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lection forecasters face increasing turbulence in
their relevant environments, making predictions
more uncertain, or at least apparently so. For US
presidential contests, economic performance and
candidate profiles are central variables in most
statistical models. These variables have exhibited large swings
recently. Before the 2008 US presidential election, the econ-
omy fell into a Great Recession, and the candidate of one of
the two major parties was, for the first time, a black man.
These unprecedented conditions were trumpeted in the media,
with heightened frenzy over the “horse race” question of who
was going to win the White House. In the press, many fore-
casts appeared, taking different forms—polls, models, mar-
kets, pundits, to name some—offering a broader range of
possible outcomes than ever before. Just looking at the pre-
dictions of the statistical modelers alone, we find that for 2008
many teams offered estimates of the incumbent (Republican)
vote, ranging over an 11 percentage point spread. At one
extreme, Lockerbie (2008) forecast 41.8% while at the other
extreme Campbell (2008) forecast 52.7%. Of course, other meth-
odologists offered their own, different, forecasts. The media,
in its various forms, added to the hyperbole, aggressively
reporting different forecasts on an almost daily basis.

In this climate, which continues with the 2012 campaign, it
becomes difficult to know which way the presidential wind is
blowing, even among—perhaps especially among—professional
forecasters. In the following text we begin with a discussion of
the role of the economy and how it will play out within our
standard Jobs Model, which we have used to forecast presi-
dential elections since 2000. Then, we propose a radical alter-
native, the Proxy Model, which explicitly relies on empirics
rather than theory for its forecasting thrust. Next, we offer an
alternative approach for releasing forecasts—“nowcasting.” We
have increasingly relied on nowcasting as a response to media
demands for news, that is, for changing predictions as the
election approaches. As shall be seen, by various measures,
President Obama looks to have a fight on his hands this fall.

THE JOBS MODEL

The Jobs Model elaborates on the core Political Economy
Model dominating the statistical forecasting literature (Lewis-
Beck and Tien 2011). It reads as follows: Vote = Presidential
Popularity, Economic Growth x Incumbent Interaction, Jobs
Creation, Incumbency Advantage. During recent US presiden-
tial elections, this model has been tested in numerous ways:
first, in unconditional, ex ante trials, for each of these elec-
tions, and second subjected to multiple diagnostics. Of partic-

d0i:10.1017/51049096512000893
https://doi.org/10.1017/51049096512000893 Published online by Cambridge University Press

ular interest here is assessment of its step-ahead forecasting
properties, compared to the baseline core Political Economy
Model, vote = f (Presidential Popularity, Economic Growth).
Seven elections (1984—2008) were forecast step-ahead, using
this Core Model and our Jobs Model, that is, using 1952-1980
data, we forecasted 1984; then using 1952-1984 data, we fore-
casted 1988, and so on, through subsequent elections. The Jobs
Model rendered a small step-ahead forecasting error, with an
absolute average = 1.48. The Core Model, in contrast, yielded
a larger step-ahead forecasting error, that is, absolute aver-
age = 2.05. [For details, see Lewis-Beck and Tien (2008).]

In sum, the Jobs Model seems theoretically and empiri-
cally strong, especially by comparison to the Core Model. What
does it say for 2012? The model appears in table 1 (column 1).
Observe that the fit-statistics are strong, in particular the stan-
dard error of estimate = 1.58. The measures are detailed at the
bottom of table 1, and include observations through the 2008
contest. On the negative side, these indicate a president with
limited popularity (45%), who presides over lackluster eco-
nomic growth (0.70% non-annualized) and poor job creation
(1.97%). On the positive side, Obama is in the White House, so
can expect to benefit from an incumbency advantage. All
together, these conditions yield a forecast of 48.2% for Presi-
dent Obama. (See the full estimated equation with 2012 val-
ues inserted, in table 1, column 2.) This result suggests a loss
for President Obama. Does that forecast change if we offer a
forecasting model with a different structure, as we do next?

THE PROXY MODEL

US presidential election forecasting models abound. [See the
recent review in Lewis-Beck and Tien (2011).] Almost without
exception these models base themselves on substantive expla-
nations of the presidential vote. The proxy approach, how-
ever, does not depend on a substantive theoretical model.
Instead, it rests on identification of a variable that empirically
proxies the presidential vote. Through location of such a proxy,
precise prediction of that vote share becomes possible. Proxy
variables are standard econometric fare (Kennedy 2008, 3). If
a variable is unobservable, as is a future election outcome,
then a proxy for it may be sought. For the proxy to be a good
one, it must correlate highly with the unobserved variable. In
a forecasting context, that means the proxy must approach
empirical redundancy with the variable proxied. One example
of a proxy model in presidential forecasting comes from the
French case (Lewis-Beck, Bélanger, and Nadeau 2010). Here,
we use a Proxy Model to forecast the US presidential election
outcome.
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Table 1
The Jobs Model Forecast, 2012

2012 JOBS 2012 JOBS

MODEL MODEL VALUES

Constant 32.74* 1
(17.25)

Pres. Popularity 0.25% 45
(7.82)

GNP+ E 1.52* 0.70
(4.44)

Jobs 0.51* 1.97
(3.38)

Incumbent Party Advantage 2.17% 1
(3.96)

Forecast for Incumbent 48.2%

R-square = 0.95; adj. R-square = 0.93; SEE =1.58; D-W=142.
Dependent variable = presidential party share of the two-party vote.

Pres. Popularity = presidential popularity, as measured by the first Gallup Poll
in July of the election year.

GNP = Gross National Product, as percentage change (non-annualized) in GNP
(constant dollars) from the fourth quarter of the year prior to the election to
the second quarter of the election year, data from the Survey of Current Business.

E = elected president running (scored 1) or not (scored .5).

J=jobs growth, in percentage change in jobs over the first 3.5 years of the
president’s term; the entries are calculated as follows: (number employed in
June of the election year —number employed in January of the inauguration year)/
(number employed in January of the inauguration year) x 100. The employ-
ment numbers are from the Civilian Labor Force (16 years and older), reported
in the Bureau of Labor Statistics' Current Population Survey of Households
(not seasonally adjusted).

Incumbent party advantage = scored 1 if the incumbent party candidate is the
elected president (1956, 1972, 1980, 1984, 1992, 1996, 2004) or following a
president who died in office (1948, 1964), scored O if the incumbent party can-
didate has a tolerable relationship with the previous president (1952, 1976,
1988, 2008), scored -1 if the incumbent party candidate and the president are
not united (1960, 1968, 2000).

R-squared = the coefficient of multiple determination; the Adj. R-squared = the
R-squared adjusted for degrees of freedom; SEE = the standard error of esti-
mate; D-W = the Durbin-Watson test; * = statistical significance at .05 one-tail;
the figures in parentheses are t-ratios; N=the 15 presidential election obser-
vations, 1952-2008.

Our proxy notion expresses itself in the following equation,
Vote = f(Vote Proxy) (1)

where Vote = the two-party popular presidential vote share;
Vote Proxy = an observed indicator of the unobserved vote.
We offer as a proxy the National Business Index (NBI), yielding

Vote = f(NBI) (2

where NBI = the percentage of respondents who say “busi-
ness conditions are better” minus the percentage of respon-
dents who say “business conditions are worse,” as measured
in the national University of Michigan Survey of Consumers.
This variable shows itself to be quite sensitive to actual US
business conditions. For example, in April of the Great Reces-
sion year of 2008, it achieves its maximum negative value over
the series, at —81 (meaning respondents overwhelmingly see
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worse business conditions). At the other extreme is its maxi-
mum positive value, at +47, registering the prosperous year
of 1984.

This NBI, measured in April six months before the Novem-
ber election, correlates highly with incumbent vote share,
r = .83. Figure 1 shows this strong link, in a scatterplot over
the election sample, 1980-2008. From a forecasting perspec-
tive, the six-month lead time offers considerable advantage.
First, its high accuracy comes at an impressive distance from
the election itself, far from the trivialities that day-before (or
month-before) forecasts offer. Moreover, this longer lead per-
forms better empirically than the commonly used three-month
lag (r = .70). The strength of the six-month lead comes as no
surprise. Other forecasting work, in the US, UK, and France,
suggests it is optimal (Gibson and Lewis-Beck 2011; Lewis-
Beck and Rice 1992; Lewis-Beck, Bélanger, and Nadeau 2010).

The regression estimation (ordinary least squares) of this
Proxy Model yields the following:

Vote = 51.67" +.09" NBI,_, + e (3)
(48.23) (3.69)

R-sq. = .69, Adj. R-sq. = .64,
SEE = 2.96, D-W =2.45,n =8,

where the variables are defined as with eq. 2; the asterisk indi-
cates statistical significance at .05, two-tail; the figures in paren-
theses are t-ratios; the R-squared = the coefficient of multiple
determination; the Adj. R-squared = the R-squared adjusted
for degrees of freedom; SEE = the standard error of estimate;
D-W = the Durbin-Watson test; n = 8 observations on US
presidential elections 1980-2008.

The Proxy Model of eq. 3 has promising properties. In addi-
tion to the fit statistics (of the R-squared, the Adjusted
R-squared, and the SEE), it is worth examining the error pro-
duced from predicting the individual elections under study.
Here are these within sample errors: 1980 = —1.06,1984 = 3.49,
1988 =1.33,1992 = —1.61, 1996 = 2.39; 2000 = —5.08; 2004 =
—1.02;2008 =1.56. Note that the most extreme NBI year, 2008 =
—841,is still predicted with little error (less than 2 points). Fur-
ther, we see that, with the exception of 2000, the winning party
is correctly predicted, although one could argue that the 2000
popular vote winner was correctly predicted. Moreover, the
exceptional case itself encourages acceptance of the model,
because virtually all forecasting efforts for the Gore-Bush con-
test were far off (Lewis-Beck and Tien 2001b). In addition, a
healthy distribution of residuals can be observed, with four pos-
itive and four negative signs. Overall, we see the mean absolute
error (MAE) is only about 2.19 points. And, if the series is
trimmed, by removing the curious 2000 case, the MAE falls to
1.78 points. These results suggest that the model can pick the
winner in all but the closest races.

A final diagnostic is that its fit could not be improved,
despite the addition of other obvious variables, that is,
incumbency and presidential popularity, at different lags. In
particular, note that presidential popularity fails to add sig-
nificantly to the model because of its high collinearity with
NBL e.g.,r = .851in October. The interesting implication is
that the effects of popularity are absorbed by NBI. Also, the
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Figure 1

Two-Party Popular Vote and April NBI, 19802008

lier period) are of no value. This
problem, of what might be
called the “one-shot cannon,”
carries special frustration for

the media, who routinely ask
the forecaster “What does your
model say?” only to be told “too
early to say” or “same as when
you asked me last time.” Now-
casting offers a solution effec-
tively making the model a
“multiple-shot cannon,” with
public forecast releases occur-
< ring regularly.

An election “nowcast” pre-
dicts what would happen if the
election were held “now.” [We
developed this nowcasting idea
earlier in the forecasting of
British, then French, elections.
See Lewis-Beck, Nadeau, and
Bélanger (2010, 2011).] Thus,
the nowcast acts as an invalu-
able early warning device, sig-
naling what will come to pass
unless things change. The now-
cast comes from the statistical
forecasting model, whose pa-
rameter estimates are held valid
across current moments. That is,
the model (with its fixed con-
stant and slope values) predicts

the election outcome based on
current (changing) X values, as
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effects of the macro-economy appear transmitted by NBI, for
example, for the correlation of NBI and GNP growth, r = .68,
in October. [Nadeau and Lewis-Beck (2001), show that NBI
outperforms standard macro-economic measures in predict-
ing presidential vote support.] One implication is that the
strong correlation between presidential vote share and NBI
is far from spurious. Instead, NBI succeeds in empirically
capturing fundamentals that operate on voters, such as pres-
idential popularity and the macroeconomy.

NOWCASTING

Current election forecasting models share two aspects of the
all-important time dimension. First, these issue uncondi-
tional forecasts months before the election. In other words,
they are true forecasts. Second, these almost all offer only one
unconditional forecast, typically two or three months before
the election. In other words, these forecasts put all their eggs
in one basket. This approach has scientific merit, resting on
the assumption that the proper model specification is fixed,
with a specific lag structure. However, taken literally that
means “preliminary” forecasts from the model (from an ear-

https://doi.org/10.1017/51049096512000893 Published online by Cambridge University Press

the final contest approaches.
Nowcasting, then, is dynamic,
and election predictions may be
issued on a quarterly, monthly, or even daily basis with updates
until the actual election. We have applied a nowcasting strat-
egy to our Proxy Model, on a monthly basis, since November
2011. (See the Monkey Cage blog, where these nowcasts regu-

larly appear.)

NOWCASTS FROM THE PROXY MODEL

The Proxy Model has several desirable properties as a fore-
casting equation: complete parsimony, long lead time, ease of
replication, and good model fit (Lewis-Beck 2005). In nowcast-
ing, we simply apply the Proxy Model as if the election were
upon us—this month, or next month, or the month after—
generating a series of nowcasts stretching to the actual elec-
tion. To illustrate, let us use the Proxy Model to generate a
nowcast, assuming the current month is November 2011, as
mentioned above. Then, the equation estimates the (Novem-
ber 2011) election outcome from the NBI six months before
(April 2011), as follows:

VOteNov 2011 5167 +.09 (7 8)

= 50.95 Nov 2011 nowcast.

(4)
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Table 2

The Proxy Model, Nowcasting the 2012 US Presidential Election

Nov DEC JAN FEB MAR APR MAY JUNE Jury AUG SEPT  OCT NovV

2011 2011 2012 2012 2012 2012 2012 2012 2012 2012 2012 2012 2012
Better* 40 48 42 34 22 22 22 27 36 44 46 52 51
Worse* 48 46 48 58 69 68 67 64 52 47 45 37 40
NBli_g** -8 2 = -24 -47 -46 -45 =g/ -16 =3 1 15 1
Nowcast for Obama*** 51.0 51.9 511 496 474 475 476 48.3 50.2 514 51.8 530 52.7

*Data from Survey of Consumers, University of Michigan, Table 12: Current Business Conditions Compared to a Year Ago. The question was: Would you say that at the

present time business conditions are better or worse than they were a year ago?
**NBI is percent who answered better minus percent who answered worse.

***Nowcast was calculated from following equation:

Incumbent Party Popular Vote,ent montnh = 51.67 +.09 NBI;_¢

On the basis of the nowcasts around the turn of the year,
President Obama looked like a winner, although the margin
of victory was quite small. Over the initial three months of
nowcasting (November, December, and January) opinion
changed little, with Americans almost evenly divided on
whether the economy is getting worse or better. To that point,
the economy appeared “just good enough” to put Obama back
in office. These results provided an early warning signal to
Republicans,implying thatunless things changed they will not
occupy the White House this coming fall. Of course, things did
change, as our subsequent nowcasts show. In table 2, we see that
beginning in February the tide turned against Obama. Since
that time our nowcasts put him in the losing column, until the
July nowcast, which put him at 50.2% share of the two-major-
party popular vote. The October and November nowcasts had
Obama with 53.0% and 52.7% percent, respectively.

THE VOTES-TO-STATES EQUATION

In forecasting the election we observed different estimates,
depending on the model chosen (see tables 1 and 2). Our
standard Jobs Model issues a losing popular vote forecast
(48.2%) for President Obama. However, beginning with the
July nowcast from the Proxy Model Obama shows a major-
ity. By November, the final Proxy Model nowcast gives Obama
52.7%. In sum, according to these forecasts, the popular vote
will be close, with a possible win for Obama. Of course, these
popular vote forecasts ignore what ultimately counts—the elec-
toral vote. As we observed some time ago, in the modern US
presidency these two measures are tightly linked, r = .96
(Lewis-Beck and Rice 1992, 24). Indeed, currently it is even a
bit stronger, r = .97.

This tells us that popular vote share should predict elec-
toral vote share well, as it does:

Electoral Vote = —200.15 + 4.91 Popular Vote (5)
(—11.88) (15.27)

R-sq. = .94, Adj. R-sq = .94, SEE = 6.96,

D-W =1.44, N =16 (1948-2008).
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Using this regression equation, we can predict the electoral
vote share. We observe that virtually any popular vote predic-
tion under 51% generates a losing electoral vote prediction for
Obama. For example, if Obama is predicted at 50.9%, then the
predicted electoral vote share = 49.8% (268 electoral votes).

Such a result (less than 51%) for Obama would be poi-
gnant, since “votes-to-states” ratio, as we call it, forecasts a
popular vote win and an electoral vote loss. In other words:
the Gore result. Under this scenario, Obama would fall into
the “win-lose triangle” or an “undemocratic window” that we
earlier identified (Lewis-Beck and Tien 2004). That s, the small
triangle in the bivariate regression scatterplot formed by the
coordinates (x =50,y = 49) and (x = 51,y = 50), where x = the
popular vote share (%) and y = the electoral vote share (%). In
this unique unlucky region, a presidential candidate “wins”
the people but “loses” the country. (Fortunately for the func-
tion of our democracy, candidates almost never fall into this
triangle. But perhaps, as some electoral rules critics would
say, “almost never” is not enough.)

CONCLUSIONS

According to the Jobs Model, President Obama appears des-
tined to lose his job. However, given the error inherent in
such a “close-call” forecast, we challenge it in various ways.
First, we offer the Proxy Model, which radically abandons
theory for empirics. With only one variable—subjective assess-
ment of the national economy—it fits the data well. When
used to generate nowcasts, the Proxy Model consistently shows
Obama in a tight race but pulling ahead in late summer. Indeed,
the final nowcast of the Proxy Model shows Obama winning
with 52.7%. By way of comparison, the final forecast with the
Jobs Model, sees Obama losing, with 48.2% of the vote. Which
model to choose? Choosing between the two, science favors
the Jobs Model, for the following reasons. First, it is based on
a larger sample of elections. Second, it has better fit statistics.
Third, it is based on strong voting theory, especially referen-
dum and economic voting theory. Finally, it incorporates indi-
rectly, via the presidential popularity variable, the negative
cost of race that President Obama appears destined to pay. We
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discuss this additional challenge of racial voting in a separate
article in this issue (Tien, Nadeau, and Lewis-Beck 2012).

Of course, we must remember that a forecast of 48.2% of
the popular vote makes for a “close call,” with the prediction
error possibly going in Obama’s favor. However, in calculat-
ing the certainty of the Jobs Model forecast, its probability
stands at 77%. While that level is certainly below the conven-
tional 95%, it still suggests an Obama victory is unlikely. m

REFERENCES

Campbell, James. 2008. “The Trial-Heat Forecast of the 2008 Presidential
Vote: Performance and Values Considerations in an Open Seat Election.”
PS: Political Science & Politics 41 (4): 697-701.

Gibson, Rachel, and Michael S. Lewis-Beck. 2011. “Methodologies of Election
Forecasting, Symposium on the 2010 UK Election.” In Electoral Studies 30
(2), ed. Rachel Gibson and Michael S. Lewis-Beck.

Kennedy, Peter. 2008. A Guide to Econometrics, Sixth Edition. Malden, MA:
Blackwell.

Lewis-Beck, Michael S. 2005. “Election Forecasting: Principles and Practice.”
British Journal of Politics and International Relations 7: 145-64.

Lewis-Beck, Michael S., Eric Bélanger, and Richard Nadeau. 2010. “Election
Forecasting in France: A Multi-Equation Solution.” International Journal of
Forecasting 25: 11-18.

https://doi.org/10.1017/51049096512000893 Published online by Cambridge University Press

Lewis-Beck, Michael S., Richard Nadeau, and Eric Bélanger. 2011. “Nowcasting
v. Polling: The 2010 UK Election Trials.” Electoral Studies 30 (2): 284-87.

Lewis-Beck, Michael S., and Tom W. Rice. 1992. Forecasting Elections. Wash-
ington, DC: CQ Press.

Lewis-Beck, Michael S., and Charles Tien. 2001a. “Modeling the Future: Les-
sons from the Gore Forecast.” PS: Political Science and Politics 34 (1): 21-23.

. 2001b. “Election 2000: How Wrong Was the Forecast?” American
Politics Research 29: 302—06.

. 2002. “Presidential Election Forecasting: The Bush-Gore Draw.” Re-
search in Political Sociology; Sociological Views on Political Participation in the
21st Century 10: 173-87.

.2004. “Jobs and the Job of President: A Forecast for 2004.” PS: Politi-
cal Science and Politics 37 (4): 753-58.

. 2008. “Forecasting Presidential Elections: When to Change the
Model?” International Journal of Forecasting 24: 227-36.

. 2011. “Election Forecasting” in The Oxford Handbook of Political Meth-
odology, ed. Michael Clements and David Hendry, 655-71. New York: Ox-
ford University Press.

Lockerbie, Brad. 2008. “Election Forecasting: The Future of the President and
the House.” PS: Political Science and Politics 41 (4): 713—16.

Nadeau, Richard, and Michael S. Lewis-Beck. 2001. “National Economic Vot-
ing in U.S. Presidential Elections.” Journal of Politics 63: 159—81.

Tien, Charles, Richard Nadeau, and Michael S. Lewis-Beck. 2012. “Obama
and 2012: Still a Racial Cost to Pay?” PS: Political Science and Politics 45 (4):
this issue.

PS ¢ October 2012 629



https://doi.org/10.1017/S1049096512000893

