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Nielsen (Working paper, University of Oxford, 2009) shows that vector autoregres-
sion is inconsistent when there are common explosive roots with geometric multi-
plicity greater than unity. This paper discusses that result, provides a coexplosive
system extension and an illustrative example that helps to explain the finding, gives
a consistent instrumental variable procedure, and reports some simulations. Some
exact limit distribution theory is derived and a useful new reverse martingale central
limit theorem is proved.

1. BACKGROUND AND MOTIVATION

Financial exuberance and market bubbles have led to a new interest among
empirical researchers in autoregressive time series with explosive roots. Recent
research has focused on the detection of bubble activity by means of right-sided
recursive unit root tests (Phillips, Wu, and Yu, 2011) and date stamping the orig-
ination and termination of this type of phenomenon in the data (Phillips and Yu,
2011). These methods have attracted the attention of empirical researchers inter-
ested in bubbles. Explosive roots are also known to arise in certain present value
models that link decision variables and explanatory variables in the absence of
Granger causality (Fanelli, 2007) or when nonstationary data are bootstrapped
(Swensen, 2006; Cavaliere, Rahbek, and Taylor, 2010, 2012).

Theoretical econometric research has also attracted interest and increased
relevance for practical work by developing new concepts and associated limit
theory for mildly explosive processes (Phillips and Magdalinos, 2007) and by
extending the notion of comovement to include coexplosive processes (Phillips
and Magdalinos, 2008 (hereafter PM); Magdalinos and Phillips, 2009). These
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processes are relevant in practical work with data where contagion effects are
suspected. Coexplosive processes arise when there are common explosive roots
and these lead to an asymptotic singularity in the signal matrix, which produces
complications in limit theory.

In related work, Nielsen (2009) (hereafter NN) considers a vector autoregres-
sion (VAR) with common explosive roots and shows that least squares regres-
sion (and Gaussian maximum likelihood) is inconsistent. This result is intriguing
because the model is correctly specified in terms of its lag and error structure and
falls within a framework where ordinary least squares (OLS) is well known to be
generally consistent with good asymptotic properties. The model is unremarkable
except for the occurrence of common explosive roots with geometric multiplic-
ity exceeding unity. The simplest case is a VAR(1) with scalar coefficient matrix
pI and p > 1. The common explosive roots produce coexplosive behavior and
lead to an asymptotic singularity in the signal matrix, analogous to that studied in
PM in structural models. The singularity has fatal consequences in the VAR case.
Importantly, Nielsen’s result provides a new context where (unrestricted) maxi-
mum likelihood is inconsistent.

The present work explores the result by considering an example that helps to
explain the inconsistency in terms of the endogeneity that is induced by coexplo-
sive behavior. In an explosive autoregression the variables behave like exponential
trends (with random coefficients) that are informative about the future trajectory.
Coexplosive behavior in a VAR produces common exponential trends that are
close to the future in the sense that certain linear combinations of the variables
depend explicitly on future residuals, thereby producing an endogeneity in the
regressors. While least squares regression is inconsistent, simple instrumental
variable (IV) estimation with contemporaneous or future values of the variables
as instruments is shown to be consistent and to provide a basis for econometric
testing. The OLS regression inconsistency phenomenon can also occur in trian-
gular systems, such as those studied in PM, and a similar IV remedy may be
implemented in that context.

The inconsistency of OLS regression is to a random limit involving a matrix
quotient of random variables. The exact marginal limit distributions are obtained
for the case where the VAR innovations are Gaussian. The limit random variables
are bounded and the distributions have asymptotes at the boundaries. Simulations
reveal a corresponding bimodality in the finite sample distributions.

2. MAIN RESULTS
2.1. A Prototypical Model

For simplicity of exposition of the main ideas, we consider the bivariate VAR(1)
model

X = Rx;—1 +u, t=1,...,n, €))
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with R =plh, p > 1, xo =0, and martingale difference innovations u, satisfying
Assumption 1 below.
The bivariate system in (1) can be written in component form as

x| _|p O | x1—1 Uiy
] =60 [ ]+ ] @

with the same explosive autoregressive coefficient p > 1, so the algebraic and ge-
ometric multiplicity of this system is two. The results below extend in a straight-
forward way to more complex multivariate VAR systems with common explosive
roots.

As pointed out by Anderson (1959) and discussed in PM and NN, equality of
the autoregressive coefficients in (2) induces coexplosive behavior in the series
x1; and xp; that results in a singular limit for the standardized sample moment

matrix:
n
pPHX'X =pTH Y Xi1X]_| as. pEa X(p)X(p), 3
=1
where
S —j . Xn
X (p) = /Z:lp uj = nlggoﬁ as. “@

When u; is a zero mean uncorrelated sequence with bounded second moments,
the infinite series in (4) can easily be shown to converge almost surely and in
L,. The more restrictive assumption of #, being a martingale difference sequence
satisfying a local Marcinkiewicz-Zygmund condition ensures that X (p) Z0 a.s.;
see Lai and Wei (1983). Our asymptotic development also requires a constant
conditional variance assumption and a uniform integrability type of condition on
the sequence {||ut ||2 1<t < n} The dependence and moment structure of the

innovation sequence is explicitly stated below. We denote by |[|x| = (x’ x) 2 the

Euclidian norm and by |lx||, = [E (Ilx11”)] VP the L, norm of a random vector
x. When x is a random matrix we define ||x| = ||vec (x)]].

Assumption 1. Let u; be a martingale difference sequence with respect to F; =
o (u;,us—y, ...) satisfying

Er,_, (”t”;) =X, and Eg_ |lusll >0 as. foralls 5)

for some 0 > 0 and positive definite matrix X, and
maxE<||u,||21{||ut|| >,1,1}) —0 asn— o0 6)
1<t<n

for any sequence (4,),cn such that 4,, — oo
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To treat the limiting singularity (3) induced by coexplosive behavior we per-
form a coordinate rotation as developed in PM. Here it is convenient to use the
(sample size dependent) orthogonal transformation

it = H,/,xt, ™
where
1 Xln —X2n 1
H, = —— = |:.X ,Rl.x :| ) 8
" |l LCZn Xin [EA T ®

in which the orthogonal matrix

0—-1
Galin
rotates vectors in the plane by 7 /2 radians in the positive direction. In view
of (7), the transformed variate z; forms an array, but for notational simplicity
the additional subscript is not employed. The large sample behavior of the ran-

dom rotation matrix in (8) is characterized by the following lemma, proved in
Section 5.

LEMMA 1. Under Assumption 1, p~"x, = 45. X (p), X (p) #0a.s. and

1
H, =5 m [X (p),R%X(p)} asn — oo. )

The transformed regressor variate in (7) may be analyzed by combining the
identity
n
X = p T Dy, =3 Uy, (10)
Jj=t

and the orthogonality condition (’R%xn)’ xp, =0as

' 1 XpXi—1
lr—1 = Xf—1] = —— /
T T T [ (R ) e
1 X X1
= — " / = |:le—1:| , (11)

Pl | = (Rgn) s | = 220
which is conformably partitioned with x;, where

G .
Gne = 2,0~ (12)

j=t

is a (forward filtered) linear process with /; summable coefficients.
The transformed variate z;,_; has an explosive component (zj;—;) and a non-
explosive component (z2;—1). However, unlike similar transformations in models
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with trend-induced degeneracies (such as models with some deterministic trends
and some stochastic trends; see Park and Phillips, 1988, 1989), the nonexplosive
component zp,—1 involves linear combinations that are data dependent and ran-
dom, even asymptotically, as is apparent from the limit of ’R%xn/ [lx, |l in (9). It

follows from the form of X (p) = Zj’il P u ; that the random linear combina-
tion present in zp,_1 introduces an endogeneity into the regressor that leads to the
inconsistency of least squares. In particular, the component p ~"u, of X (p) is cor-
related with the regression error u,, as is the component ¢, ; of the transformed
regressor zo;— 1.

Intriguingly, under a martingale difference assumption on the innovation se-
quence u,, the regressor x,_; in the original system (1) satisfies E (u;|x;—1) =0
a.s., thereby fulfilling one of the usual conditions for consistent least squares
estimation. However, the limiting singularity in the sample moment matrix
involves the data dependent vector X (p) and induces an endogeneity in the (trans-
formed) system that takes into account the coexplosive behavior present in x;.
To see the reason for the endogeneity more clearly, note that p~(¢~Dyx,_; =
X (p) — Z,‘?itp_kuk, so the difference p~¢~Vx,_; — X (p) contains informa-
tion about future disturbances and, in particular, is correlated with u,. When the
system is unidimensional this almost sure (a.s.) limit behavior is not enough to
induce endogeneity. But in a multidimensional system with common explosive
roots (and geometric multiplicity greater than unity) information is sourced from
more than one component of x;_1, and the resulting singularity in the signal ma-
trix reveals information about X (p) and the null space of the (asymptotic) signal
matrix. It is this information that leads to the residual process ¢, that is cor-
related with u;. When geometric multiplicity is unity, there are cross effects in
the coefficient matrix R (which is no longer diagonal) that complicate the signal
matrix and eliminate the endogeneity in the regressor.

Given the form of zo;_1 and (12), it is apparent that dynamic timing also plays a
role in the endogeneity that is manifest in £ (u t1&n, ,) # 0, since ¢, itself depends
on u;. As we shall see, this type of endogeneity can arise even in the triangular
(coexplosive) system considered in PM. Like most forms of endogeneity, it can
be dealt with by suitable instrumentation that adjusts the dynamic timing, as dis-
cussed in Section 2.3.

2.2. Least Squares Limit Theory

Coexplosive behavior induces a singularity of the form (3) in the limiting
sample moment matrix. The degeneracy occurs along the direction vector
[—X2(p), X1(p)]. The inverse sample moment matrix sustains a similar singu-
larity, which can be conveniently expressed in terms of the transformed system.
More generally, Lemma 2 below describes the asymptotic behavior of the in-
verse of sample moment matrices involving the transformed variates z,—; and
Zs+k for some fixed value of k£ > 0. The lemma also characterizes the condition
number limit behavior of the least squares regression matrix X’X. The lemma is
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useful in developing a limit theory for both least squares and instrumental variable
estimates.

LEMMA 2. Under Assumption 1, the following hold as n — oo for any
fixed k:

(i) n_IZ:’Zlu,u; =L, Zu

(if) maxi<j<y, |[n Z;’Zlu,u;HHLl -0,

(iii) n= S T uilh >0, 0 k21,
. _ — _ -1
(V) n VS il gk = L1 P (2= 1) Zu, k20,
-1 —k—1 X(0) R’z ZuRz X(p) -1
1 —k . 2
) (52:;1 Z"lz;+’<) p d’ag<0’{pp2—1 X } )
k>—1,
(vi) Letting Amax(X'X) and Amin(X'X) denote the largest and smallest eigen-

values of the matrix X'X =¥ _| x;—1x;_;,

log {/lmax (X’X) }
imin (X/X)

I1X (p)1I?

— >0 a.s.
X(p) R% ZMR%X(p)

—p 2(logp) (p2 - 1)
13)

We proceed to establish a central limit theorem (CLT) for the sample covari-
ances of the form Y , Cn.r+kut;. In view of the forward filtered nature of ¢, ; in
(12), sample covariances of this process and u, have a type of reverse martingale
structure, which has to be transformed to a (forward) martingale in order for stan-
dard martingale central limit theory to apply. This transformation is carried out in
(15) below.

LEMMA 3. Consider the Fj-martingale difference array

i=k+1

j—1 )
N, j :n_l/zuj ® ( Z p_ll/lj_i> . 14)

Under Assumption 1 and E(||u; ||2||uj+l~ %) < oo foralli,j > 1we have

| n—k-1 P 3 1
ﬁ té (Cn,z+k+1 ®uz) =p j:%znn,j =N (O, ﬁﬁlu ® E,,) (15)
as n — oo for any fixed k > 0.

Remark. When u; is an independent and identically distributed (i.i.d.)
sequence, an alternative approach to Lemma 3 is to work directly with the re-
verse martingale difference &, ; = n_l/zgn,,+k+1 ® u;. For each fixed k > 0,
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Sn.r = 2f—, &n,r 18 @ reverse martingale array with respect to the reverse filtra-
tion F°* = o (us,uz41,...) that can be further reversed into a martingale array
(Mp,z,Gn.c,1 <7 <n)byletting M, ; =S, - and G, , = F"~*. The identities

n—1 n—1 1l
2 AM, ; = 2 Snn—z = 25’1,1
=0 =0 1=1

then imply that the limit distribution of }/_, &, ; can be derived by a standard
martingale CLT (MGCLT) on Z’T’;(l) AM, ; (e.g., Cor. 3.1 of Hall and Heyde,
1980). One application of this result is to the CLT stated in equation (26) of PM.!

Define X' = [x1,...,x,] and X/_1 = [xo,...,x,—1], and the least squares re-
gression matrix Ry=X'X_1(X_ X _1)~!. The following result characterizes the
limit of R,.

THEOREM 1. Under Assumption 1, the OLS estimator in (1) has the following
limitasn — oo :
p1—1 TR X (D)X () R

P X(p)R:ZRzX(p)

X2(p)?  —X1(p)X2(p)

2_ u _ 2
__p-t X1(p)X2(p)  Xi(p) (16)

P 0lXa(p)* —2012X1(p) X2(p) +03X1 (p)?

A

R, —R —,

Remark 1. The inconsistency of R, is explained by the endogeneity of the
regressors discussed earlier. Lai and Wei (1982) showed consistency of least
squares in time series regression models with martingale difference errors under
second-moment conditions on the errors, an excitation condition on the smallest
eigenvalue of the regression matrix X’X and a condition number requirement for
which the ratio

log { Amax (X'X) }
/Imin (X/X)

—45.0 asn— oo. a7

As demonstrated in Lemma 2(vi), the ratio in (17) converges in probability to an
almost surely positive random variable, thereby invalidating the condition number
requirement. Thus, the sufficient conditions for consistency given in Lai and Wei
(1982) fail in the present case. Interestingly, the asymptotic bias of R, can be writ-
ten is terms of the probability limit of the eigenvalue ratio in (17). In particular,
(13) and (16) imply that

Ro— R, —  plim 224 (XX) ) 2o Rz X (p) X (p) Ry
n P n—oo  Amin (X'X) 2(ogp)p X (p) X (p) .
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Remark 2. All elements of the regression matrix R, converge to random vari-
ates that depend on X (p) = (X (p), X2 (p))’, the error covariance matrix X,
and the common explosive coefficient p. The limit distribution (16) is singular

and is of rank unity, corresponding to X (p). Defining & = Ei/zR%X(p) and
h=EEE) ™12, the limit (16) may be written more simply as

2
_p RISl
p
in terms of the vector &, which is distributed on the unit sphere.

Remark 3. Figures 1 and 2 show the results of simulations of the fitted regres-
sion coefficients in the least squares regression

X1r = pxti—1 + fro—y +ily (18)
for various values of n (= 200,400, 800) against the limit distribution (16) (see
also (20) and (21) in Theorem 2) when the data are generated according to (1)
with p = 1.04 and
uy ~iid N (0, Ip).

The finite sample and limit distributions are bimodal in both cases, although the
limit distributions have compact support and the densities asymptote at the bound-
aries. The limit distributions are obtained explicitly in Theorem 2 and discussed in

20 .
|
| |
| I
1
— n=200 ! It
---  n=400 | I\
n=800 \
- Asymptotic \
Iy
2 10} J
@
0
0 i o ! N
-0.20 -0.15 -0.10 -0.05 -0.00 0.05

FIGURE 1. Finite sample densities of p — p from R = 80,000 replications in the fitted
model X|; = pXy;—1 + S Xp—1 +iy; with p =1.04 and o1, = 0. The limit density has
bounded support and is computed from the exact formula (20).
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20 |
— n=200 ' |
--- n=400 ! !
n=800 ‘ |
- Asymptotic | [
‘ 1
oy
a 1p|
@
[m}
U o< L i
-016 -0.08 0.00 0.08 0.16

FIGURE 2. Finite sample densities of ﬁ from R = 80, 000 replications in the fitted model
X1y =pX1—1+BXp—1+1, with p =1.04 and 512 = 0. The limit density has bounded
support and is computed from the exact formula (21).

the remarks below. The distribution of ﬁ appears symmetric about the origin. The
finite sample distribution of p — p is asymmetric, shows downward bias, and the
convergence to the limit distribution appears to be a little slower. Similar findings
were obtained for covariance structures with o172 = E (u,u2;) # 0.

Remark 4. The limit random variables corresponding to p and ﬁ in (18) are
given in (16). When u; ~iid N(0, 0212), these limits become

S—p Pl X2 (p)*
P P X2(p)’+X1(p)*
2 _
f—p, p =1 Xi(p)Xa2(p) 19)

P X2(p)*+ X1 (p)*

and since X (p) =4 N(0,02(p> —1)"'15), we have

pr—1 &&
P 6124'62’

pr-1 &
P 6124'62’

ﬁ_ﬂ%p

/’A_/)_>p_

where & = (&1,&) =4 N (0, I) and 8 = 0. The exact marginal densities are given
in the following result.

THEOREM 2. If u; ~iid N (0, 0212) then the marginal densities of the limit
distributions of p — p and ﬁ —p= [;’ are
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I
1/2°
7 {3 (ap+)}"

for |yl <a,/2, 21)

pdf 5 (y) = fory e (—a,,0), (20)

pdf ;)= ————7
B n{a/%—4y2}1/2

where a, = (p2 - 1)/p.

Remark 5. The supports of the limit distributions (20) and (21) are finite and
are determined by a,. As p — 1, a, — 0 and the supports shrink to the origin,
which corresponds to the (well-known) consistent estimation of p and f when
p=1.

Remark 6. Figures 1 and 2 also show the limit densities pdf ;(y) and pdf ;(y)
for p =1.04 and a, = 0.078. The density pdf ; (y) is that of a (translated) arc
sine law. Each of the densities has bounded support and asymptotes at the limits
of the domain of definition. These limit distributions are derived simply from the
distribution of 7 = &/ (&’ cf)l/ 2 which is uniform on the unit circle, and have been
studied in earlier work on structural estimation (Phillips, 1984). In a related form,
the distribution (20) also appears in Luati and Paruolo (2002).

Remark 7. Importantly, the support of pdf ;(y) is negative, whereas the sup-
port of pdf J; (y) is symmetric about the origin. The implied downward bias in the
limit distribution of p is explained by the presence of the coexplosive time series
x2¢—1 in regression (18). The regressor xy,_1 is asymptotically collinear to x1,_|
when p > 1. The explosive signal is then shared between these two regressors,
reducing the impact of the own lagged dependent variable x;—; and, in this case,
producing an inconsistency and resulting in the downward bias for p in the limit
that is apparent in (19) and Figure 1. As discussed earlier, the inconsistency arises
from the endogeneity induced by the comovement of the regressors and the ran-
dom nature of the directional vector X (p) of the comovement, which depends on
the regression error u;.

Remark 8. The bimodality in the finite sample distributions shown in Figures 1
and 2 is also a consequence of the common explosive signal that is shared between
the regressors x1,—1 and xp,—1. The distributions of the corresponding regression
coefficients interact by way of the linear combination p + ,5’ X2(p)/ X1(p), which
serves as the “effective’” own lag coefficient in the regression (18). This interaction
either attenuates or accentuates the downward bias in p, producing a compensat-
ing bimodality in the two distributions and compensating asymptotes in the two
limit distributions.

2.3. Consistent Estimation by Instrumental Variables

As indicated above, dynamic timing plays a role in the inconsistency of least
squares regression because of the dependence of the forward filtered process ¢, ;
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and hence the (transformed) regressor zo;—1 on the contemporaneous error u;.
This dependence can be avoided by the use of a suitable instrumental variable.
In particular, future values of the system variables remove this dependency, and
we may use x;4 for any integer k£ > 0 as an instrument for x;_1. The correspond-
ing IV estimators of R have the simple form

. n—k n—k -1
Ryx= thxt’+k th_m;_,_k , ke{0,1,2,...}.

t=1 t=1

The estimator Ii’n, k 1s consistent and has the following limit distribution.

THEOREM 3.

(i) Under the assumptions of Lemma 3,

ReX(p)X(p) Rz @D
X (p) Ry TRz X (p)

Jnvee(Ry i —R) = —p**1(p? —1) (22)

as n — oo, for each fixed k > 0, where U is an N(0, (p> = 1)"'Z, ® Z,)
random vector. If (6) is replaced by uniform integrability of the sequence
(lus1?)ren, then U and X (p) are uncorrelated random vectors.

(ii) If. in addition, u, is an m-dependent sequence® for some m € N such that
m— oo andm/n — 0, U and X (p) are independent random vectors and
the limit distribution is mixed normal (M N); i.e.,

N RzX(p)X(p) Rz ®Z
Vnvec(Ryx—R) = PN/ p2—1 MN (O, - 2 ! .

X ()R TR X (p)
(23)

Remark 9. The limit theory (22) relies on the central limit theorem for
sample covariance matrices of Lemma 3 and shows that the IV estimator Ién,k is
J/n-consistent. However, as X (p) is not necessarily Gaussian, lack of corre-
lation between the Gaussian random vector U and X (p) does not guarantee
independence. In other words, a martingale difference assumption on a (non-
Gaussian) sequence of innovations u; is not sufficient for asymptotic mixed
normality of the IV estimator Ién . However, the limit random vector in (22) will
have a mixed normal distribution if asymptotic independence is imposed on the
sequence u;.

Remark 10. Observe that the limit distribution of /n (ﬁn,k — R) is degener-
ate in the direction X (p) in view of the singularity of the limit random matrix
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R%X (p)X (p)' Rz . In particular, as shown in the proof of Theorem 3, we have
2
the representation

_ R%Xn R%xn !
R TZ utCnt+k+l N ASEAE

1
Vi(Rox—R Rax Rzx +0”(ﬁ>’
T Xy k-1 T Xn
A > A Zimt ntln ket (Ixznl>

50 that /71 (R k — R)xu/ llxn |l = 0, (1).

Remark 11. When the sequence u; is (asymptotically) independent, the mixed
normal limit (23) facilitates inference, which may be conducted in the usual man-
ner in view of the following arguments. First, from Lemmas 1 and 2(iii) we obtain

—1 —1
12 , 1n—k , ,
— D Xi—1X[ 4 = Hy| = D a1z | Hy
ni nZ

RzX(p)X(p) Rz
) X(p) R T Rz X (p)’

=, pk+1( 2

Next, define the residual moment matrix ,; =n~! Y7 Uity where the resid-

uals are constructed using the IV estimator: i;x = x; — Ry kx¢—1. As shown in
Section 5,

Suk —=p Zus 24)

and then

—1 ,

1 & , ~ il 2 RzX(p)X(p) Rz
— > Xi_1X ® Xk —=p pFH(p? =1 2 z hIN
(n[_zl t t+k> u P ( ) X(/))/R/%ZMR%X(ID) u

giving a consistent estimator of the covariance matrix in (23). Thus, inference
about R may be conducted using the standard formula for the variance matrix of
Ry, thatis (3, x,_lxt’+k)_1 ® Zyk.

Remark 12. The variance of the limit distribution (23) increases with k and is
minimized for k = 0. This is explained by the fact that the instrument x; 44 is most
effective for x;,—; when k = 0, and the relevance of the instrument deteriorates as
k increases.

3. COEXPLOSIVE COINTEGRATED SYSTEMS

PM studied a triangular system with possibly coexplosive regressors. A simpler
version of this system, which will be sufficient to demonstrate our findings, is
given by
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Vi = Aw; + &, (25)

wy = Xy, X = Rx;—1 +uy, (26)
_|rO

R_[Op}, oo 1, @)

where A is an m x 2 matrix of cointegrating coefficients, x; is a bivariate vector of
coexplosive autoregressions initialized at xo = 0, and v, = (&}, u})’ is a sequence
of independent, identically distributed (0, ¥) random vectors with absolutely con-
tinuous density, where

2. 0
z:[o ZJ (28)

is a positive definite matrix partitioned conformably with v,. The regressor x; is
therefore uncorrelated with the system shocks &;.
PM noted that asymptotic behavior of the least squares estimator

-1
n n
An B (2 ytx;) (2 xzxt/)
t=1 =1

depends on the relationship between the regressors in (26), i.e., on the precise
form of the autoregressive matrix R. When R has the form (27), so the regressors
are coexplosive, A, is consistent for A but has a degenerate mixed normal limiting
distribution with convergence rate n'/?. In particular, Theorem 2.3 of PM shows
that

(An — A) = MN (o, Hy (H| S Hy) ™ H| ® 288)

MN[0 ReX ()X (p)/R/% ) (29)
— ) ® 29 b
X (p) R TRz X (p) =

pr—1

where H| = R%X (»)/1X(p)|l in the notation of the limiting rotation matrix
(9) given earlier. In proving (29), PM assumed that £ has the block diagonal
structure (28), so that x; is uncorrelated with ¢;. However, as shown in Section 5,
(29) continues to hold when the covariance structure is given by

| Ze Za .
Y= [Eue s, | with £, #0. 30)
From this result, it would seem that coexplosive behavior in the regressors
does not cause an inconsistency, contrary to the VAR result (16) in Theorem
3. However, suppose that w;, = x;_1 in (26), so that there is a simple time lag
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in the long-run structural relation. Such a lag has no effect on conventional
cointegration limit theory. However, as we now demonstrate, in the context
of coexplosive time series, the impact of dynamic timing is considerable. Let
the corresponding least squares estimator of A, when w; = x;_1, be A, =

( ;1:1 th;_l)(2?21 x,_lx;_l)_l.

THEOREM 4. In the model (25)—(27) with w; = x;—1 and X is given by (30),

p?—1
X (p) Ry TRz X (p)

Ay—A—, Rz X (p) X (p)’R/% asn — oo.

Evidently, when there are coexplosive regressors, the critical factor in deter-
mining consistency of least squares regression is the dynamic timing of the re-
gression system rather than independence (exogeneity) of the regressor in the
system. As in the case of vector autoregression, consistency in estimation can be
accomplished by using x; as an instrument for x,_; in the regression. This find-
ing shows that weak exogeneity (Engle, Hendry, and Richard, 1983) in regression
with explosive regressors can depend subtly on dynamic timing and in a manner
quite different from stationary systems.> Under the condition (&;, u;) ~ iid(0, 2),
convention would dictate that x;_ is predetermined (and exogenous) for A in the
system y, = Ax;_1 + &, but jointly dependent and correlated with &; in the sys-
tem y; = Ax; +¢&;. Curiously, however, in the presence of coexplosive regressors,
least squares is consistent in the system y; = Ax; + ¢; but inconsistent in the sys-
tem y; = Ax;—1 + &;. The explanation is the same as that for a VAR. In particular,
the limiting singularity in the sample moment matrix that is caused by coexplo-
sive behavior induces an endogeneity in the regressor x,_;. As before, dynamic
timing plays a role in the resulting endogeneity because upon transformation to
resolve the effects of coexplosive behavior, the stationary component of the trans-
formed regressor, which is forward looking and depends on u;, is correlated with
& when 2, #0.

4. CONCLUSIONS

Besides the intriguing nature of the inconsistency of least squares and the implicit
endogeneity that arises in coexplosive VARs and structural systems, the limit dis-
tributions themselves have some interesting features. The supports of the limit
distributions are bounded, and the densities have asymptotes at the boundary. In
the VAR case, the limit distribution of the centered (own) autoregressive estimator
p — p is an arc sine law, and its support is on the negative part of the real line. The
finite sample distributions are bimodal with modes that are close to the bound-
ary asymptotes in the limit distributions. When the explosive parameter p — 1,
the support of the limit distribution shrinks to the origin, and the least squares
estimates are again consistent.
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5. PROOFS

Proof of Lemma 2 (i) and (ii). We employ uniform integrability (U.L.) of the
sequence ||u, I%, as appears in (6), combined with a truncation argument. Choose
a sequence (ky),en such that k, — oo and kn/n]/2 — 0asn — oo.

For part (i), define the random matrices

vy =uu, — %, and 1),(") =wu I {|lull <k} —Eg,_, (utut1{||u,|| <ky })

It is easy to see that, for each n, {v(”) 1 <t < n}is a F; martingale difference
array with finite second-moment. The identity 1 — 1{||u;|| < k,} = I{||u/|| > kn}
yields

l n
2 z ||ulu;1{”ut” > kn}—Ex_, (ulut1{||u,|| > kn })HL1
L 1=

M=

(o1t

S | =

1

t

n

1
2, B (Il ) > o))

=1

IA

<2 max E (Jlug 2 1{llucl| > kn} ) 0 @31
<n

1<t
as n — oo by U.L of |u;||>. By the Jensen inequality for conditional expectations,

2 2
[0 < [P 10 < + B, (P10 < K
<2 [l 1 < K} + B, (Tl 1l < ) )|

< 22 [P+ B, (larl?)]

Orthogonality of the martingale difference v( ) and the choice k, = o(n'/?) yield

1 & ?
Lol =
ni=

E 2112||m||2 4tr(zu)

1 i ’
n* 5

Hence, n=! 37 0™ — 0in L, and, in view of (31), n='$"_ v, = 0'in L.
For part (ii), define #" = u,; 1{ju;|| < k»} and note that

1 & . 1 g

;Zutu;_wzgzut(”)u;_w ;Zu,l{||u,||>kn}u;+1 (32)
=1 t=1 t=1

Since u( " is JF-adapted, {ﬁt(") ®u;yj: 1 <t <n}isaF;-martingale difference

array for all j > 1 satisfying

‘ i

2
e ||* < 6 s
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for all j,n > 1. Orthogonality of {ﬁ,(") ® u;4;} and the choice k, = o(n'/?)

yield
2
n
= Z E <
=1

so the first term on the right of (32) converges to zero in L;. For the second term
of (32), the Cauchy Schwarz inequality yields

n

- () N\ _k
i uisy| ) < Lz >0,

l n
Hn,zl“'“”“'” > Kby | < max B (a1 Q> Ko )

L,

211/2 1/2
< max [Ellue 7] (Bl 10 > k)]

I<t<n

1/2
=tr(z,)'? LT?QE (e kn})} -0

by U.L of ||lu;||? in (6).
LEMMA 0. Consider the F;_i_1-adapted sequence

j=l _
vi= X p Ui (33)
i=k+1
Under Assumption 1, the following apply for each fixed k > 0:

(i) the sequence {|| Wi 12,1<j< n} is uniformly integrable:

max E ||y 1{[|w]| > 24}) 5 0 asn— oo (34)

I<j<n

Jfor any sequence A, — 0.
(i) n= S vyl =1 pT R/ (pP = 1) asn — oo

. —1 i
Proof. Denote A, ; = {lly;ll > 4,}. Since [y;] < Z{zka Hiuj—ill, we
obtain, for each j € {1, ...,n},

2wl ta) < 5 o e (i 1) (1)

Jj—1 ) 1/2 1/2
< 3 (Bl 1) (Bl 1)
il=k+1

2
o0
2 —i
< max E ()L, ) (ZOP ) :
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Since the series in the final expression is convergent, the above bound shows
that

max max E (||u5||21An ) -0 asn — oo
I<j<nl<s<n J

for any sequence 4,, — oo is sufficient for (34). Now

max E(Jul?1a,;) < max E(lusl?1{lul > 2,7} 14, )

1<j,s<n <j,s<n

+ max E(“”s” {“uS” <)‘1/2}1An])
<j,s<n

< max B (s 21 {lusll > 22 }) + 20 max P (An,;)

I1<s<n 1<j<n

<0(1)+— max EHl//jH =o0(1)

n1<j<n

for any sequence 1, — 0o as n — 0o, by U.L of the sequence |lu||> and the
Chebyshev inequality. This establishes (34). For part (ii), we can write

n

Y wy= ¥ Z zpiuj,u”_z > zp”u,,u,,

J=k+2 j=k+2i=k+11=k+1 i=k+1j=i+11=k+1

n—1 . n
DD ”f'"( S ) z+2p - ’)
i=k+1 Jj=i+1 I=k+1

n—1 il n n—1 oon=1 n
Y p7 X T X i+ X pT Y pT X wiy

i=k+1 I=k+1 j=i+1 i=k+1 I=i+1 j=l+1
n—1 iy n
- /
+ 2 p Y uj. 35)
i=k+1 j=i+l1

For the first term of (35), since X7 . uj—iuj_; = Z"_{u] iy;—, and

2
(zp—i) +0(1).
L, \i=l

The same bound applies for the second term of (35) so, upon normaliza-
tion by n~!, the first two terms of (35) converge to 0 in L;. Finally, since

(b k+1p_2’27 AT is bounded by tr(X,) X2, ip =%, (35) yields

3

n=1 -l
>t Y ! Zujzu/z

i=k+1 I=k+1 =i+l

< max
1<j<n
L,

2 Uildy
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n—i

Z '+0L1 (1)

3
|
—_

n

Z yjy) =

Jj=k+2

1
n,
=<_ >1i u+0L,(1)
: n

I
- 4

= < Oo > E +0L1 (1)
—k+l

by Lemma 2(i), as required, where oz, (1) denotes convergence to 0 in L.

Proof of Lemma 1. Almost sure convergence of the infinite series in (4)
can be proved by applying the Rademacher-Menchoff convergence theorem for
orthogonal random variables (Thm. 2.3.2 of Stout, 1974) when (u;);>1 is an
uncorrelated sequence or by the L, martingale convergence theorem applied to
p7"xy =37 p~"u; when (u;);>1 is a martingale difference sequence. Lai and
Wei (1983) show that, under (5) of Assumption 1, X (p) # 0 a.s. Almost sure con-
vergence of H,, follows by applying p " x, —4.5. X (p) to (8) and using continuity
of norms.

Proof of Lemma 2 (iii)—(vi). For part (iii), (12) and part (ii) yield, for any

fixedk > 1,
1= —k 1= —k  n-—t
ZulCn t+k|| =P Zur Zp ]”z+/
L =1 Ly
n 1 n , ]
-IZYy ) ol =
< nz‘ tUryj (n>
=1 L
k I i
_ ~i —o(1
< mos | B, 27 =0,

Ly

by part (ii), since both [ln~" X/_ u X}_,  p 7wl iz, and InTTE
ugity ;i are of order omn™h.
For part (iv), the definition of ¢}, ; in (12) yields the identities

k=1
G =p ik + 2, p Y Uy and Gk =p 7 Gk + 0

j=0
(36)
for any ¢ < n and any fixed k > 0. Since, by part (iii),
1= —k [k—1 k—1 . 1 n—k
- Z 2 P U+ )ur+1 Cn t+k = 2 p_(j+ = Z “l+J'Cr/l,l+k -0,
21 \j=0 n,

Ly j=0 Ly

the first identity in (36) implies that
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1 n—k 1 n—k
/ —k /
= 2 Gnilprk =P X Crsklnk|| 20 asn— 00 37)
t=1 =1

Ly

for all fixed k > 0. The second identity in (36) yields

/ -2 / / / /
Cnat+kCn,r+k = P (5",f+k+15n,t+k+1 FUrtkln k1 T Cnr k147 4k +Mz+ku,+k) .
Summing over ¢ € {1,...,n —k — 1} yields

5 1 n—k—1 2] n—k—1
(1 —p ) " 2 Cn,t+kC:;,z+k N 2 ”‘t+k“t+k+Rm

t=1 t=1

where the remainder term

p—2 n—1 n—1
R, = Cnnln 2 Cn, k+18n k1T Z us,, i+t Z Cnot1ty
t=k+1 t=k+1

tends to 0 in L by part (iii) with k = 1. Therefore,

1
n

for all fixed k > 0. Part (iv) of the lemma follows by combining (37), (38), and the
law of large numbers for n~! 7 u;uy of part (i), which applies in view of the
fact that k is a fixed integer independent of n.

For part (v), using (11) to expand z1;—; and z;—1, we obtain the following
rates of convergence for the elements of the matrix Z:’:—lk 21-12;4, for each fixed
k>—1:

n—k—1

/
Z Cnt+kCn rpk —
t=1

n—1
2 -0 asn— o0 (38)
=k+ L

1
In,

n—k

Y 2tz = 0, (p™). (39)

t=1

n—k n—k
max{ D L1224k Y, Zzz_121t+k} =0, (p"). (40)

=1 =1
The first part of (40) can be deduced by (11) and the bound

n—k—1
/
Z Xt—1Cn, r4k+1

=1

n—k—1
2

L =1

 fi2 12
cc¥ zpzf) — o). an
t=1 \j=0

1/2
(Bl P flgnsen )
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where C = trX,/+/p?—1. Since k is fixed, the second part of (40) can be
deduced by an identical argument. For (39), the identity z;4x = Pz 1+
H) 2}‘20 ph=i u;yj for all k > —1 (when k = —1 the empty sum is equal to 0)
yields

n—k x| ok koo ! Xy
Zzlt—lzlt-‘r-k Zzlt 1+ x| Z Xr—1 ZP Y |7
Xn j=0

=1 =1 B
k1 2
_ Akt n
P i+ 0, (0"),
=1

where the last order of magnitude is obtained by the same argument used to prove
(40). Now (39) follows by direct computation of Z;:lk E||x;—1||*. For the remain-

ing element of 2;:1" z,_lz;+k, recalling that zo, = 0 and using (11) and part (iv),
we obtain as n — 00,

1 n—k—1 (R’é-xIl)/ 1 n—k—1 , <R;£xn)
22t—122t+k = - N T
PR ol ) 7 & Salnreen (T
L, (R X () )’z (R X(p) ) 42)
Pt U IX (o) T IX (o)l

The determinant of the matrix Zf;f 21—12;4 is given by

n—k n—k—1
D, = <Z th—lth+k> < D Z2t—122t+k>
=1 =1
n—k n—k—1
—(2121—121t+k>< z 21— 122t+k>
t=1 =1

_ (n§Z1z—1ZIt+k> < i 122,+k> {1 +0p(n—1)}_ 43)

t=1

Using (39)—(43), the inverse of the signal matrix is given by

-1
—k
S 1 >z 1 g 12204k — Xpe 1 ' Zi— 12004k
sz lzt+k n_lD k
n

— ] 2212114k Z,:l Z1—1211+k

-1
- = —k—1
n (z:l:] th—lth-i—k) —O ( 2n En
X th—112t+k>
—2nyn—k —k—1 -
_Op (p nx?:] n (ZL] Z2I—1Z2l+k>

X ZZt—IZIH-k)
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where the last equality holds up to 1+ O, (n_l). Thus, for each fixed k > —1,

(ijgle_IZ;Jrk)_l . |:1+0p (:l)} Op (np—zn) Op(p7™") )_1] ’

n - 1 en—k—1
Op (p™") (ﬁle 221 —12214k

44)

and the result follows from (42).
For part (vi), after a long but elementary calculation, the identities

n 2 l 2 n n 2
int—l =p2_1 xin—ZPZXit—luiz—Zun )

t=1 t=1 t=1

n 1 n n n
2 Xt=1X2t—1 = 7102 1 <xlnx2n —P 2 Xlt—1U2t — P Z X2r—1U1r — Z ”1[”2:) >
- =1

t=1 t=1 t=1

n n n n n

—(n—t+1 . —1—
3wt =xin 3, p~ T D — o7V g - Y < > p YLm) Ujt,
=1 =1 t=1

t=1 \s=t+1

for each i, j € {1,2} yield the following expressions for the determinant and trace
of the sample moment matrix:

p—2n , 1 p—2n ) n ) ) n ) n
det (X X) = 2 1n 2 Uy +x2n 2 uyy _lenxzﬂ z Wyruos
n (p2=1)" 7 =1 =1 =1
1
~or ()
1
o Ay (X1 (0202 + X2 ()0 =2X1 () X2 (p)o1a| - (45)
p2—
2 P o 1 2 2
—2n / _ —n
p~r (X'X) = pE (xln—l-xzn) +0,(p™") = o [Xl (P)"+X2(p) } .
(46)
The asymptotic behavior of the eigenvalues of X’X can be obtained from (45)
and (46):

Amax (X'X) = % [tr (X'X)+ \/ (trX'X)? — 4det (X/X)]

det (X'X)

=t (X'X)+ 0, «X'X)

>

Amin (X'X) = % [tr (X'x)- \/ (trX’X)* —4det (X’X)]

_ det(X'X)

det (X'X)?
T tr(X'X) +O

(tr (X' X))?
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Combining the above expressions and noting that tr(p~2"X'X) —p 1X(p) 12> 0
a.s., we obtain
log Zmax (X'X) tr (X'X)log [p?"tr (p~"X'X)]

I (X'X) det (X'X) +op ()

_ 2(logp)tr (p~2"X'X) 40 (tr(X’X) )

—1p=2ndet (X'X) det (X'X)
2(logp) (p*—1) [X1 (0)* + X2 (p)?]
03 X1(p)* +0{X2(p)* =2012X1 (p) X2 ()

IX (p)I1?
= 2(logp) (p2 —1) X (p) R zpuRzX(p)

p

by (45) and (46), as required. Almost sure positivity of the above probability limit
is ensured, since p > 1, || X(p)|| > 0 a.s. by Assumption 1 and Rz ZM’R% is a
2

positive definite matrix.

Proof of Lemma 3. Using (12) and changing the order of summation, we
obtain

1 "= —1 k n—k—1

k n

> (it Our) =L S 57U (4 @u)

=1 =1 j=t+k+1
—k—1

NG

23S 0 ow)
=— p Y (ujQu
\/ﬁj:k+2 =1 e
k n

P

T

(uj @ yj) = p* 2 M. 7
J=k+2 J=k+2

recalling the definitions (14) and (33): #,; = n_l/zuj ® y; with y; =
Z{;le p“iuj_i. Since y; is Fj_x—1-adapted and E(]|u; ||2||u.,~+,~ %) < oo for all
i,j =1, n,,j is a square integrable F;-martingale difference array and the limit
distribution of 2 —k427n,j can be derlved by a standard martingale CLT; e.g.,
Cor. 3.1 of Hall and Heyde (1980). Using part (ii) of Lemma 0, the conditional
variance of ijk 42 7n,j 18 given by

n

1 1
Z E]:j—] (nn,jni/’l,j) = n 2 |:E~7:j—1 (”J”}) ® l//j/}

j=k+2 j=k+2
P (24 ® L)
=Z® z Wiy T,

M j=iy2

as n — oo for each fixed k > 0. Combined with (47), the above limit yields the
required asymptotic variance. For the Lindeberg condition, F;_;-measurability
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of y; and the inequality {llu;||lly; |l > vnd} < Ullw;jll > n'/ 46} + Il >
nl/ 4\/5} yield the bound

> Bz (sl sl > 6}) < i+, 48)
j=k+2
where
1
no=r 3 il e (o P1{fl > n4V5)).
J=k+2

b= 22||w,~||21{||w|| > 0o B (|lw?).

Since IE]:J._I (||uj||2) =tr(X,), Ir(n) > 0in L; by U.L of the sequence {||1//j||2 :
J < n}, established in part (i) of Lemma 0. To show that /1 (n) =, 0, let

no = max & (| 1{ ]| > n'/*V5} )

1<j<n

By (6) we know that x,, s — 0 as n — oo for any J > 0. We may obtain a bound for

”2 —1/2

I (n) by using the identity 1 = 1{[[y; 1% > x, "} + 1{lly; > < &, 5'*} as follows:

> IwlP sl > sy Er, (Il

j=k+2
vy 8 B (Jull 1 ol > n'4v3)).

Since, for any ¢ > 0, zcn_,(l;/z — oo asn — oo and Ej:j_l (llue; |?) is constant, taking

expectations and using (34) and (6) we obtain

1
I (n) < —
n

_ipl &
11 ), < X E (s [P 1 {Jes | > n'4V/3} ) +0 1)
j=k+

< syl > max B (|l | 1{[Ju;]| > n4V5}) +o0(1)

1<j<n
=5 +o(l)=o(1).
Since both 71 (n) and I(n) tend to 0 in Ly, (48) implies that the Lindeberg condi-
tion is satisfied.

Proof of Theorem 1. Using the representation H,, =
with k = —1, we obtain

‘ [xn, Rn x, | and (44)

B Hxn
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t=1

-1

1 n n 1 n
= {1—}- 0, <7>} Op (P Yuxi_y ) 07" X3y = X uza

n t=1 t=1 n3

—1

1 el 1 & 1 ,

= 1+0p ; Op ZZzt 1 " ZMrZ2t—1+Op ; Hn
t=1

ivo, (MW (s 2.) 1i g, 49)
a ! n ! t:lzzz_1 nz:lutzzt_l ”xn” %’

since [p™" Sy ux/_yllL, < (@E)'PpT S Ellx—1H)'? < wZy/(p* ~
1)3/2. Using (11) and the second identity in (36) we can write

1 1=l 1
— = R, o, =
w & = 2 g+ 1’( >

=1 n
1n—1 ln—l X
—1 / / n
— s, + — u Rz
<I’l 2 1% n 2 IC",I-H 5 ”xn”

=T B Ry ”+o,,() (50)

by parts (i) and (iii) of Lemma 2. Combining (49) and (50) we obtain

D < / < / - [ / 1 g / - /
R,—R= ZM,x,_l fo—lxz—l = ;Z”lzz—l ;Zz,_lzt_l H,
t=1 t=1 t=1

B —R=—p (R’;X(P)>/ T, RzX(p)| _ RzX(p) (R’;X(p)>/
" IX ()l ) p2=1 1X (p) “IxX I\ Xl
+o,(1)
p2—1ZuRz X (p) X (p) Rz

= = +0, (1
P X(p) Ry Rz X (p) p )

by Lemma 1 and (42) with k = —

Proof of Theorem 2. For the limit density of p, define ¥ = —a, z i 2 with
1

a, = %, and observe that Y = —a,,h%, where

IS ( 2)_1/2
h= {hz} M g+ (51)
is uniformly distributed on the sphere 2’h = 1 (cf. Phillips, 1984). Using the rep-
resentation (1, hy) = (cos@, —sind)), we have Y = —a, cos?# and so

-y 1/2 _y) /2
dY/df =2a,cos0sint =2a, 1——
ap ap

=2(=1)"2(a,+7)">.
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A full range of values of h% is accommodated by restricting the domain of 4 to the

subinterval [0, 7 /2]. Over this domain, 8 is uniformly distributed with density %
We deduce that

’ 1

pde(y) 7T( y)l/z(a +y)l/27

fory e (—ap,O) .

This density is that of an arc sine law and is shown in Figure 1 for p = 1.04 and
a, =0.078.

Next, for the limit density of /8, define Z = a, 53'%2 Using (51), we have

Z =ayhihy = —a,cosfsind = —a, sin(20) /2,

so that the Jacobian is
4 12 1
dZ/d0 = a,cos (20) = a, {1 - 222} - {ag —422} .
a
p

Again, we can restrict the domain of 6 to the subinterval [0, z /2] with density %,

as the Jacobian involves only Z% = aﬁh%h% and is therefore invariant to the sign
of hyh,. It follows that the density of Z is

2 |do 2 1 a, a
pdf; === ~———773" forze(—i,fp),
T|dZ| =« {a2—422}/ 272

P
as stated.

Proof of Theorem 3. For any fixed k > 0 orthogonality of the matrix H,, and
(44) yield, up to 1 + O, (n™ "),

1 n—k =1
/ /
Ryx—R= 2 UrZy g - D u-1Z4 | Hy
=1

| n—k [Op (np_z") 0p (p™)

=- Z Ug [th+ka221+k} -1 | Hy.
e Op (p™") (n_l Yokl Zzt—122t+k) !

Recalling the definition of zj, and zp, in (11) and (12), Z?z_]k uiZ14+k = Op(p")
because Y~ _lk urx; ;= Op(p") by using an identical method to the bound in
(41),and 3177 M[Z2[+k =0 (nl/z) because 22, =0a.s. and Y} —k=1 url,
0, (n'/?) by Lemma 3. The above asymptotic orders yield

gkl =

—k—1
R —R= 1 2?:1 22t+kuz
n, —_—

" Op (”P_n) 12’

- +0,(N 1 H,:, (52)
Y 212004k

https://doi.org/10.1017/50266466612000709 Published online by Cambridge University Press


https://doi.org/10.1017/S0266466612000709

INCONSISTENT VAR WITH COMMON EXPLOSIVE ROOTS 833

where 1, = (1,1). Since H, = O, 5.(1) by Lemma 1, the IV estimator becomes

R 1 n—k—1 ln—k—l -1 X 1
—_ /
\/E(Rn,k - R) = UrZor4+k (1 Z 22t —1221+k mR% +0)p (%)
t=1 n
/
LG—k—l w! R%X" R%X"
m 2=l ikt | T T

o (7% Rm) 0 (%)

/
1 yn—k—1 ’ 2
] ) 7 2= Cmt%,z+k+1< [EA]

(53)

Given an integer-valued sequence (m,,),cN satisfying m, — co and m,/n — 0
as n — oo, define the sequences

—k—1

=

mpy . 1 k
Xmy =2 puj and Upp=—7= Y (Coitk+1®u;). (54)
=1 ﬁz=2m"+1
By Lemma 1 and direct calculation,
2

Xn—Xm, 2as.0 and

1 n—k—1

ﬁ 2 (Cn,t—i—k—&-l ®ut) —Unk
t

1

Ly
(55)

Lemma 3 then implies that U,y = U as n — oo, where U is a N (0, (p2 —
1)"!'2, ® £,) random vector. Therefore, using (55) and applying Lemma 2(iv)
to the denominator of (53) yields

R%an R%an ! I

\/_ Ié ) — it ) | ||an|| ||an|| ® 2
nVeC( nk — ) = —p (p - ) Rlxmn / Rlxmn
o zu 2

< ”an” ) ( ”Xm”“ )
RzX(p)X (p) R ® I

(pz_ ) 2 — 2 U.

X (p)' Ry TuRz X (p)

Un,k + Op (1)

o k]

(56)

If (| Xom, 11 Un.k Dn>1 is @ U.L sequence, E(X (p)U’) = lim,— 00 E(Xp, Ur;,k) =
0, so X(p) and U are uncorrelated. It remains to show the required uniform
integrability. If (6) is replaced by the stronger condition that (||u;|?)/exn is a
U.L. sequence, uniform integrability of the sequence (||X,, ||2)n21 can be es-
tablished by using an identical argument to the proof of Lemma 0 (i). Since
E|Unil? < ¢ = (Z,)?/(p — 1) for all n, letting Gz = { Xm, |1 Unll >
A}, Cns = {1 Xm, Il > A1/2} and D, ; = {|Us x|l > 2'/?} the Cauchy Schwarz
inequality yields, as 4 — oo,
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2
sup [E ([[Xm, | [Un k]| 16,.,) | = e s E (]| Xm, | 16,
n>1 n>1

<csupE (men Hlen,z) +csupE (”an 21Cn,/l)
n>1 n>1

2
= cz;};ﬂi [||an |"1p,, (1Cnﬂ +1€;,ﬁ)} +o(1)

. 2 1/2
< csup[E (X" 1c, 510, ) + 2P (Dn)
+o0(1)

2
gcrslli;])E(HanH lc, ;) + wz“’“) o(1),

where the bound /II/ZP(Dn ;) applies by noting that C¢ wI T = {1 X, |l < yRYa!
and the last line by the Chebyshev inequality and umform integrability of
1 X, P 1-

If, in addition, (#,) is an m-dependent sequence, U, x and X, in (54) are in-
dependent, so U and X (p) are independent random vectors, and the limit in (56)
has the mixed normal distribution given in (23).

Proof of (24). Using the identity i,y = u; — (I%n,k — R)x;— for the residuals,
the estimator of X, can be written as

1 &, . 1 & 1
- ity = — Zuzu,—fzum 1 (Rux—R) —n( ok — )sz 1)

t=1

l
+l’l( nk — )zxt 1xt 1( nk_R)/ (87)

The consistency result in (24) w111 follow from Lemma 2(i) and
1 n
- utku,k— ZMZu +0,p ( _1/2). (58)

=1 =
To show (58), using the orthogonality of H, and (52) we obtain

n
( nk = )zxt Wy = ( nk— )HnZZt—ll/t;
t=1

Op (”p_n) 1y,

{z; 131t— lu[:|

zt 1%2t— lu[

0 f 2okt + O (12)]

1
; —1~vn—k
N ) 22—122+k

0, (D I+ 1 (Z:’;lkzzwrkut) (28, zor—1u})

n-! 2;:1/( 20— 122+k
=0p(n'?) L, (59)
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since Y zi—1u; = Op(p") by PM, X! | zo,—1u; = Op(n) by (50), and
Z;':_Ik 224kUty = Op (n'/?) by Lemma 3. This shows that the second and third terms
of (57) have order O, (n~1/2). For the last term of (57), the identity

l n n
Z)ct 1.Xt 1= p2 { Z)ct ll/lt ZI/ttx;_l— Zutu;},
t=1 t=1

the fact that R, x — R = O, (n~"/?), and (59) imply that

1 A
(Rn = ) Svmr3is (o= R) = 5 (o= R) o 1

X (Ién,k - R)/ +0,p ().

Since 2, = (141, 0)' = Ou s (p"), (52) yields
~ 1 —n
(Rn,k - R) Hyz, = ;Op (l’lp ) ||xn|| 12 = 0[7 (1) 12.

This shows that the last term of (57) has order O, (n_l) and establishes (58).

Proof of (29) when X, # 0. Letting v, = (us, €)', Fp.s = 0 (01,01, ...) and
replacing u; by v; in Assumption 1, we can show that

1
leu@) Ze) s (60)

1 n=l
ﬁ t; (Cn,t+1 ®3t) =N (O, P

where X, and X, are defined in (30). The proof of (60) is identical to the proof of
Lemma 3. Using (44) and proceeding as in the proof of Theorem 3, we obtain

. 1=l 5 -1 1 =l / »
\/E(An _A) = <n z Zg,) (\/ﬁ z tZZI) x|l % +0p (D

t=1 t=

1 n=l , RAX”X’R/
= ﬁ 2 81(n,t+1
t=1

/1
/R 7 L 1Cnt+lfnt+1R1xn

-+ % L\ ReKu X R
—l=l En,i41 +o,(1),
Vit ) X5, Rl ZuR g X,

where m, and X,,, are defined as in the proof of Theorem 3. The proof then
follows by (60), and asymptotic mixed normality is ensured by the independence
assumption on the sequence v;.
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Proof of Theorem 4. Proceeding as in the proof of Theorem 3,

-1
n

~ 1 1 &

/ /

A, —A=-— E erx_q | — E Xt—1X;_4
n[:l nt:l

n - 12 X!
— 2
=1|n 2Z2[—1 - 28[Z21_1 7}17\)’/% +0p (1)
t=1 n,= [lx 1l

Rz X (p) X (p) Rz
X (p) Ry TR X (p)

1 n
== [nto, ] (p*=1) | - X ety G

t=1

by Lemma 2(ii). Using the identity ¢, ; = p_l (tty + Cn.1+1) We obtain

1 & g1 g1 &
ZZEIC;QJZP 1; th”;"'P 1;2&(;;,&1_)17 Zeus (62)

t=1 t=1 t=1

sincen™! 37, &y 41— 0in Ly as in Lemma 2(iii). The result follows by com-
bining (61) and (62).

NOTES

1. The argument given in the proof of equation (26) of PM is incorrect because the sum is not a
martingale. However, upon reversion, as discussed in the Remark above, an MGCLT applies and the
stated result in PM holds.

2. We refer to Stout (1974, p. 207) for the definition of m-dependence.

3. Itis already known (e.g., Fischer, 1993) that dynamic stability conditions can violate weak exo-
geneity in cointegrated VARs. The present results show that dynamic timing and dynamic instability
can induce endogeneity in the regressors of a multivariate comoving system.
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