIC 0.838710 0.787879

LERP 0.576923 0.714286

PCS 0.730769 0.791667

Source: Author’s computation (2025).

Figure 2. X (transparent pricing) and Y (distributed insurance). Consistency: 0.96, Coverage: 0.78.

(X = 1), as shown in the top-right corner. The visualisation aids in mapping each case
to determine whether a condition is necessary for the outcome.

However, there are variations in consistency, as TPC and DIC are highly consis-
tent in some countries but not in others. The Maldives is the only outlier in terms of
coverage (TPC = 0, DI = 1), making it a deviant case. Even in conditions with high
consistency, such as DIC and PCS, there are numerous typical examples (e.g., Bolivia
and Cambodia), suggesting that, while essential, their consistency is more context-
dependent. Some of these countries are deviant cases, showing the presence of the
outcome but the absence of the necessary condition (see Figures 2, 3, 4 and 6). In
the Maldives, the narrative rationale for deviance is likely linked to inefficiencies in
dual insurance, whereas in countries such as Brazil and India, which appear in the XY-
plots as illustrative cases exhibiting partial or context-specific deviations, companies
still experience data limitations, use complex language that obscures pricing details,
and face regulatory implementation challenges. The necessity deviance mapping is
presented in Table 5.
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Figure 3. X (pre-contractual stage) and Y (distributed insurance). Con:0.73 Cov:0.79. (a) In the necessity
analysis diagram, Conmeans consistency, while Cov means coverage.

Graphical presentation of the necessity analysis
Main results: comparative csQCA of co-occurring regulatory permissions
This section employs a truth table (see Table 6) to analyse combinations of conditions
that lead to insurance regulatory permissions in developing countries. Based on exist-
ing research, we set the consistency threshold at 0.8 and the case frequency threshold
at 2. Configurations with consistency scores of 0.9 or higher are considered consis-
tent, while those with scores between 0.8 and 0.89 are regarded as sufficient. According
to Ragin (2008) and Schneider and Wagemann (2010), values of 0.75–0.79 represent
moderate consistency, 0.80–0.89 represent high consistency and values of≥0.90 repre-
sent very high consistency, while 1 represents perfect consistency. Table 3 presents the
truth table results for all socioeconomic and institutional groups, and Figure 7 displays
a Venn diagram for visual analysis.

CaseID: 00111
Lower-middle and upper-middle; mostly very weak institutions: Kenya, Paraguay
and El Salvador
Kenya, El Salvador and Paraguay exhibit perfect consistency in distributed insurance,
demonstrating how the presence of PSD, TPC and DIC is associated with distributed
insurance in the absence of PCS and LERP (see Table 4). In weak-governance contexts,
trust-enhancing rules, such as TPC and DIC, along with clearer product design, such
as PSD, reduce perceived ambiguity and bolster confidence in the market architecture.
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Figure 4. X (limitations on early repayment penalties) and Y (distributed insurance). Con:0.57 Cov:0.71.

Several studies support the idea that clarity of information regarding product designs,
credibility and transparency ismore important thanmacro-governance in specific con-
texts. For example, Giné et al. (2008) find that contract clarity and institutional trust
significantly influence insurance participation in developing countries. Similarly, Cole
et al. (2013) demonstrate that trust in providers and an understanding of contracts are
crucial factors in contexts where formal institutions are weak. Cai et al. (2015) also
argue that improved contract design and credibility mechanisms increase insurance
demand in low-trust settings. Dercon et al. (2014) suggest that institutional credibility
and rule clarity serve as substitutes for weak enforcement environments in insurance
markets.

These studies suggest that in lower-middle-income environments, poor foresight
at sign-up can be mitigated provided premiums are tailored to remain cheap for
low-income earners and payment mechanisms are properly described. Aligning goods
with the demands of various socioeconomic strata also improves insurance distri-
bution. Simplifying product architecture, clarifying cost adjustments and ensuring
transparency remain critical strategies for sustaining distribution permissions.

CaseID: 10111
Lower and upper middle income; mostly weak/very weak institutions; Armenia,
Fiji, Sri Lanka, Philippines and South Africa, Zambia
The presence of PCS, PSD, TPC and DIC is associated with distributed insurance
even in the absence of LERP (row code = 10111). Although this combination shows
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Figure 5. X (product suitability and design) and Y (Distributed Insurance). Con:0.88 Cov:0.82.
Note: Crisp-set necessity was computed using TOSMANA software. High coverage scores for conditions like DIC and
PCS indicate that while they may not be strictly necessary (consistency< 0.90), they are present in a vast majority of
successful cases, signalling they are core components of the regulatory architecture even if occasional deviant cases
exist.

high consistency, 50% of its cases are from upper-middle-income countries, such as
South Africa, Fiji and Armenia, while the other 50% are from lower-middle-income
countries, including Zambia, Sri Lanka and the Philippines, with only one country,
Fiji, exhibiting moderate control of corruption. This shows that PCS serves as an
institutional mechanism that reduces short-term decision-making frictions typically
associated with myopia in weakly or moderately institutionally developed countries,
irrespective of their income status. When combined with trust-building protections
(TPC, DIC), this institutional combination provides clarity and predictability, allow-
ing distribution permits to be more consistent with long-term benefit environments.
This outcome corroborates Guan and Gong’s (2024) discovery that trust is positively
linked to the completion of financial contracts, increasing stock market involvement
and insurance acquisition. Trust minimises temporal discounting and short-term bias,
allowing for better informed decisions (Jachimowicz et al., 2017). Transparency and
trust can significantly improve investor confidence and decision quality.

CaseID:11111
Seventeen countries, mixed income, mostly weak institutions
This group of countries sharing the same combination of conditions shows that, across
diverse socio-economic and institutional environments, PCS, LERP, DIC, TPC and
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Figure 6. X (Deposit Insurance Coverage) and Y (Distributed Insurance). Con:0.83 Cov:0.78.
Note: Crisp-set necessity was computed using TOSMANA software. High coverage scores for conditions like DIC and
PCS indicate that while they may not be strictly necessary (consistency< 0.90), they are present in a vast majority of
successful cases, signalling they are core components of the regulatory architecture even if occasional deviant cases
exist.

PSD are sufficient to produce distributed insurance. These institutional conditions
simultaneously strengthen disclosure, flexibility, product clarity and credibility. While
not directmeasures of behaviour, this combination forms an institutional environment
that reduces typical behavioural frictions – myopia, distrust and ambiguity – thereby
supporting the regulatory conditions under which distributed channels are authorised.

Although these cases involve countries in Africa, Asia and Europe, they share a
common set of conditions that lead to distributed insurance, as 88% of these 17 coun-
tries exhibit it. This pattern suggests that regional differences, economic structure,
income levels and institutional standing do not preclude the emergence of distributed
insurance when a structured pricing system and product suitability are in place.

CaseID: 11011
Mixed income with very weak institutions: Ecuador, Morocco and Rwanda
In this group, the combination of conditions is consistently associated with distributed
insurance among two upper-middle-income countries and one lower-middle-income
country, with two having very weak control over corruption (Ecuador and Morocco)
and one having firm control of corruption. In this category, the presence of PCS, LERP,
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Table 5. Necessity deviance mapping (DI = 1 cases where Condition is 0)

CON Figure Deviant cases (Code: 0, 1) Narrative rationale

TPC Fig. 2 Maldives True Deviance: Unique regula-
tory path in the Maldives that
bypassed TPC.

PCS Fig. 3 Bolivia, Cambodia, India, Kenya,
Maldives, Paraguay, El Salvador

Measurement Error: The binary
coding of PCSmay fail to capture
informal credit systems that
function similarly to PCS in these
specific nations.

LERP Fig. 4 None Measurement Error: Potential
lag between the passing of LERP
laws and their inclusion in the 0/1
dataset.

PSD Fig. 5 Cambodia, Morocco, Moldova,
Rwanda

True Deviance: These countries
utilise a state-led model where
PSD is not a prerequisite for DI.

DIC Fig. 6 Bolivia, Brazil, Cambodia, the
Maldives, Pakistan

True Deviance: Large economies
(like Brazil/India) often have
structural redundancies that
allow DI to exist without a formal
DIC condition.

Note: CON stands for conditions.

TPC andDIC enables distributed insurance evenwhen PSD is absent. Although PSD is
absent, governance quality in countries like Rwanda functions as a substitute, reducing
perceived ambiguity. In countries with weaker governance, disclosure and trust cues
still contribute to an institutional environment that offsets behavioural frictions, even
when a single ambiguity-reducing safeguard is missing. Even where certain theoreti-
cal expectations regarding PSD and LERP were not met in this specific configuration,
which highlights that the presence or absence of these conditions interacts with others
in ways that traditional linear logic may overlook. In simple terms, it shows that while
some conditions are precisely what is expected, the overall requirements for encour-
aging distributed insurance are more diverse and complex than what the theories
suggest.

Furthermore, within this group, the consistency of the identified condition com-
binations is 66%, which falls below the minimum threshold typically required for
acceptable consistency inQCAanalysis.The combination of conditions held across two
countries –Morocco and Rwanda – indicating that additional conditions or contextual
factors may be necessary to account for distributed insurance fully.

CaseID: 11110
Upper-middle-income countries with very weak institutions: Brazil and
Panama
This group is composed of countries with the same income and institutional level; the
outcome is present in 1 and absent in the other (Brazil 1; Panama 0). These contextual
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Table 6. Truth table analysis

CaseID PCS LER PSD TPC DIC DI raw consists. PRI consist. SYM consist Codes

Kenya, Paraguay, El Salvador 0 0 1 1 1 1 1 1 1 00111

Armenia (1), Fiji (1), Sri Lanka
(0), Philippines (1), South Africa
(1), Zambia (1)

1 0 1 1 1 1 0.83 0.83 0.83 10111

Albania (1), Bangladesh (1),
Bosnia (1), Ghana (0), Indonesia
(1), Lebanon (1), Lesotho (1),
Mexico (1), Mozambique (1),
Mauritius (1), Malaysia (1),
Namibia (0), Nigeria (0), Peru
(1), Serbia (1), Tunisia (1),
Vietnam (1)

1 1 1 1 1 1 0.82 0.82 0.82 11111

Ecuador (0), Morocco (1),
Rwanda (1)

1 1 0 1 1 1 0.66 0.66 0.66 11011

Brazil (1), Panama (0) 1 1 1 1 0 1 0.5 0.5 0.5 11110

Ethiopia (0), India (1) 0 1 1 1 1 0 0.5 0.5 0.5 01111

Note: Contradictory configurations (where identical institutional conditions lead to different regulatory outcomes) were handled by applying a consistency threshold of 0.80 during Boolean
minimisation, ensuring that only robustly supported pathways are included in the final solution.
Author’s Construct (2026).
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differences highlight within-case configuration heterogeneity, with 50% consistency,
which does not meet the minimum threshold established by Ragin (2008).

CaseID: 01111
Low-middle-income and lower-middle-income with very weak institutions:
Ethiopia and India
There are just two cases in this group, resulting in 50% consistency. 1 exhibits a
contradiction to the other in terms of the outcome, with 1, indicating the presence
of distributed insurance and the other indicating its absence. This just highlights
the economic heterogeneity within both countries, even though they share similar
institutional dynamics (weak control over corruption).

Contextual comparison by income level and institutional strength
While the csQCA results identified minimised solution terms associated with dis-
tributed insurance, examining how observed configurations cluster across income
groups and levels of institutional quality is important for contextual clarity. This sec-
tion, therefore, undertakes a contextual comparison of countries grouped by their
income status and control of corruption.This comparison is drawn from the truth-table
analysis (see Table 7).

Cross-group Boolean minimisation
To eliminate redundant solutions – where the presence or absence of a condition
does not alter the outcome – a Boolean minimisation was conducted. This logical
reduction simplified all six configurations. Boolean minimisation = (∼ PCS ∩ ∼
LERP ∩ PSD ∩ TPC ∩ DIC)∪(PCS ∩ ∼ LERP ∩ PSD ∩ TPC ∩ ∼ DIC) ∪
(PCS ∩ LERP ∩ PSD ∩ TPC ∩ DIC) ∪ ( PCS ∩ LERP ∩ ∼ PSD ∩ TPC ∩ DIC) ∪
( PCS ∩ LERP ∩ PSD ∩ TPC∩ ∼ DIC) ∪ (PCS ∩ LERP ∩ PSD ∩ TPC ∩ DIC). From
the Boolean minimisation, TPC and PSD (five out of the six configurations) are
consistently present, suggesting they are important contributors to institutional set-
tings that reduce behavioural frictions, although no single requirement is necessarily
required in all circumstances.Theminimised Boolean solutions identify combinations
of conditions sufficient to support distributed insurance across income groups, without
implying actual household adoption.

To eliminate redundant solutions – where the presence or absence of a condition
does not alter the outcome – a Boolean minimisation was conducted. This logical
reduction simplified all six configurations. Among the six configurations produc-
ing distributed insurance, one (00111) shows perfect consistency, while two (10111
and 11111) show high consistency, indicating a strong alignment between institu-
tional conditions and regulatory authorisation regarding permissions for distributed
insurance.

Visual representation
The truth table analysis is illustrated in a Venn diagram (Karnaughmap) with 32 zones,
25 of which represent specific conditions (see Figure 7). Green zones mark consistent
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Table 7. Comparison by income and institutional status

Income group
Countries
(Examples)

Observed institutional
strength

What is similar
across cases

What is not similar/key
differences

Interpretive note
(Descriptive, non-causal)

Upper-middle
income

Brazil, Panama,
Paraguay, El Salvador,
Mexico, Peru, Armenia,
South Africa, Fiji,
Malaysia, Mauritius,
Namibia

Very weak to mod-
erate control of
corruption

Distributed insurance
channels are regulato-
rily permitted across all
cases; trust-enhancing
safeguards (TPC, DIC),
product clarity (PSD),
disclosure (PCS) and
learning rules (LER)
frequently appear; insti-
tutional design can
substitute for weaker
macro-governance,
potentially mitigating
behavioural frictions

Brazil and Panama show
opposite regulatory out-
comes despite similar
classifications; upper-
middle-income countries
with weak institutions
differ from those with
moderate control in terms
of stability and clarity of
safeguards.

Regulatory conditions can
influence environments that
reduce behavioural frictions.
However, institutional strength
does not fully determine the
distribution of insurance; het-
erogeneity underscores the
need for balanced safeguards

Lower-middle
income

Kenya, Indonesia,
Nigeria, Pakistan,
Paraguay, Morocco,
Ghana, India, Vietnam,
Tunisia, Armenia, Fiji,
Sri Lanka, Philippines,
South Africa, Zambia

Very weak to
weak control of
corruption

Regulatory authorisation
is possible even in weakly
institutionally controlled
environments where
transparency, trust cues,
product suitability and
disclosure mechanisms
are present; safeguards
help reduce potential
myopia and ambiguity.

Some countries achieve
regulatory presence with-
out PCS, while others
require it; PSD and LERP
are uneven; inconsis-
tencies in institutional
quality and control
of corruption create
heterogeneity.

Institutional and regulatory
design features can mitigate
behavioural frictions, but
outcomes remain highly sen-
sitive to the combination of
safeguards and contextual
factors.

Low Income Rwanda, Ethiopia,
Mozambique

Weak to high
control of
corruption

Institutional credibil-
ity, disclosure and trust
mechanisms are central
to regulatory environ-
ments that support
informed decision-
making; safeguards help
offset income limitations.

Rwanda shows regulatory
presence, while Ethiopia
does not; the high varia-
tion reflects differences
in institutional qual-
ity despite their shared
income group.

Low income does not preclude
the presence of regulatory con-
ditions that reduce behavioural
frictions; within-group hetero-
geneity is high; exceptional
cases like Rwanda (high con-
trol) highlight how institutional
strength interacts with income
to shape regulatory outcomes.
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Figure 7. Venn diagram corresponding to Table 2 (32 conditions). Venn diagram produced by the
‘visualizer’ tool, TOSMANA.

configurations inwhich the outcome (distributed insurance) is present; C denotes cases
that share the same conditions but have different outcomes; and R identifies logical
remainders. The red zones represent the absence of the outcome. The Venn diagram
makes it easier to identify patterns, contradictions and gaps at a glance, which may not
be as immediately visible in the tabular truth table format.

The Karnaugh map helps visualise the configuration space of the five conditions.
The appearance of empty or sparsely populated cells reflects the well-known issue
of limited diversity in medium-n QCA (Ragin, 2008; Schneider and Wagemann,
2012). However, 32 configurations are logically possible with five binary conditions;
only a subset is empirically observed in the sample of 40 countries. Only config-
urations linked to the presence of distributed insurance (DI = 1) were retained
for minimisation, except for the idiosyncratic rows (countries with perfect consis-
tency, but are outliers). Configurations linked with the lack of the outcome were
removed from the minimisation process. The whole truth table is presented in
Appendix A1.

From the mapping, distributed insurance is absent in the Dominican Republic and
Seychelles. These two countries lack empirical cases because they do not fit into any
configuration; Kenya and Paraguay, however, display consistent configurations for the
presence of distributed insurance.Three countries appear in consistent configurations,
23 in sufficient configurations (high consistency with few contradictions) and seven in
contradictory configurations (see Appendix B). Cambodia, the Maldives and Moldova
are single-country configurations. They are insufficient to draw empirical inferences
from (Schneider and Wagemann, 2007). In contradictory cases, 42.86% report no
distributed insurance, while 57.15% report distributed insurance.
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Configurations of myopia, ambiguity aversion and distrust in regulatory
permissions for insurance distribution
The intermediate solution (M1) for distributed insurance shows different patterns of
core and peripheral conditions across two configurational paths. It indicates their
central role in producing the outcome (DI). Based on theory and empirical patterns
in our truth table, we specify the following expectations for the intermediate solution.
TPC is expected to promote DI adoption (+), PSD is expected to promote DI adop-
tion (+), DIC is expected to promote DI adoption (+). PCS is expected to promote DI
adoption (+), while LERP is expected to promote DI adoption through its absence (−).
We include only remainders consistent with these DEs during minimisation, that is,
configurations that align with TPC, PSD, DIC and PCS being present and LERP being
absent. Remainders contradicting these directions (e.g., LERP being present with all
other enablers) are excluded from the intermediate solution.

Regarding the configuration paths, we present the two paths identified by the inter-
mediate solution in a table, a heatmap andXYplots that show the sufficiency of a causal
configuration (path) for the outcome (see Table 8 and Figures 8–12). A combination
of TPC, DIC and PSD was observed across both paths (see Figure 5). These conditions
form the core configuration set that is consistently linked to distributional insurance
across both pathways. The heatmap confirms the presence and absence of both paths.
As expected, LERPmeets the peripheral condition, as it showed an absence of path and
was irrelevant in path 1. PSD was also irrelevant in Path 2.

Both configuration paths are portrayed using consistency of sufficiency (inclS), the
proportional reduction in inconsistency (PRI), solution coverage (covS) and unique
coveragewere actually noted in Table 8. Consistency of sufficiency (inclS)measures the
extent towhich cases sharing a given configuration also exhibit the outcome, indicating
how reliably a configuration can be considered sufficient for the outcome. Proportional
reduction in inconsistency (PRI) captures the extent to which a configuration is
associated with the presence of the outcome. Solution coverage (covS) measures the
proportion of cases explained by the configuration, while unique coverage (covU)
measures the proportion of cases uniquely explained by each path. High consistency
and PRI values, therefore, signal reliable sufficiency, while coverage metrics reflect the
empirical relevance of each pathway.

The PRI score shows that for path 1, 82.6% of the inconsistent cases that would
weaken this configuration have been eliminated. This means the path is strongly asso-
ciated with the presence of the outcome rather than its absence. Path 2 is the stronger
path, with 88.9% of reduction in inconsistency. The overall model has a PRI value of
84.6%, indicating that the combined solution has a high ability to avoid contradictory
patterns. The result for the unique coverage (covU) shows that in path 1, 45.2% of
the outcome cases are explained by this configuration alone. This is a very strong and
substantively important path. For path 2, only about 9.7% of the outcome is uniquely
explained by this path. Most of its cases overlap with Path 1, meaning it is more of a
complementary or reinforcing pathway than a dominant one.

For consistency of sufficiency (InclS), the results show that about 82.6% of the cases
that strongly exhibit this configuration also show the outcome. This is a reliable and
sufficient path. Path 2 shows a consistency of 88.9%, which is higher than that of
Path 1. The model reliably explains DI across all cases (84.6%). The model is not only
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Table 8. Configuration paths

Path Configuration inclS PRI covS covU Cases

1 PCS * PSD * TPC * DIC 0.826 0.826 0.613 0.452 Armenia, Fiji, Sri Lanka, Philippines, South Africa, Zambia; Albania,
Bangladesh, Bosnia, Ghana, Indonesia, Lebanon, Lesotho, Mexico,
Mozambique, Mauritius, Malaysia, Namibia, Nigeria, Peru, Serbia,
Tunisia, Vietnam

2 ∼LERP * PSD * TPC * DIC 0.889 0.889 0.258 0.097 Kenya, Paraguay, El Salvador; Armenia, Fiji, Philippines, South Africa,
Zambia

M1 Overall Model 0.846 0.846 0.710 – —

Note: InclS mean consistency of sufficiency, PRI means proportional reduction in inconsistency, covS means solution coverage and covUmeans unique coverage.
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Figure 8. QCA heatmap showing causal conditions.
Visualiser tool: R

Figure 9. Configuration path 1 (scatterplot).
Visualiser tool: R
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Figure 10. Configuration path 2 (scatterplot).

consistent, but also shows that one pathway carries most of the empirical weight, while
the second mainly reinforces or complements the first.

The cases covered in these parts are illustrated through dots on the scatterplot (see
Figures 5 and 6).The scatterplot shows the relationship betweenmembership in Path 1
(PCS * PSD * TPC * DIC) on the horizontal axis and the outcome (DI), on the vertical
axis. Each dot represents a country. Dots in the top-right quadrant indicate countries
that firmly belong to both the configuration and the outcome, meaning the pathway
is present and distributed insurance is also present. The dots in the top-left quadrant
denote countries that strongly show the presence of the outcome but the absence of the
configuration. The Bottom-right quadrant shows countries that belong to the config-
uration but not to the outcome, while the Bottom-left quadrant displays the countries
that belong neither to the configuration nor to the outcome. Together, these patterns
explain why paths 1 and 2 show high but not perfect consistency. The countries that
cover each of these quadrants are displayed in Figures 11 and 12.

The configurational analysis shows that DI is not consistently influenced by a coun-
try’s economic or institutional status. While combinations of core conditions strongly
promote DI, the XY plots (Figures 5 and 7) reveal that several countries deviate from
these pathways. Specifically, cases falling in the lower-right quadrant (e.g., Nigeria and
Ghana in Path 1) possess the causal configuration but do not exhibit highDI levels.This
indicates thatDI is country-specific and suggests that localised socio-economic factors,
alongside regulatory permissions, play a role in shaping outcomes. This aligns with
Wang et al. (2025), who highlighted that factors such as ambiguity about occurrence
probabilities vary significantly by location and specific hazards.
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Figure 11. Configuration path 1 (countries).
Note:NIG is Nigeria, DOM is Dominican Republic, GHA is Ghana, PAN is Panama, BOL is Bolivia, SEY is Seychelles, MAL is
Malaysia, BRA is Brazil, ECU is Ecuador, ETH is Ethiopia, CAM is Cambodia, IND is Indonesia (in the top-right quadrant),
NAM is Namibia, ARM is Armenia, BAN is Bangladesh, FIJ is Fiji, PER is Peru, RWA is Rwanda, LEB is Lebanon, IND is
India (in the top left quadrant), SRI is Sri Lanka, ALB is Albania, MEX is Mexico, VIE is Vietnam, BOS is Bosnia, KEN is
Kenya, PHI is Philippines, LES is Lesotho, MOZ is Mozambique, Mau is Mauritius, MOR is Morocco, MOL is Moldova, EL
is El-Salvador and PAK is Pakistan.

The empirical results largely align with directional expectations. Of the 31 coun-
tries characterised by distributed insurance (DI = 1), only 10 (≈32%) exhibited an
absence of LERP, suggesting that the anticipated negative influence of LERP lacks
strong empirical support in this sample. Conversely, core conditionswere highly preva-
lent among DI = 1 cases: TPC was present in 30 countries (≈97%), PSD in 29 (≈94%),
PCS in 26 (≈84%) and DIC in 25 (≈81%). These high frequencies strongly confirm the
expected positive influence of these conditions on insurance uptake (see the Appendix,
Table D1). This confirms the positive directional expectations for the TPC, PSD, DIC
and PCS as conditions with core roles, as they are largely observed in the configura-
tions being present in most cases, while the expected negative influence of LERP is
less pronounced in most cases, confirming its peripheral role in path 2. The overall
solution shows that both configurational pathways combined are linked to distributed
insurance-M1: PCSPSDTPCDIC + ∼ LERPPSDTPCDIC→ DI.

Discussion and conclusion
This study moves beyond the fragmented treatment of behavioural biases in insurance
uptake research by demonstrating how regulatory permissions for distribution
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Figure 12. Configuration path 2 (countries).
Note: NIG is Nigeria, DOM is Dominican Republic, GHA is Ghana, PAN is Panama, BOL is Bolivia, SEY is Seychelles, MAL is
Malaysia, BRA is Brazil, ECU is Ecuador, ETH is Ethiopia, CAM is Cambodia, IND is Indonesia (in the top-right quadrant),
NAM is Namibia, ARM is Armenia, BAN is Bangladesh, FIJ is Fiji, PER is Peru, RWA is Rwanda, LEB is Lebanon, IND is
India (in the top left quadrant), SRI is Sri Lanka, ALB is Albania, MEX is Mexico, VIE is Vietnam, BOS is Bosnia, KEN is
Kenya, PHI is Philippines, LES is Lesotho, MOZ is Mozambique, Mau is Mauritius, MOR is Morocco, MOL is Moldova, EL
is El-Salvador and PAK is Pakistan.Author’s Construct (2026).

(DI) interact with institutional and product-level conditions in shaping distributed
insurance patterns across diverse developing country contexts. The csQCA results
underline that there is no universal pathway to insurance distribution; rather, context-
specific configurations of regulatory permissions and institutional factors determine
success.

The necessity of transparent pricing for policymakers and regulators suggests that
disclosure and simplicity of insurance products are crucial steps for regulatory permis-
sions for distribution. If consumers don’t understand the price of insurance products
or perceive a certain hidden pricing policy, they may be discouraged. The sufficiency
of product suitability as a condition for distributed insurance indicates that insurance
products should be aligned with regulatory standards to meet the needs of low-
income households. Structuring microinsurance with flexible schedules can facilitate
compliance and enable distribution under DI, addressing potential barriers in product
deployment.

Two insights stand out. First, transparent pricing, DIC and product suitability
stand as core enabling conditions across all income and institutional groups. Yet, their
influence is contingent on complementary conditions. In low-income countries with
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weak institutions, insurance adoption is productive in contexts where behavioural fric-
tions, such as present bias, are addressed through flexible repayment schedules, imme-
diate coverage benefits and clear communication. In stronger institutional settings,
trust and enforcement credibility can offset gaps in product diversity, as illustrated
by Rwanda’s deviation from the general low-income pattern. In middle-income con-
texts, transparency acts as the primary trust-building mechanism, particularly when
institutional credibility is partial.

Two insights emerge from the intermediate solution (M1) for distributed insur-
ance. First, transparent pricing, deposit insurance coverage and Product suitability
and design form the core conditions consistently enabling distributed insurance, but
their influence depends on complementary arrangements, with peripheral conditions
such as Limitations on Early Repayment Penalties playing a variable role across paths.
In countries with weaker institutional frameworks, distributed insurance is realised
primarily when regulatory permissions are clearly defined and aligned, allowing dis-
tribution channels to function even when some peripheral conditions are absent.
In stronger institutional contexts, the same core conditions can sustain distributed
insurance despite the irrelevance of certain peripheral factors, illustrating how insti-
tutional credibility and enforcement interact with regulatory permissions to shape
outcomes. Second, the configurational pathways reveal that distributed insurance is
highly context-specific: countries with similar economic or institutional profiles may
deviate from general patterns, suggesting that local regulatory alignments, socio-
economic conditions and institutional capacities jointly determine the presence and
effectiveness of distributed insurance. These findings highlight the need for policy
approaches tailored to country-specific configurations rather than assuming uniform
mechanisms.

From a development policy standpoint, these findings reinforce that scaling insur-
ance uptake is not solely a matter of financial literacy campaigns or regulatory reforms.
It requires fit-for-context combinations that address behavioural frictions, ensure
affordability and build institutional trust. Embedding such configurations into mar-
ket expansion strategies advances SDG 1 by protecting against poverty shocks, SDG
3 by improving health and well-being through risk pooling, and SDG 10 by reducing
coverage gaps among disadvantaged groups.

Future research should extend this configurational analysis to specific insur-
ance submarkets and examine whether these regulatory pathways (DI) persist under
climate-related or other sector-specific risk scenarios. By considering how regulatory
permissions interact with institutional capacities and socio-economic conditions, pol-
icymakers can design interventions that strengthen distribution channels, improve the
effectiveness of insurance deployment and enhance the resilience and inclusivity of
insurance systems in developing economies.

Limitations of the study
The cases in this study did not include the Middle East, so the findings are most
directly applicable to developing countries in Africa, Asia, Latin America and Central
and Eastern Europe, where similar regulatory, institutional and market conditions
exist. The cross-country configurational approach highlights macro-level patterns of
regulatory permissions rather than micro-level household behaviours. Future studies
could examine distributed insurance at the household or submarket level, focusing on
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how local institutional arrangements, regulatory oversight and individual perceptions
of risk interact to shape insurance distribution. Such analyses, using household surveys
or targeted submarket studies, would refine the external validity of the conclusions and
provide insights into context-specific mechanisms for effective insurance deployment.

Supplementary material. The supplementary material for this article can be found at https://doi.org/10.
1017/bpp.2026.10040.
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