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Abstract

We examine how management disclosure affects media coverage by analyzing firms’
responses in earnings call Q&A sessions. Using a machine-learning-based “nonanswer”
score, we find that evasive managerial responses reduce subsequent media attention, partic-
ularly from professional outlets generating original content. This supports a supply-driven
view of media coverage: poor disclosure limits journalistic content creation. Reduced
coverage, in turn, is associated with lower investor engagement and weaker stock perfor-
mance. Our findings highlight the critical role of a firm’s information environment in shaping
the level and nature of subsequent media coverage, with implications for broader financial
market outcomes.

I. Introduction

Among different information intermediaries, media platforms reach the broad-
est audience (Zingales (2000)), positioning them to play a pivotal role in financial
markets. Media coverage has been shown to influence stock returns (Fang and
Peress (2009), Hillert, Jacobs, and Müller (2014), Fedyk (2024)), corporate gov-
ernance (Dyck, Volchkova, and Zingales (2008)), firm behavior (Baloria andHeese
(2018)), and financing decisions (Di Giuli and Laux (2021)), and to serve as a
whistle blower in cases of corporate misconduct (Miller (2006), Dyck, Morse, and
Zingales (2010)). However, despite extensive research on the effects of media
attention, relatively little is known about the determinants of media coverage itself.
We aim to contribute to this literature.

In this article, we examine the media coverage of large corporations in the
United States by investigating how the quality of a firm’s information environment
relates to the attention it receives from the media. We test two competing
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hypotheses. Hypothesis 1 suggests that media coverage is demand driven: media
respond to stakeholder demand by increasing coverage of firms with less transpar-
ent or weaker information environment. Hypothesis 2 is a supply-driven view, in
which media outlets, constrained by the difficulty of gathering reliable content,
reduce coverage of such firms.

To measure the quality of the information environment surrounding a firm,
we rely on the literature concerning the informativeness of quarterly earnings
conference calls, as well as recent advancements in computational linguistics.
The Q&A sessions of these calls provide a particularly useful setting for our
study. During these sessions, investors can extract value-relevant information by
posing questions directly to senior management. In responding, management
chooses whether to satisfy this demand for information or to leave the question
effectively “nonanswered.”We quantify the degree of nonanswers in a call using
the nonanswer score developed by Barth, Mansouri, and Woebbeking (2022).
This metric is trained on a data set of Q&A exchanges between equity analysts
and management, and is computed using a bag-of-words model based on a
glossary of 1,364 trigrams. These include phrases such as “[let me get] back to
you,” “[I] do not know,” “[it’s] hard to predict,” “[let’s] wait and see,” “[it’s] too
early to,”which are commonly used to avoid factually answering questions. Such
responses can take the form of either direct refusals, as documented by Gow,
Larcker, and Zakolyukina (2021), or more subtle forms of nonanswers, that is,
beating around the bush by blathering, as outlined in Barth, Mansouri, Woebbeking,
and Zörgiebel (2020).1

We analyze a survivorship bias-free sample of S&P 500 firms from 2007 to
2019, using transcripts of their quarterly earnings calls to measure nonanswer
scores in management responses.We also collect media coverage data fromRaven-
Pack (RP). RP includes millisecond-timestamped media coverage data from tens of
thousands of news sources, including Dow Jones Newswires, The Wall Street
Journal, The Financial Times, Bloomberg, Reuters, Seeking Alpha, as well as
financial blogs such as Zero Hedge and The Motley Fool. Our analysis window
begins the day after each earnings call and extends 60 days forward, capturing the
period until the firm’s next scheduled call.2

We measure media coverage using the following metrics: the number of
unique news sources publishing content about the firm (Sources) and the total
number of media articles published about the firm (Counts). These two measures
capture distinct but related dimensions of media attention—while Sources reflects
the breadth of coverage across outlets, Counts captures the depth or intensity of
reporting activity. Including both measures allows us to disentangle whether
changes in media coverage are driven by shifts in the number of outlets covering
the firm or by changes in the volume of content produced by a given set of sources.

1Barth et al. (2022) validate this measure, demonstrate that the measure is broadly applicable across
industries, captures a wide range of avoidance behaviors, and is associated with negative market
reactions and less optimistic analyst forecast revisions.

2While it seems natural to consider a 90-day window between two calls, in 25% of the cases,
companies hosted two calls less than 90 days aside from one another. Less than 1% of companies held
two calls in less than 60 days. The window was also fixed at 60 days to allow for the media coverage
measures to be comparable across firms.
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Our analysis begins by examining the relationship between nonanswers dur-
ing earnings calls and the media coverage a firm receives in the subsequent quarter.
We find a robust and negative correlation between nonanswers and subsequent
media coverage—both in terms of the number of unique sources and the total
number of articles—supporting the supply-driven media coverage hypothesis
(Hypothesis 2). Specifically, while nonanswers may elevate investor demand for
firm-specific information, media outlets appear to reduce their coverage, likely due
to supply-side constraints in sourcing and producing substantive content.

To strengthen our argument, we differentiate between nonanswers to forward-
looking questions and those to other types of questions. Because forward-looking
information is particularly valuable to market participants, nonanswers in this
context serve as a more direct signal of the media’s difficulty in obtaining relevant
insights from firms. Our results show that nonanswers to forward-looking questions
aremore strongly associatedwith reducedmedia coverage than nonanswers to other
question types. This finding further supports our hypothesis that supply-side con-
straints play a significant role in shaping a firm’s media coverage.

We further examine whether the supply-driven reduction in media coverage is
more pronounced for content that is costlier to produce. RavenPack classifies media
coverage into full articles, (hot-)newsflashes, and tabular material. We categorize
these into high-cost (full articles) and lower cost (newsflashes and tabular formats)
content based on the likely production effort required by media outlets (Bushee,
Core, Guay, and Hamm (2010)). Reanalyzing the data under this distinction, we
find that the supply-driven coverage effect is present and robust for full articles. For
nonfull articles, we do not observe a significant change in the number of sources;
however, nonanswers are associated with a reduction in the total number of content
pieces. These findings suggest that a poor information environment around a firm
primarily hampers themedia’s role in information production, but it also diminishes
their capacity for information dissemination.

Business media operate along a spectrum of professionalism, and both profes-
sional and nonprofessional outlets play important roles in shaping investor percep-
tions (Chen, De, Hu, and Hwang (2014), Drake, Thornock, and Twedt (2017)).
We extend our analysis by examining how nonanswers in earnings calls relate to
the extent of professional and nonprofessional media coverage. We find that both
professional and nonprofessional media coverage are affected and the effect is more
robust for the former. This suggests that the impact of a poor information environment
is more pronounced for professional media, potentially due to their higher editorial
standards and production costs.

The observed changes in media coverage may arise from reductions in either
stale (recycled) news or genuinely novel content. Our analysis indicates that non-
answers are associated with declines in both types of media output. Consistent with
earlier findings, these reductions are concentrated in full-length articles and are
predominantly driven by professional media outlets.

Our empirical specifications are designed to account for a wide range of
potential confounding factors. First, we account for firm characteristics commonly
found to influencemedia attention in the literature, including firm size, profitability,
and the book-to-market ratio. Second, we control for linguistic attributes of man-
agement responses that are known to convey value-relevant information to the stock
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market, such as tone, uncertainty, and complexity. Third, we incorporate earnings
surprise as an additional control. Fourth, we address topic-specific variation in
media attention by leveraging RavenPack’s tagged news topics. Finally, to account
for both observable and unobservable heterogeneity, we include firm-year and
quarter-year fixed effects. This approach allows us to identify the effect of non-
answers on media coverage within a firm-year observation.

We further validate our findings by analyzing shifts in media coverage port-
folios at the media source level. Specifically, we examine whether earnings calls
characterized by nonanswers lead media outlets to reallocate attention toward
industry peers. To do this, we analyze firms within the same industry and compute
the share of coverage each firm receives from the same media source around the
time of the earnings calls. The results show a clear shift in coverage from firms
providing fewer substantive responses to those offering more informative calls.

While the primary focus of this article is on the determinants of media
coverage, we also conduct preliminary analyses to explore whether and how
changes in media coverage following earnings calls are associated with stock
returns and investor behavior.3 Consistent with prior literature, we find that reduced
media coverage is correlated with lower abnormal stock returns. Moreover, lower
postcall media attention is associated with diminished investor interest and engage-
ment, as proxied by Google search volume and EDGAR log file access data. We
additionally find that retail investor holdings—as measured by the number of
Robinhood users holding a stock—decline for firms experiencing reduced media
coverage.

Finally, while the S&P 500 sample provides an ideal setting for our primary
analysis (as discussed in Section III), we extend our study to a sample of smaller
firms to examine whether the relationship between management disclosure and
media coverage holds in different contexts. For smaller firms—where information
environments are typically weaker—media coverage may act as a substitute for
direct disclosure. In such cases, limited managerial communication may prompt
media outlets to increase coverage to fill the informational gap for market partic-
ipants. Using a sample of small firms from the S&P 1500, we find some (albeit
weak) evidence consistent with this substitution hypothesis. Specifically, while our
main findings largely hold for the relatively larger firms in this sample, the rela-
tionship between nonanswers and subsequent media coverage is either weak or
positive for the smallest firms, depending on themediametric used. However, given
the limited statistical significance of these estimates—and recognizing the distinct
and heterogeneous information environments in which smaller firms operate—
these findings should be interpreted with caution.

Our article contributes to the existing literature in several important ways.
First, we extend the research on the determinants of media attention. Prior studies
have identified various drivers of media coverage, including media-connected
directors (Di Giuli and Laux (2021)), advertising incentives (Reuter and Zitzewitz
(2006)), geographic proximity tomedia centers (Gurun andButler (2012)), and firm
size and reputation (Miller (2006)). We contribute to this literature by documenting

3Ahern and Peress (2023) provide an excellent review of the literature examining the impact ofmedia
coverage on market outcomes.
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that firms with stronger information environments—measured by lower levels of
managerial withholding during earnings calls—receive more extensive media cov-
erage. This suggests that the availability and clarity of firm-provided information
play a critical role in shaping media attention.

Second, we contribute to the accounting and finance literature that distin-
guishes between the media’s role in disseminating existing information and its role
in generating new information through original journalism (Bushee et al. (2010)).
Our findings show that the supply-driven decline in media coverage applies pri-
marily to the information-creation role.

Finally, we contribute to the growing recognition of nonprofessional business
media in financial markets (Chen et al. (2014), Drake et al. (2017)). We find that
nonprofessional media outlets are less responsive to deteriorating information
environments than their professional counterparts, suggesting they may play a
more persistent role in maintaining coverage when firms withhold information.

The remainder of the article is organized as follows: Section II develops our
testable hypotheses. Section III describes the data set and key variables used in the
empirical analysis. Section IV presents the main empirical results, while Section V
reports additional analyses and robustness checks. Section VI concludes.

II. Hypotheses Development

This section examines two primary hypotheses regarding media coverage: the
demand-driven and supply-driven perspectives.4

The demand-driven media coverage hypothesis (Hypothesis 1) posits that a
firm’s media coverage is primarily influenced by the information needs of various
stakeholders, including investors, analysts, and other market participants. These
stakeholders rely heavily on earnings call discussions, which often provide critical
insights into a firm’s financial performance and future outlook (Barker, Hendry,
Roberts, and Sanderson (2012)). Supporting this view, Bushee et al. (2010) find that
abnormal press coverage is more pronounced for large, high-growth firms with
substantial analyst following—consistent with the notion that media coverage is
driven by consumer demand for firm-specific information.

When a firm’s management refuses to provide requested information during
an earnings call, it leaves this demand for value-relevant information unmet. As a
result, stakeholders may turn to alternative information intermediaries—most nota-
bly, equity analysts and business media—to fill the gap. These intermediaries use
their own expertise and research capabilities to offer interpretations and analysis
that help stakeholders better understand the firm’s outlook.

Investors, in particular, are sensitive to the absence of value-relevant infor-
mation during earnings calls, as it directly affects their ability to make informed
investment decisions (Huang, Lehavy, Zang, and Zheng (2018)). Given that inves-
tor demand for information significantly shapes analysts’ decisions on what to
cover (Brown, Call, Clement, and Sharp (2015)), one would expect greater media
coverage for firms where management withholds information. Equity analysts, as

4See Puglisi and Snyder (2011) for a review of supply- and demand-side factors contributing to bias
in political newspapers.
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key intermediaries, often step in to address these information gaps, and their outputs
can trigger broader media interest.

In short, when management withholds information, stakeholders increasingly
turn to alternative sources—such as business media—to fill the informational void.
In response, media outlets are incentivized to expand their coverage of these firms,
as heightened demand for information tends to attract a broader audience and drive
higher engagement and revenue. This hypothesis indicates that media coverage
may act as a substitute when managerial transparency is lacking.

Hypothesis 1 (“Demand-driven coverage”). Firms with more non-answers in their
earnings calls receive, ceteris paribus, more media coverage.

In contrast, Hypothesis 2 posits that media outlets determine which firms to
cover based on the availability and accessibility of information, rather than the level
of interest or demand from their audience. Under this view, coverage is shapedmore
by what journalists can feasibly report on than by reader preferences.

Firms may deliberately withhold information due to proprietary costs—that is,
the potential competitive disadvantages that could arise from disclosing sensitive
details (Gow et al. (2021)). For instance, revealing information about a forthcoming
product or innovative technology might provide strategic advantages to competitors.
As a result, firms often choose to limit disclosure to protect their proprietary interests.

This withholding of information degrades the firm’s overall information envi-
ronment (Ellis, Fee, and Thomas (2012)), making it more difficult for journalists and
media outlets to access sufficient material to generate news content. In line with the
theoretical model proposed by Bhushan (1989), a poorer information environment
shifts the media’s supply curve to the left, reducing the total volume of coverage. In
other words, when firms limit the release of value-relevant information, fewer media
articles are produced about them. Supporting this perspective, Lang and Lundholm
(1996) find that equity analysts are more likely to follow firms with robust disclosure
practices. Clear and accessible corporate communication makes it easier for analysts
to collect information and issue informed investment recommendations, further
reinforcing the role of supply-side considerations in intermediary attention.

In summary, Hypothesis 2 suggests that firm visibility in the media is primarily
determined by the ease with which information can be gathered and reported—rather
than by audience interest alone. This perspective implies that media coverage and
management disclosure act as complements—greater transparency facilitates greater
coverage.

Hypothesis 2 (“Supply-driven coverage”). Firms with more non-answers in their
earnings calls receive, ceteris paribus, coverage from fewer media outlets.

III. Data

For our main analysis, we construct a survivorship bias-free S&P 500 data set,
which is well fitted for our analysis for several reasons. First, S&P 500 firms operate
in relatively similar information environments, an important consideration inmedia
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coverage studies (Drake, Myers, and Myers (2009), Drake, Guest, and Twedt
(2014)). Second, both the media (Miller (2006), Hillert et al. (2014)) and equity
analysts (Martineau and Zoican (2020)) tend to focus disproportionately on S&P
500 firms. Third, these firms are large, high-volume publicly traded companies for
which investor demand for information is particularly strong.

In addition to these theoretical justifications, a key practical consideration
further supports our focus on S&P 500 firms. Specifically, RavenPack—our source
ofmedia coverage data—does not capture local newsoutlets,which aremore likely to
report on smaller or regionally focused firms. As a result, the media coverage data in
our sample is significantly more comprehensive and representative for large-cap
firms such as those in the S&P 500. That said, we also conduct supplementary
analyses using a broader sample to assess the generalizability of our findings.

The following three subsections define the main independent variable
(NonAnswer), the primary dependent variables (various measures of media cov-
erage), and the key control variables used in the analysis. Section III.D presents
descriptive statistics for the main variables, and the Appendix lists these variables
along with their corresponding definitions.

A. Managerial Nonanswers

This study employs the “nonanswer” score developed by Barth et al. (2022) to
quantify the extent to which management withholds information during earnings
calls. The measure is built upon two key indicators of evasive communication:
“rejection” (Gow et al. (2021)) and “blathering” (Barth et al. (2020)), and is
estimated using the Multinomial Inverse Regression (MNIR) technique introduced
by Taddy (2013).5 Barth et al. (2022) construct a glossary consisting of 1,364
trigrams—such as “back to you,” “do not know,” and “hard to predict”—which
are commonly used in English-language Q&As to avoid providing direct, factual
answers. Figure 1 displays a word cloud of the most prominent trigrams from this
glossary.

We collect transcripts of all earnings calls held by S&P 500 companies from
Thomson Reuters’ StreetEvents database, covering the period from 2007 to 2019.6

These calls occur quarterly, typically on the same day as the corresponding earnings
release. Most calls begin with management delivering a prepared statement, fol-
lowed by aQ&A session duringwhich analysts—and occasionally investors—pose
questions.

The spontaneous and unscripted nature of the Q&A session provides a unique
setting to assess the extent to which management avoids offering direct, factual
responses. Accordingly, we exclude all earnings calls that do not include a Q&A
session, as our analysis centers specifically on this portion of the call.

5This nonanswermeasure is broader than direct refusals, such as respondingwith “we do not provide
this disclosure” or “We can’t give you any specifics” (Hollander, Pronk, and Roelofsen (2010), Gow
et al. (2021)).

6While data are available beginning in 2002, we restrict our main sample to post-2007 due to a large
fraction of missing observations in our media coverage data set. As a robustness check, we show that our
results are robust when using the full data set.
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We define NonAnswer as the weighted count of the terms in the glossary
provided by Barth et al. (2022) for every answer in the earnings call of the company
i in quarter t:

NonAnswerit ¼ #Non‐Answer Glossary Tokenit
Total Wordsit

:

We limit our observations to the transcripts where the total management’s
answers are at least 100 words long. This helps to avoid the extreme values of
the nonanswer measure due to a small denominator. This filter affects only
21 observations.

B. Media Coverage

Measures of firm media coverage serve as the dependent variable in our main
analysis. We obtain media coverage data for the firms in our sample from Raven-
Pack News Analytics (RPNA). The RPNA data set comprises three primary edi-
tions: the Dow Jones Edition, which offers historical coverage since 2000 of Dow
Jones Newswires, regional editions of The Wall Street Journal, Barron’s, and
MarketWatch; the Web Edition, which has been available since January 2007
and includes hundreds of thousands of articles per day from over 22,000 sources,
includingmajor publishers andweb aggregators (Hafez andXie (2014)); and the PR
Edition, which covers press releases from PR Newswire. Each news item in RPNA
is timestamped to the millisecond and is tagged with various sentiment scores and
taxonomy identifiers. These features make RPNA a widely used data set among
institutional investors, asset managers, and hedge funds (RavenPack (2017)).

We merge our firm-level data with RPNA using 8-digit CUSIP codes. For
firms that do not match on CUSIP, wemanually search for the matching RavenPack

FIGURE 1

Nonanswer Glossary

Figure 1 displays aword cloud of the trigrams included in the nonanswer glossary developed byBarth et al. (2022), consisting
of 1,364 trigrams. Font size reflects the relative importance of each trigram, with larger sizes indicating higher factor loadings.
A machine-readable version of the glossary is available at econlinguistics.org.
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ID for merging. To ensure relevance, we further restrict our sample to news items
with a “Relevance” score of at least 75%,which, according to the RPNAuser guide,
indicates a high level of significance to the target firm. In supplementary analysis,
we verify that our results remain qualitatively unchanged when applying a more
stringent relevance threshold of 95% for media content.

1. Coverage

Weuse twomeasures of media coverage in this study. Sources is defined as the
natural logarithm of 1 plus the number of unique media sources (or channels) that
publish content—whether full articles, (hot-)newsflashes, or tabular material—
within the 2-month period following a firm’s earnings call. We construct Sources F

by restricting the count to only full articles, and Sources NF by including only (hot-)
newsflashes and tabular materials. The second measure, Counts, is defined as the
natural logarithm of 1 plus the total number of content items of any of the afore-
mentioned types. These two measures capture distinct but related dimensions of
media attention—while Sources reflects the breadth of coverage across outlets,
Counts captures the depth or intensity of reporting activity. Including bothmeasures
allows us to disentangle whether changes in media coverage are driven by shifts in
the number of outlets covering the firm or by changes in the volume of content
produced by a given set of sources.

To avoid inflating our metrics with coverage directly tied to the earnings
announcement, we exclude both the day of the conference call and the following
day from the measurement window.

Figure 2 displays the time trends of the average number of distinct sources and
total news counts across all firms in each quarter. The noticeable spike in both
measures at the beginning of 2007 corresponds with the launch of RavenPack’s
Web Edition, which has since expanded its coverage by continuously incorporating
new media sources. While this structural change can be addressed using quarter
fixed effects (which we include in all our regressions), we trim the sample to begin
in 2007 to ensure consistency across observations for our main analyses. For
robustness, we also replicate our core results using the full sample, including
pre-2007 data.

2. Press Releases

We control for the number of press releases within our analysis window,
denoted as PR. In doing so, we treat all articles distributed via the press release
wire, as well as entries tagged with “NEWS_TYPE” as “PRESS-RELEASE,” as
firm-initiated disclosures (Bushee and Miller (2007), Core, Guay, and Larcker
(2008), and Bushee et al. (2010)).

3. Professional Versus NonProfessional Business Media

Inspired by Drake et al. (2017), we divide media sources into professional and
nonprofessional business media. A media outlet is categorized as professional if it,
or its parent company, is listed among the following RavenPack identifiers: Bar-
ron’s (18A55F), Bloomberg News (208421), Business Insider (C75B8C), CNBC
(AA1167), Dow Jones Newswires (B5569E), Entrepreneur (938822), The
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Financial Times (FD0B00), Forbes (22AC8B),MarketWatch (1E5E35), Morning-
star (E04BE4), Reuters (751371), and The Wall Street Journal (AA6E89).

Under this classification, our set of professional business media includes outlets
such as FTAlphaville—Hedge Funds (parent company: Financial Times) andBloom-
bergBusinessweek (Bloomberg). In total, this group consists of 65 sources, as listed in
Table O.A.1 in the Supplementary Material. In contrast, the nonprofessional media in
our sample primarily consist of blogs and independent news websites run by non-
professional analysts or commentators. Prominent examples include Seeking Alpha
(B61D8F), Zero Hedge (5E506B), and The Motley Fool (C81722).

We construct distinctmeasures ofmedia coverage based on the professional status
of the source. Specifically, SourcesPro (SourcesN ‐Pro) and CountPro (CountN ‐Pro)
represent the number of unique sources and the total number of articles, respectively,
filtered to include only professional (nonprofessional) media outlets.

4. Newsworthiness

Inspired by Dyck et al. (2008), we define NewsWorthiness as the natural
logarithm of 1 plus the number of articles referencing a company in The Wall Street
Journal (RavenPack ID “AA6E89”) and The Financial Times (RavenPack ID
“FD0B00”) during the 2-month period preceding the earnings call (excluding the
day of the call and the day prior).7

5. News Contents and Corporate Events

To control for the content of news relevant to firms during our analysis
window, we collect topic-level information from all news entries mentioning
sample firms between 1 and 60 days after each earnings call. RavenPack identifies
the role of each firm in a news story and classifies the event across four levels of

FIGURE 2

Time Trend of News Coverage

Figure 2plots the time trend inmedia coverage for firms in our sample. The left axis shows the number of uniquemedia sources
that published at least one article with over 75% relevance to a firm within 2 months following its quarterly earnings call. The
right axis displays the total number of such publications. Beginning in January 2007, RavenPack expanded its data set to
include the Web Edition (RP-WEB), which covers content from leading online publishers and web aggregators. RavenPack
continues to expand its coverage universe over time; for example, RP-WEB began including content from “Reuters” only after
2011.
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7Dyck et al. (2008) suggest a 6-month period to measure the newsworthiness. In this study, as we
include a firm-year fixed effect, this definition is changed to a 2-month window.
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granularity. For our analysis, we rely on the “GROUP” taxonomy provided by
RavenPack, which offers an optimal balance between topic specificity and granu-
larity—making it suitable for inclusion as controls in regression models. Using this
classification, we identify 36 distinct news topics across our sample, covering a
wide range of themes including mergers and acquisitions, analyst ratings, stock
price movements, and technical analysis.

Additionally, to control for important company events, we add the number of
Form 8-K filings submitted to the SEC, which disclose major corporate events that
are likely to attract media attention.

C. Other Control Variables

1. General Speech Characteristics

We calculate the Tone and Uncertainty in management responses using the
“negative” and “uncertainty” word lists developed by Loughran and McDonald
(2011). As suggested by Loughran and McDonald (2016), we exclude the
“positive” word list for the tone calculation.

In addition, we control for the Complexity of managerial language using the
word list introduced by Loughran andMcDonald (2024). Specifically, we construct
the measure as the frequency of words from the complexity dictionary divided by
the total word count of the response.

2. Earnings Surprise

We collect analysts’ earnings per share (EPS) forecasts for the firms in our
sample from the IBES database and constructs the earnings surprise variable,
denoted as EarnSurp, following the methodology of Dzielinski, Wagner, and
Zeckhauser (2021). Specifically, we calculate earnings surprises as the difference
between actual EPS and the consensus analyst forecast, scaled by the firm’s closing
share price on the fifth trading day prior to the earnings announcement each quarter.
We separately rank negative and (zero or) positive earnings surprises into five
quantiles each. We then merge these into a 10-point ordinal scale: values from
1 (most negative) to 5 (least negative) and from 6 (least positive) to 10 (most
positive), capturing the full distribution of standardized earnings surprises.

3. Firm Characteristics

We obtain quarterly balance sheet data from Compustat. As firm-level con-
trols, we include the book-to-market ratio (BTM) and firm size, measured as the
natural logarithm of total assets (ln(Assets)). We also compute Tobin’s Q as the sum
of the book value of assets minus the book value of common equity, plus the market
value of common equity, divided by the total book value of assets.

D. Descriptive Statistics

Table 1 presents descriptive statistics for the main variables used in this article.
The distribution of the NonAnswer score aligns closely with that reported in Barth
et al. (2022). On average, the median firm in our sample is covered by approxi-
mately 240 published news items from around 35 distinct media sources during the
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2-month window following the earnings call. In the same period, the firm typically
issues around 15 press releases, and three 8-Ks.

IV. Empirical Analysis

Section IV.A examines the relationship between management withholding
information (i.e., nonanswers) and subsequent media coverage. Section IV.B
explores whether this effect varies by question type, focusing on forward-looking
questions—expected to have particularly high information value—versus other
questions. In Section IV.C, we analyze how nonanswers influence different types
of media content, distinguishing between full articles and newsflashes. Section IV.D
investigates the differential effect of nonanswers across media types, comparing
professional and nonprofessional outlets. Section IV.E assesses whether nonan-
swers impact the novelty of media coverage, distinguishing between novel and
recycled (or stale) reporting. Finally, Section IV.F evaluates whether nonanswers
lead to a shift in media attention from firms with high nonanswer scores to their
industry peers with lower scores.

A. Media Coverage

We begin by examining whether nonanswers by management during earnings
calls are associated with the media coverage their firm receives in the subsequent
quarter. Figure 3 illustrates binned scatter plots depicting the association between
our media coverage measures (Sources andCounts) and the nonanswer scores from
earnings calls. The figure demonstrates a negative correlation between nonanswers
and subsequent media coverage—both in terms of the number of unique sources
and the total number of articles—providing initial support for Hypothesis 2.

TABLE 1

Descriptive Statistics

Table 1 provides the descriptive statistics for the main variables used in this study. The sample comprises 18,373 earnings
calls from S&P 500 firms over the period 2007–2019. Detailed variable definitions are provided in the Appendix.

Variable No. of Obs. M Std. Dev. Min P10 P50 P90 Max

NonAnswer 18,373 .074 .014 .029 .056 .073 .093 .15
Sources 18,373 3.8 .93 0 2.8 3.6 5 7.6
SourcesF 18,373 3.7 .95 0 2.6 3.5 5 7.5

SourcesNF 18,373 2.5 .79 0 1.6 2.4 3.5 6.6

SourcesFPro 18,373 2 .48 0 1.4 1.9 2.6 3.3

SourcesFN‐Pro
18,373 3.5 1.1 0 2.2 3.3 4.9 7.5

CountsFPro 18,373 4 1.2 0 2.6 3.9 5.5 9.1

CountsFN‐Pro
18,373 4.9 1.5 0 2.9 5 6.7 11

PR 18,373 2.9 1.2 0 1.6 2.8 4.3 8.7
8‐Ks 18,373 1.2 .84 0 0 1.4 2.3 4.1
Tone 18,373 �.0053 .011 �.063 �.019 �.0051 .0083 .041
EarnSurp 18,373 5.7 2.9 1 2 6 10 10
Uncertainty 18,373 .016 .0056 0 .009 .015 .023 .055
ln Assetsð Þ 18,373 9.8 1.4 6.2 8.2 9.6 12 15
BTM 18,373 .44 .41 �3.2 .099 .35 .88 17
Q 18,373 2.1 1.4 .63 1 1.7 3.8 36
Complexity 18,373 .0072 .0039 0 .0028 .0066 .012 .029
NewsWorthiness 18,373 .29 .47 0 0 0 1.1 2.1
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We next test this relationship formally. Specifically, we model media coverage
of firm i during the 2-month window following the earnings call in quarter t, as
specified in the following equation:

Media Coverageit = β0þβ1 ×NonAnswerit
þ Δ×Firm‐initiated Disclosuresit
þΦ×Earnings Call Linguistic Featuresit
þΩ×Newsworthinessit
þΘ×Additional Firm Controlsit
þQuarter‐Year FEþFirm‐Year FE

þ ϵit,

(1)

In this specification, Media Coverageit represents either of the media coverage
measures—Sources and Counts—as defined in Section III.B. The key independent
variable, NonAnswerit, captures the extent to which management withholds infor-
mation during the earnings call. UnderHypothesis 1,NonAnswerit serves as a proxy
for unmet investor demand for information following the call. A positive β1 would
indicate that the media respond to this demand by increasing coverage for firms that
withhold more information. Conversely, under Hypothesis 2, a negative β1 would

FIGURE 3

Media Coverage and Nonanswers in Earnings Calls

Figure 3 presents binned scatter plots showing the correlation between our nonanswer measure and subsequent media
coverage. Graph A uses the number of unique media sources covering a firm as the coveragemetric, while Graph B relies on
the total number of media content items as an alternative proxy for media attention.
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suggest that firms with higher information acquisition costs receive less coverage, as
the media are less able or less willing to invest in content production under such
conditions.

We include several sets of control variables that may influence a firm’s media
coverage. First, we control for firm-initiated disclosures using two measures: the
number of press releases issued by the firm (PRit), which represent direct contri-
butions to media content via the media’s dissemination role, and the number of
Form 8-K filings submitted to the SEC (8‐Kit), which disclose material corporate
events likely to draw media attention. The occurrence of such events—such as
ongoing negotiations or regulatory developments—may also constrain what man-
agers are willing or permitted to disclose during earnings calls.

Moreover, to account for the informational richness of the call itself, we include
several well-established linguistic content measures as additional controls. In partic-
ular, we control for the tone of management responses (Tone), as Price, Doran,
Peterson, andBliss (2012) show that tone significantly predicts both abnormal returns
and trading volume in the immediate reaction window, and even outperforms earn-
ings surprises in explaining market responses over the 60 trading days following the
call. Similarly, Dzielinski et al. (2021) find that investors penalize higher levels of
Uncertainty in management’s tone and responses with lower firm valuations. To
control for the complexity of managerial language, we include the Complexity
measure proposed by Loughran andMcDonald (2024). Thismetric not only captures
variation related to firm size, but also reflects the extent to which firms are required to
provide informative disclosures, as noted by Guay, Samuels, and Taylor (2016).

We also follow the approach of Dyck et al. (2008) by controlling for News-
Worthiness, which captures the extent to which certain firms attract media attention
due to ongoing or anticipated high-profile events. Beyond reflecting media
demand, NewsWorthiness may also mitigate supply-side constraints by increasing
the availability of firm-related content. Firms deemed newsworthy are more likely
to be the subject of prior coverage or to have accessible information, making them
more feasible and attractive targets for further media attention. Thus, NewsWorthi-
ness serves as a proxy for both audience interest and the ease of content generation
for media outlets.

In addition, to control for topic-specific effects that may independently influ-
ence both newsworthiness and media coverage, we include a set of indicator vari-
ables representing the presence of each of the 36 RavenPack news topics during the
analysis window (e.g., legal disputes, mergers, and acquisitions). These controls
allow us to account for external news events that may drive media attention
independently of firms’ disclosure behavior.

Additionally, we include a vector of firm-quarter control variables. This
includes the Earnings Surprise (EarningsSurp), which measures the deviation
between analysts’ forecasts and actual earnings; the natural logarithm of total assets
( ln Assetsð Þ), as a proxy for firm size; the book-to-market ratio (BTM ); and
Tobin’s Q, as a proxy for growth opportunities. These are standard firm character-
istics known to influence media attention (Miller (2006), Bushee et al. (2010)).

Finally, to address unobservable factors at the firm and time levels that may
jointly influence both media coverage and nonanswers during earnings calls, we
incorporate a comprehensive set of fixed effects in our analysis. Specifically, we

2366 Journal of Financial and Quantitative Analysis

https://doi.org/10.1017/S0022109026102634
D

ow
nloaded from

 https://w
w

w
.cam

bridge.org/core. U
N

IVERSID
AD

 AU
TO

N
O

M
A M

ETRO
PO

LITAN
A, on 15 N

ov 2026 at 15:15:38, subject to the Cam
bridge Core term

s of use, available at https://w
w

w
.cam

bridge.org/core/term
s.

https://doi.org/10.1017/S0022109026102634
https://www.cambridge.org/core
https://www.cambridge.org/core/terms


include quarter-year fixed effects to capture aggregate time trends and broader
macroeconomic influences on media coverage. More importantly, we further
include firm-year fixed effects to control for both observable and unobservable
time-varying heterogeneity at the firm level that could simultaneously affect dis-
closure behavior and media attention. This specification ensures that identification
is based on variation inmanagement response quality across different earnings calls
within the same firm-year and its corresponding effect on changes in media cov-
erage for the same firm.

To address potential serial correlation in the error termswithin firms and across
quarters, we follow the recommendation of Cameron, Gelbach, and Miller (2011)
and employ two-way clustering of standard errors at the firm and quarter levels.

Table 2 presents the results of ourmain analysis. Columns 1–4 report estimates
using our primary dependent variable, Sources. Column 1 includes onlyNonAnswer
as the explanatory variable, while columns 2–4 incrementally add control variables
and fixed effects. The most comprehensive specification, shown in column 4,
includes the full set of control variables as well as Quarter-Year and Firm-Year
fixed effects.8 Column 5 replicates the specification in column 4 usingCounts as the
dependent variable.

The results reported in Table 2 provide strong support forHypothesis 2. Across
all model specifications—with varying sets of controls and fixed effects as well as
different dependent variables—we consistently find a negative and statistically
significant coefficient onNonAnswer, indicating that greater information withhold-
ing bymanagement is associated with lower levels of media coverage. In particular,
the estimated coefficient in column 4 implies that a 1-standard-deviation increase in
theNonAnswer score corresponds to an approximate 1%decline inmedia coverage.

Among the control variables, only those related to firm-initiated disclosures—
namely, PR and 8-Ks—are consistently significant across all specifications. Firms
that issue more press releases or file more 8-K reports tend to receive greater media
coverage. These forms of communication offer media outlets readily accessible and
credible content, thereby lowering information acquisition costs and facilitating
coverage. As official and typically vetted disclosures, they also enhance the per-
ceived credibility of the firm’s public messaging, increasing media trust and
engagement.

Other control variables exhibit some association with media coverage, though
the relationships are less robust. The estimated coefficient on Uncertainty is neg-
ative and statistically significant in columns 2 and 3, suggesting that greater use of
ambiguous or uncertain language by management may deter media attention.
Additionally, we find some evidence in columns 2 through 4 that lower earnings
surprises are associated with higher media coverage, potentially reflecting
increased media interest in firms that defy expectations with more stable or less
volatile performance. Finally, NewsWorthiness is positively and significantly asso-
ciated with media coverage in column 3, indicating that media outlets are more
inclined to cover firms already viewed as newsworthy. This likely reflects both

8In column 4, Firm fixed effects are subsumed by the inclusion of Firm-Year fixed effects; we denote
such instances with “Implied” in the table notes.
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demand-side incentives (reader interest) and supply-side considerations (ease of
content generation from existing narratives or prior coverage).

Overall, the results presented in Table 2 indicate that increased information
withholding by management leads to significantly lower levels of media coverage.

B. Nonanswer Types: Forward-Looking Versus Other Questions

Our Hypothesis 2 posits that media coverage declines when there is a supply-
side constraint—namely, when it becomes difficult for journalists to identify and
extract publishable content. The Non-Answer score serves as a proxy for this
difficulty. To refine this measure, we extend the analysis by examining the types
of questions that receive nonanswers and whether evading specific question types
signals a weaker information environment.

TABLE 2

NonAnswer and Media Coverage

Table 2 reports the effect of management’s withholding of information, measured byNonAnswer, onmedia coverage from the
day after the earnings call through the subsequent 60days. In columns 1–4, the dependent variable isSources, defined as the
natural logarithm of 1 plus the number of distinct news outlets that published at least one article about the firm in the period.
Columns 5 present results using the same specification as column 4, but with an alternative dependent variable: Counts,
representing the total number of content items. News category indicators capture whether a firm was associated with any of
the 36 RavenPack-defined news topics during the analysis window. The term “Implied” in the Firm FE row in the table notes
indicates that these effects are subsumed by more granular Firm-Year fixed effects included in columns 4 and 5. t-statistics
are reported in parentheses, and standard errors are two-way clustered at the firm and quarter levels. ***, **, and * denote
statistical significance at the 1%, 5%, and 10% levels, respectively. All variable definitions are provided in the
Appendix.

Sources Counts

1 2 3 4 5

NonAnswer �5.433*** �0.645** �0.587** �0.570*** �0.729***
(�2.76) (�2.46) (�2.63) (�2.91) (�2.69)

Tone �0.271 0.165 0.199 0.246
(�0.78) (0.54) (0.64) (0.74)

EarnSurp �0.004*** �0.003*** �0.002** 0.000
(�3.99) (�3.65) (�2.24) (0.38)

Uncertainty �1.288** �0.799* �0.698 �0.062
(�2.27) (�1.72) (�1.52) (�0.11)

ln Assetsð Þ 0.238*** 0.141*** 0.007 0.011
(7.78) (6.37) (0.16) (0.27)

BTM 0.054*** 0.030*** �0.005 0.021
(6.88) (3.27) (�0.25) (0.67)

Q 0.000 �0.002 0.008 0.014**
(0.05) (�0.28) (1.39) (2.23)

Complexity 1.662* 0.779 0.461 �0.847
(1.75) (0.93) (0.69) (�0.93)

PR 0.129*** 0.142*** 0.279***
(13.29) (19.21) (23.34)

8‐Ks 0.030*** 0.031*** 0.058***
(6.44) (8.41) (11.50)

NewsWorthiness 0.077*** �0.004 0.004
(6.95) (�0.43) (0.31)

No. of obs. 18,373 18,212 18,212 18,192 18,192
R2 0.007 0.902 0.925 0.956 0.967
QuarterYear FE No Yes Yes Yes Yes
IndustryYear FE No Yes Yes No No
Firm FE No Yes Yes Implied Implied
FirmYear FE No No No Yes Yes
News categories No No Yes Yes Yes

2368 Journal of Financial and Quantitative Analysis

https://doi.org/10.1017/S0022109026102634
D

ow
nloaded from

 https://w
w

w
.cam

bridge.org/core. U
N

IVERSID
AD

 AU
TO

N
O

M
A M

ETRO
PO

LITAN
A, on 15 N

ov 2026 at 15:15:38, subject to the Cam
bridge Core term

s of use, available at https://w
w

w
.cam

bridge.org/core/term
s.

https://doi.org/10.1017/S0022109026102634
https://www.cambridge.org/core
https://www.cambridge.org/core/terms


Prior research by Barth et al. (2022) shows that nonanswers are more fre-
quently given in response to forward-looking questions—those concerning future
financial performance, strategic initiatives, product development, or expansion
plans. A lack of substantive responses to such questions may reflect management’s
unwillingness or inability to provide meaningful disclosures, thereby indicating a
lower level of transparency and a poorer information environment.

By disaggregating nonanswers based on question type, we aim to better
understand the specific sources of supply-side friction for media coverage. This
approach allows us to construct a more nuanced indicator of the challenges media
outlets face when seeking publishable material and offers deeper insight into the
underlying quality of the firm’s disclosure practices.

To quantify the forward-looking nature of each analyst question q during the
earnings call of firm i in quarter t, we measure the share of forward-looking words
(FLQ) using the dictionaries provided by Bozanic, Roulstone, and Van Buskirk
(2018) and Matsumoto, Pronk, and Roelofsen (2011):

FLQqit ¼
Forward‐looking wordsqit

Total wordsqit
:

Our primary coefficient of interest is that on the interaction term between
NonAnswer and FLQ, which we expect to be negative. This would indicate that the
adverse effect ofNonAnswer onmedia coverage is amplified when the unanswered
questions are more forward-looking. In this specification, FLQ is computed at the
question level, and the unit of observation corresponds to individual questions, not
earnings calls.9 This structure allows us to include earnings call fixed effects (which
subsume firm fixed effects), as each call contains multiple questions, enabling
within-call variation in both the forward-looking content and the nonanswering
behavior. To account for potential correlation among observations within the same
call, we cluster standard errors at the earnings call level.

As a complementary strategy, we construct a weighted version of the
NonAnswer score at the earnings call level by factoring in the degree of forward-
looking content in each analyst question. This approach places greater emphasis on
nonanswers to questions that are more forward looking, under the assumption that
such questions are more informative for external stakeholders. The weighted score
is defined as follows:

NonAnswerFLQit ¼
P
q

FLQqit ×NonAnswerqit
� �

P
q
FLQqit

:

The constructed measure reflects the extent to which management avoids
responding to high-value, forward-looking inquiries. In this specification, the unit
of observation remains the earnings call, consistent with our main analysis. From
this point forward, we adopt the full specification used in columns 4 and 5 of
Table 2,withminormodifications as dictated by the specific empirical setup. Unless

9The dependent variable and control variables, however, are aggregated at the earnings call level.
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otherwise noted, all regressions include the full set of control variables, along with
quarter-year and firm-year fixed effects. For brevity, these controls and fixed effects
are not reported in subsequent tables.

Table 3 presents the results of these analyses. Column 1, which mirrors the
specification in column 4 of Table 2 (but at the question—instead of earnings call
level), reaffirms the negative association between theNonAnswer score and a firm’s
media coverage in the subsequent quarter. The results indicate that higher levels of
nonanswering behavior are linked to reduced media attention.

Column 2 introduces the interaction between NonAnswer and the forward-
looking content of the question. The interaction term is statistically significant,
while the coefficient of NonAnswer becomes statistically insignificant. This shift
suggests that the negative effect of nonanswers is primarily concentrated in
responses to forward-looking questions. Since the interaction term serves as a more
precise proxy for the difficulty media sources face in obtaining value-relevant
information, this finding offers further support for the notion that supply-side
constraints play an important role in determining media coverage. It also
strengthens our confidence that the observed effect is unlikely to be driven by an
omitted firm-level factor that is merely correlated with NonAnswer.

Column 3 confirms these findings at the earnings call level: the coefficient on
NonAnswerFLQ is negative and statistically significant at the 5% level, indicating
that a firm’s media coverage declines as the incidence of nonanswers to forward-

TABLE 3

NonAnswer to Forward-Looking Questions and Media Coverage

Table 3 reports the effect of management’s withholding of forward-looking information on media coverage following earnings
calls. The forward lookingness of the information requested (FLQ) is measured using the word lists provided by Bozanic et al.
(2018) andMatsumoto et al. (2011).NonAnswerFLQ is the weighted version of theNonAnswer score at the earnings call level
by factoring in the degree of forward-looking content in each analyst question. The dependent variable in columns 1–3 is
Sources, reflecting the number of distinct media outlets covering the firm, while column 4 uses Counts, indicating the total
number of items published about the firm from 1 day to 60 days following an earnings call. Columns 1 and 2 present results at
the Q&A level, whereas columns 3 and 4 report findings at the earnings call level. All regressions include the full set of control
variables specified in Table 2, alongwith quarter-year fixed effects. News categories refer to company-related newswithin the
analysis window, classified into 36 topics provided by RavenPack. Columns 1–2 include earnings call fixed effects, while
columns 3–4 include firm-year fixed effects. The term “Implied” in the FirmYear FE row of the table notes indicates that these
effects are subsumed by the more granular earnings call fixed effects included in columns 1 and 2. t-statistics are reported in
parentheses. Standard errors are clustered at the earnings call level (columns 1–2) and at the firm and quarter level (columns
3–4). ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively. All variables are defined in the
Appendix.

Sources Counts

1 2 3 4

NonAnswer �0.013*** �0.005
(�2.78) (�0.79)

NonAnswer ×FLQ �0.137**
(�2.09)

NonAnswerFLQ �0.477*** �0.343**
(�3.90) (�2.43)

FLQ 0.010
(1.37)

No. of obs. 489,576 476,064 18,192 18,192
R2 0.953 0.953 0.956 0.967

Full controls Yes Yes Yes Yes
QuarterYear FE Yes Yes Yes Yes
EarningsCall FE Yes Yes - -
FirmYear FE Implied Implied Yes Yes
News categories Yes Yes Yes Yes
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looking questions increases. A similar result is observed in column 4, where we use
Counts as the dependent variable.

Overall, the results reported in Table 3 suggest that nonanswers to forward-
looking questions negatively affect both the scope of coverage—measured by the
number of distinct media sources—and the intensity of coverage, as reflected in the
volume of articles published about the firm.

C. Media Coverage Type: Full Articles Versus Newsflashes

Media outlets allocate differing levels of time, effort, and resources when
producing various types of content about a firm. The most common and easily
disseminated form is the “newsflash,”which typically consists of a brief headline or
a short summary, often linking to external sources. Newsflashes are quick to
generate and requireminimal editorial input. In contrast, full-length articles demand
substantially more resources, as they involve original editorial content, including
research, analysis, and often interviews (Drake et al. (2014)). These articles provide
more in-depth coverage and thus reflect a greater investment by the media outlet in
producing informative content.

Consistent with Hypothesis 2, we posit that firms with higher nonanswer
scores—reflecting a poorer information environment—are less likely to receive
media coverage, particularly in the form of full-length articles. When management
withholds value-relevant information during earnings calls, it raises the cost of
acquiring and verifying information, thereby discouraging media outlets from
committing the editorial resources required for producing substantive, analytical
content. In contrast, the relationship between nonanswer behavior and the publi-
cation of lower effort media formats, such as newsflashes or tabular summaries, is
less clear. Because these content types are typically brief, often automated or lightly
curated, and rely less on original reporting, their production may be less sensitive to
the quality of firm disclosures.

The RavenPack data set allows us to distinguish between full-length articles
and other types of content, such as newsflashes and tabular material, based on
source-provided classification tags. Leveraging this distinction, we estimate regres-
sion models analogous to those specified in equation (1), but separately for each
type of media coverage. This enables us to examine whether the relationship
between management’s information withholding and media attention differs
depending on the editorial intensity of the coverage.

Table 4 shows that NonAnswer significantly reduces both sources and counts
of full articles. The regression coefficient of �0.609 in the first column indicates
that a 1-standard-deviation increase in the within-firm nonanswer metric leads to
1% fewer media sources publishing at least one full article about a firm within the
2-month window following the earnings call.

For newsflashes, by contrast—and consistent with our earlier argument—the
effect of NonAnswer on media coverage is notably weaker. The estimated coeffi-
cient is statistically insignificant for the number of unique sources covering the
firm. However, the results indicate that these same sources produce a significantly
lower volume of newsflashes about the firm (column 4).
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Overall, the results of Table 4 suggest that nonanswers have the most pro-
nounced impact on full-length articles, which typically involve higher editorial
effort. While the number of outlets producing newsflashes remains unchanged, the
overall volume of this lower effort coverage also declines in response to higher
levels of nonanswers.

D. Media Types: Professional Versus NonProfessional Media

In this section, we examine whether the reduction in media coverage due to
nonanswers varies by the professionalism of the media source. Professional busi-
ness outlets (e.g., The Financial Times, The Wall Street Journal, Bloomberg News)
are well-established information intermediaries in capital markets, while nonpro-
fessional sources (e.g., Seeking Alpha, The Motley Fool)—though less formal—
also play a meaningful role in generating and disseminating financial information
(Cookson, Runjing, Mullins, and Niessner (2024), Koenraadt and Schutt (2024)).
Prior research demonstrates that investors respond not only to the informational
content of professional media outlets but also to the tone and analysis provided by
nonprofessional commentators, underscoring the broader relevance of both media
types in shaping investor perceptions and market outcomes (Chen et al. (2014),
Drake et al. (2017)).

To examine the relationship between NonAnswer and media coverage by
different types of outlets, we distinguish full articles produced by professional
and nonprofessional business media based on the classification outlined in
Section III.B. We then estimate regression models analogous to those in equation (1),
restricting the construction of our dependent variables to content published exclu-
sively by either professional or nonprofessional media sources.

As shown in Table 5, we find a negative and statistically significant relation-
ship between NonAnswer and professional business media coverage, both in terms

TABLE 4

NonAnswer and the Type of Media Coverage: Full Articles Versus Newsflashes

Table 4 examines the association between NonAnswer and the type of media coverage, distinguishing between full articles
and newsflashes. In columns 1 and 2, the dependent variables areSourcesF andSourcesNF , indicating the number of distinct
outlets that published at least one item about the firm from 1 day to 60 days following an earnings call, for full articles and
newsflashes, respectively. Columns 3 and 4 report similar associations using CountsF and CountsNF , which reflect the total
number of items published for each content type. The superscripts “F” and “NF” denote full articles and nonfull articles (i.e.,
newsflashes), respectively. All regressions include the full set of control variables as specified in Table 2. News categories
refer to company-related news within the analysis window, categorized into 36 topics provided by RavenPack. t-statistics are
given in parentheses. Standard errors are clustered at the firm and quarter level. ***, **, and * indicate significance at the 1%,
5%, and 10% levels, respectively. All variables are defined in the Appendix.

Sources Count

SourcesF SourcesNF CountF CountNF

1 2 3 4

NonAnswer �0.609*** 0.181 �0.653** �0.710**
(�2.89) (0.86) (�2.13) (�2.56)

No. of obs. 18,192 18,192 18,192 18,192
R2 0.953 0.922 0.963 0.948
Full controls Yes Yes Yes Yes
QuarterYear FE Yes Yes Yes Yes
FirmYear FE Yes Yes Yes Yes
News categories Yes Yes Yes Yes
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of the number of distinct sources and the total count of articles (columns 1 and 3).
For nonprofessional media, the estimated effect is also negative but only statisti-
cally significant for the number of sources (column 2), not for the volume of content
produced (column 4).

Overall, these results provide strong evidence that management’s withholding
of information reduces media coverage broadly, with the effect being particularly
pronounced among professional business media outlets.

E. Media Coverage: Novel Versus Stale News

The reduction in media coverage following instances of NonAnswer documen-
ted above may be driven by novel content, recycled (stale) coverage, or both. If the
effect were limited to stale news, this would suggest that nonanswers have minimal
impact on content generation and the media’s role in information production.10

However, under Hypothesis 2, we expect the effect to be most evident in novel
content, which demands greater editorial effort and original reporting. A decline in
novel coverage is also likely to cascade into a reduction in recycled content, given that
stale news often derives from or amplifies original reporting.

To distinguish between these types of news, we employ RavenPack’s Novelty
Score, which ranges from 0 to 100 and captures how “new” a news story is within a
24-hour window across all published content. A score of 100 indicates the first
article to report a categorized event involving one or more companies and is

TABLE 5

NonAnswer and Media Type: Professional Versus NonProfessional Outlets

Table 5 examines the association betweenNonAnswer and the type of media coverage, distinguishing between professional
(Pro) and nonprofessional (N-Pro) sources. In columns 1 and 2, the dependent variables are Sources, which indicate the
number of distinct outlets that published at least one full article about the firm from 1 day to 60 days following an earnings call,
for professional and nonprofessional media, respectively. Columns 3 and 4 report similar associations using Counts, which
reflect the total number of full articles publishedwithin eachmedia type over the sameperiod. The superscript “F”denotes that
only full-length articles are included in the dependent variables. All regressions include the full set of control variables as
specified in Table 2. News categories refer to company-related news within the analysis window, categorized into 36 topics
providedbyRavenPack. t-statistics aregiven inparentheses. Standarderrors are clustered at the firm andquarter level. ***, **,
and * indicate significance at the 1%, 5%, and 10% levels, respectively. All independent variables are defined in the
Appendix.

Sources Count

SourcesFPro SourcesFN‐Pro CountsFPro CountsFN‐Pro

1 2 3 4

NonAnswer �0.490** �0.581** �1.646*** �0.387
(�2.12) (�2.47) (�4.23) (�1.11)

No. of obs. 18,192 18,192 18,192 18,192
R2 0.847 0.951 0.922 0.965
Full controls Yes Yes Yes Yes
QuarterYear FE Yes Yes Yes Yes
FirmYear FE Yes Yes Yes Yes
News categories Yes Yes Yes Yes

10It is also important to highlight that stale news can independently affect stock market outcomes.
Tetlock (2011) documents that individual investors tend to trade more aggressively on stale news,
suggesting that even recycled or previously reported information can meaningfully influence investor
behavior.
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therefore classified as highly novel. Based on this metric, we construct our media
coverage variables—Sources, Counts, and their respective subcategories—sepa-
rately for novel news (novelty score = 100) and stale news (novelty score < 100).
We then re-estimate our regressions across these disaggregated measures to assess
whether the impact of NonAnswer is primarily driven by reductions in novel versus
recycled news content.

Table 6 presents the results of this analysis. Panel A reports the findings for
novel news, while Panel B displays the corresponding results for stale news. As
shown in Panel A, NonAnswer is associated with a significant reduction in the
number of Sources, driven primarily by a decline in full-article coverage, particu-
larly from professional media outlets. Panel B reveals a similar pattern for stale
news. Notably, we also observe a reduction in the volume of content produced by
nonprofessional media (such as blogs), suggesting that lower output of novel and
stale content from professional media may spill over and dampen recycled content
generation by nonprofessional sources. However, this effect is not statistically
significant at conventional levels.

Overall, the results in Table 6 indicate that NonAnswer during earnings calls
leads to a reduction in the generation of novelmedia content—aswell as a decline in
recycled coverage—highlighting a meaningful disruption to the media’s informa-
tion production function.11

TABLE 6

NonAnswer and the Novelty of Media Coverage

Table 6 examines the effect of NonAnswer on novel news (Panel A) and recycled or stale news (Panel B). News novelty is
measured using RavenPack’s Novelty Score, which ranges from 0 to 100 and reflects how “new” a news story is within a
24-hour window across all published content. A score of 100 indicates the first article to report a categorized event involving
oneormore companies and is therefore classified asnovel.The rest are categorized as stale. ThevariableSources represents
the number of distinct media outlets covering a firm, while Counts reflects the total number of items published about a firm.
Superscripts “F” and “NF” denote full articles and nonfull articles (i.e., newsflashes), respectively. Subscripts “Pro” and “N-
Pro” indicate professional and nonprofessional media outlets. All regressions include the full set of control variables as
specified in Table 2. News categories refer to company-related news within the analysis window, categorized into 36 topics
providedbyRavenPack. t-statistics aregiven in parentheses. Standard errors are clustered at the firm andquarter level. ***, **,
and * indicate significance at the 1%, 5%, and 10% levels, respectively. All independent variables are defined in the
Appendix.

Sources SourcesF SourcesNF CountsFPro CountsFN‐Pro

1 2 3 4 5

Panel A. Novel News

NonAnswer �0.378** �0.518*** �0.091 �1.625*** 0.090
(�2.20) (�2.99) (�0.34) (�3.38) (0.28)

R2 0.920 0.909 0.761 0.769 0.948

Panel B. Stale news

NonAnswer �0.658** �0.658** 0.285 �1.405*** �0.515
(�2.61) (�2.50) (0.88) (�3.47) (�1.39)

No. of obs. 18,192 18,192 18,192 18,192 18,192
R2 0.941 0.940 0.896 0.925 0.963
Full controls Yes Yes Yes Yes Yes
QuarterYear FE Yes Yes Yes Yes Yes
FirmYear FE Yes Yes Yes Yes Yes
News categories Yes Yes Yes Yes Yes

11In unreported additional analysis, we find that NonAnswer to forward-looking questions is asso-
ciated with a decline in both novel and stale media coverage, measured by the number of unique sources
and total media content.
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F. Coverage Shift Within the Industry

This subsection tests Hypothesis 2 at the media source level by examining
whether media outlets reallocate their coverage away from firms with poor infor-
mation environments toward peer firms that provide more substantive responses
during earnings calls. Unlike previous analyses, which focus on firm-level out-
comes, this approach centers on media sources that already cover a group of
industry peers, allowing us to track changes in relative coverage intensity before
and after an earnings call.

We begin by constructing a coverage shift score and then examine its associ-
ation with management nonanswers through a regression analysis.

1. Coverage shift

For the firm i of industry I on the earnings call day t, we define the “prior”
coverage weight ωmit for media source m as:

ωmit ¼
P

dCountsmid
1þP

i∈ I
P

dCountsmid
,

d ∈ t�60,…, t�1½ �

(2)

where Countsmid denotes the number of published news about firm i published by
sourcem on day d. By definition we haveωmit ≥ 0 and

P
i∈ Iωmit ¼ 1. Following the

same approach, we define the posterior coverage weights ω0
mit using the window

d ∈ tþ1,…, tþ60½ �.
We define the coverage shift as the change in coverage weight from the pre- to

postearnings call period. Specifically, the coverage shift for firm i by media source
m on earnings call date t is defined as:

Coverage shift¼Δωmit ¼ ln
1þω0

mit

1þωmit

� �
:

(3)

We illustrate this definition with an example in Figure 4. On Apr. 14, 2015 (t),
J.P. Morgan (JPM) and Wells Fargo & Co. (WFC) held their earnings calls, with
NonAnswer scores of 0.12 and 0.07, respectively. Both firms belong to Fama–
French industry 44 (I), based on the 48-industry classification. We examine the
coverage shift from The Wall Street Journal (WSJ, denoted m) for these two firms.

In the 2 months prior to t, WSJ published 23 articles on JPM and 2 onWFC.
This results in prior weights of ωm,JPM,t ¼ 23= 1þ23þ2ð Þ¼ 0:885 and
ωm,WFC,t ¼ 2= 1þ25ð Þ¼ 0:077. In the 2 months following t, WSJ published
14 articles on these two banks—12 on JPM and 2 on WFC—yielding posterior
weights of ω0

m,JPM,t ¼ 12= 1þ14ð Þ¼ 0:800 and ω0
m,WFC,t ¼ 2= 1þ14ð Þ¼ 0:133.

Using equation (3), we compute the coverage shifts as Δωm,JPM,t ¼
ln 1þ0:800

1þ0:885

� �
¼�0:046 and Δωm,WFC,t ¼ ln 1þ0:133

1þ0:077

� �
¼þ0:051. This suggests a

relative shift in the Wall Street Journal’s coverage away from JPM and toward
increased coverage of WFC.
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2. Analysis

We model the shift in the firm’s coverage weight within industries with the
following equation:

Coverage shiftmit ¼ β0þβ1 ×NonAnsweritþβ2 ×X itþαmþαItþ ϵmit(4)

X it includes the full list of control variables as defined in equation (1). We
include media fixed effects (αm) to exploit within-media variation, isolating the
differential treatment of firms by the same media outlet. In addition, we control for
industry-year fixed effects (αIt) to account for time-specific shocks or common
characteristics affecting earnings calls within the same industry on a given year.We
also report standard errors clustered at the media source level.

Table 7 presents the results of this analysis. Column 1 shows that firms with
higher NonAnswer scores experience a statistically significant decline in their
media-level coverage weight relative to industry peers. In other words, holding
other factors constant, media outlets tend to shift coverage toward firms that provide
more substantive responses during earnings calls. Importantly, since the regression
includes both industry-year and media fixed effects, the results capture within-
media shifts in coverage across firms within the same industry. These findings
suggest that media sources prioritize covering firms with less obstructed informa-
tion flows and clearer communication strategies.

Columns 2 and 3 replicate the analysis using only novel news content
(i.e., articles with a novelty score of 100) and less novel news items (i.e., with a
novelty score below 100), respectively. In both specifications, we find consistent
evidence that firms exhibiting higher nonanswer behavior receive reduced media
attention relative to their peers. This indicates that the coverage shift occurs for both
novel and non-novel news.12

FIGURE 4

Graphical Example of Coverage Shift

Figure 4 illustrates an example of media coverage reallocation by The Wall Street Journal, using data from two firms—J.P.
Morgan (JPM) and Wells Fargo & Co. (WFC)—that held their earnings calls on Apr. 14, 2015. Both firms belong to the same
Fama–French industry classification (industry code 44). In the 2 months preceding the earnings call, The Wall Street Journal
published 23 articles on JPM and 2 onWFC. In the 2months following the call, the outlet published 14 articles on these firms—
12 on JPM and 2 onWFC—highlighting a relative shift in coverage toward the firm providingmore informative responses. The
example and computations are described in details in IV.F.

t 
- 

60
 d

ay
s  23 Articles for JPM

ωm,JPM,t = 23/(1 + (2 + 23)) = 0.885

NonAnswerJPM = 0.12

Δωm,JPM,t = ln(1 + 0.8/1 + 0.885) = –0.046
Δωm,WFC,t = ln(1 + 0.133/1 + 0.077) = +0.051

ωm,WFC,t = 2/(1 + 25)) = 0.077
ωm,JPM,t = 12/(1 + 14) = 0.8

ωm,WFC,t = 2/(1 + 14) = 0.133

  2 Articles for WFC 
 12 Articles for JPM
  2 Articles for WFC 

t 
+

 6
0 

d
ay

s

ϕ

NonAnswerWFC = 0.07
ϕ

12We re-estimate Table 7 using peers identified based on the text-based industry classification of
Hoberg and Phillips (2016). As shown in Table O.A.2 in the Supplementary Material, the results remain
robust under this alternative specification.
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To further examine whether this shift applies to different types of journalistic
output, columns 4 and 5 repeat the analysis separately for nonfull articles (e.g., flash
news) and full-length articles, respectively. The results show that the media cover-
age shift occurs in both cases, with larger magnitudes for full-length articles.13

Taken together, the results in Table 7 provide strong support for Hypothesis 2:
when management withholds information, media outlets reallocate attention toward
more transparent firms within the same industry—across both novel and stale news,
and across both brief and in-depth reporting.

V. Additional Analyses

In the preceding sections, we demonstrate that when management withholds
information during earnings calls (NonAnswer), firms experience a decline in
subsequent media coverage. This effect is particularly pronounced when nonan-
swers are given to forward-looking questions, which are of high informational
value. Although the reduction in coverage is observed across both professional
and nonprofessional media outlets, it is most concentrated in full-length articles—
which require greater editorial effort and investment—and is particularly pro-
nounced among professional media sources.

In this section, we conduct a series of additional analyses to further examine
the relationship between NonAnswer and subsequent media coverage. First, we
explore how media coverage—and its tone—following earnings calls relates to
abnormal stock returns. Second, we extend our analysis to a new sample that
includes smaller publicly traded firms to assess the generalizability of our findings.

TABLE 7

NonAnswer and Media Coverage Shift

Table 7 examines the association betweenNonAnswer and shifts inmedia coverage across peers in an industry. In column 1,
the coverage shift is constructed using all news articles. Column 2 restrict themeasure to novel news—defined as articleswith
a RavenPack novelty score of 100—while column 3 use stale news, defined as articles with a novelty score below 100. In
columns 5 and 6, we restrict the coverage to nonfull articles and full articles, respectively. Observations are at the media
source level, enabling the inclusion of media source fixed effects. The dependent variable is the change in a firm’s weight in a
media source’s portfolio relative to its industry peers. All regressions include the full set of control variables as specified in
Table 2, as well as industry-year and media source fixed effects. t-statistics are given in parentheses. Standard errors are
clustered at the media source level. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively. All
independent variables are defined in the Appendix.

Δω Δω Novelty ¼ 100ð Þ Δω Novelty < 100ð Þ Δω Non�FullArticlesð Þ Δω FullArticlesð Þ
1 2 3 4 5

NonAnswer �0.119*** �0.041*** �0.112*** �0.042*** �0.100***
(�4.34) (�3.20) (�4.12) (�3.00) (�3.84)

No. of obs. 862,279 862,279 862,279 862,279 862,279
R2 0.029 0.007 0.029 0.013 0.028
Full controls Yes Yes Yes Yes Yes
IndustryYear FE Yes Yes Yes Yes Yes
Source FE Yes Yes Yes Yes Yes

13We also explore whether a firm’s nonanswer behavior is influenced by the transparency of its
industry peers. While theory allows for both positive and negative peer effects, our empirical analysis—
using alternative time windows prior to each firm’s earnings call—finds a positive but statistically
insignificant relationship. This suggests that, on average, peer behavior does not meaningfully shape a
firm’s tendency to provide nonanswers. Table O.A.3 in the Supplementary Material reports the results.
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Third, we examine whether changes in media coverage translate into shifts in
investor trading behavior by analyzing several indicators of trading activity. Finally,
we conduct a set of robustness checks.

A. Media Coverage and Stock Returns

Our primary research question concerns the determinants of media coverage
—specifically, whether and how management’s withholding of information during
earnings calls influences subsequent media attention to the firm. We document a
significant decline inmedia coverage following instances ofNonAnswer, indicating
that reducedmanagerial transparency affects themedia’s engagement with the firm.

As discussed earlier, a separate strand of literature examines the consequences
of media coverage for trading behavior and market outcomes. This body of work
generally finds that greater media attention is associated with higher firm valuation
and lower cost of capital (Fang and Peress (2009), Liu, Sherman, and Zhang
(2014)), narrower bid–ask spreads (Bushee et al. (2010)), increased trading volume
(Guest (2021), Fedyk (2024)), reducedmispricing (Drake et al. (2014)), and greater
participation from both retail investors (Barber and Odean (2007)) and institutional
investors (Fang, Peress, and Zheng (2014)). Identifying the causal effect of media
coverage on such outcomes is empirically challenging, and several studies have
proposed innovative identification strategies to address this issue (Engelberg and
Parsons (2011), Peress (2014), and Fedyk (2024)).14

Given that our study primarily focuses on the determinants—rather than the
consequences—of media coverage, and in light of the well-documented empirical
challenges in identifying the causal effects of media coverage on market outcomes,
a comprehensive analysis of how reductions in media coverage affect stock returns
and trading activity lies beyond the scope of this article. Nonetheless, with this
caveat in mind, we offer suggestive evidence on whether the observed decline in
media coverage following earnings calls is associated with changes in shareholder
value, proxied by abnormal stock returns.

We measure cumulative abnormal returns (CAR) for each firm over the
60 trading days following its earnings call (day 1 to day 60), using the Fama–
French three-factor model as the benchmark. To assess the relationship between
media coverage and stock performance, we estimate regressions with CAR as the
dependent variable and media coverage—measured by both the number of unique
sources (Sources) and the volume of content (Counts)—as key explanatory vari-
ables. Prior research suggests that media coverage, regardless of its content, is
positively associated with firm valuation (Fang and Peress (2009)). Additionally,
there is evidence that the tone of media coverage affect firm valuation and future
stock returns (Tetlock, Saar-Tsechansky, and Macskassy (2008), Kothari, Li, and
Short (2009)). Therefore, we also include the tone of coverage as an alternative
explanatory variable in our analysis. As a results, we will have three dependent
variables.

For each of the three dependent variables—media coverage measured by
Sources,Counts, and Tone—we construct five variations: i) based on all news from

14For a comprehensive overview of this literature, see Ahern and Peress (2023).
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all sources (Overall ), ii) limited to professional media outlets (Pro), iii) limited to
nonprofessional media (N-Pro), iv) restricted to highly novel news with a novelty
score of 100 (Novel ), and v) restricted to stale news with a novelty score below
100 (N-Novel). This results in a total of 15 alternative measures of media coverage,
each of which is used as the main explanatory variable in separate regressions to
assess their relationship with cumulative abnormal returns (CAR).

To further evaluate the robustness of our findings, we replicate the entire
analysis using a more stringent relevance threshold for media content. Specifically,
we raise the minimum relevance score from the default 75% to 90%, thereby
focusing on news items that are more directly related to the firm. All regressions
include the full set of control variables and both firm-year and quarter-year fixed
effects, allowing us to identify within-firm changes in coverage rather than cross-
sectional differences between firms with high and low media attention.

Table 8 presents the estimated relationships between the various media cov-
erage measures and abnormal stock returns. Panel A reports the results using the
default relevance threshold of 75%, while Panel B displays results using the stricter
90% cutoff. Each coefficient in the table is derived from a separate regression; rows
correspond to the different media coveragemetrics, while columns reflect how each
measure is constructed (e.g., professional vs. nonprofessional media).

The results suggest a positive association between media coverage and abnor-
mal stock returns: firms receiving greater (less) media attention following earnings
calls tend to exhibit higher (lower) cumulative abnormal returns. The effects are
similar in magnitude but become statistically more significant when we focus on
highly relevant news (Panel B). The magnitude of the effect is also economically
meaningful. Specifically, a 1-standard-deviation decrease in the number of media
sources covering a firm postcall is associated with a 1.3% decline in abnormal
returns.

This positive relationship generally holds with similar magnitudes across
coverage from both professional and nonprofessional media, though the effect
appears more robust for professional media. Similarly, we find a positive associa-
tion between coverage of both novel and stale news and abnormal returns; however,
the effect is substantially larger for novel news (e.g., coefficients of 0.015 for novel
vs. 0.002 for stale news in the first row of Panel B).

Finally, while the tone of articles from both professional and nonprofessional
media is positively correlated with abnormal returns, we do not find any association
between the tone of stale news and stock returns.

Overall, the results reported in Table 8 suggest a positive relationship
between media coverage and abnormal stock returns, with the association being
particularly strong and robust for coverage from professional business media and
for novel news.

B. Media Coverage and Investor Activities

In this section, we examine whether changes in media coverage following earn-
ings calls are associated with individual investors’ trading behavior and interest in the
company. Prior literature suggests that media attention to individual stocks influences
investor behavior, particularly among retail investors (Barber and Odean (2007), Da,

Boustanifar and Mansouri 2379

https://doi.org/10.1017/S0022109026102634
D

ow
nloaded from

 https://w
w

w
.cam

bridge.org/core. U
N

IVERSID
AD

 AU
TO

N
O

M
A M

ETRO
PO

LITAN
A, on 15 N

ov 2026 at 15:15:38, subject to the Cam
bridge Core term

s of use, available at https://w
w

w
.cam

bridge.org/core/term
s.

https://doi.org/10.1017/S0022109026102634
https://www.cambridge.org/core
https://www.cambridge.org/core/terms


Engelberg, and Gao (2011), Engelberg and Parsons (2011), and Tetlock (2011)). Our
analysis builds on this work by exploring whether the decline in media coverage
following nonanswers during earnings calls affects investor activity and interest in
the firm. We expect that lower postcall media coverage will be associated with
decreased investor attention and trading activity—especially among retail investors.

To proxy for retail investor activity, we use Google Search Volume Index data,
a measure suggested in prior studies to capture retail attention and engagement with
individual stocks (Da et al. (2011), Ben-Rephael, Da, and Israelsen (2017)). For
example, Da et al. (2011) argue that highGoogle search volume for a stock suggests
that many investors are looking for information about that stock. They document a
strong positive relation between search volume changes and investor trading. We
obtain monthly Google Trend data based on each company’s name and examine
how media coverage during that month correlates with search activity.

Table 9 presents the relationship between various measures of media coverage
andGoogle search intensity for a firm. Column 1 shows that overall media coverage
is strongly and significantly correlated with search activity.We find similar patterns
when media coverage is disaggregated into full articles versus newsflashes
(columns 2–3), as well as into professional versus nonprofessional media sources
(columns 4–5). These results suggest that media coverage—regardless of type or
source—is significantly and positively related to retail investor interest.15

TABLE 8

Media Coverage and Abnormal Returns

Table 8 examines the association between media coverage (and its tone) and cumulative abnormal returns (CARs) over the
period from day 1 to day 60 following earnings calls. CARs are estimated using the Fama–French three-factor model as the
benchmark. Panel A focuses on news with a RavenPack relevance score of at least 75% (the default threshold used in this
article), while Panel B considers newswith higher relevance, defined as a relevance score of at least 90%. Each number in the
table corresponds to a separate regression. The rows represent the main coverage metrics—Source, Count, or Tone—and
the columns indicate the news categories used to construct those metrics. Tone is measured using the average RavenPack
Event Sentiment Score (ESS) for each news item. Column 1 presents results for all news, column 2 for professional media,
column3 for nonprofessionalmedia, column4 for novel news, and column5 for nonnovel or stale news. All regressions include
a full set of control variables as specified in Table 2, as well as quarter-year and firm-year fixed effects. t-statistics are given in
parentheses. Standard errors are clustered at the firm and quarter level. ***, **, and * indicate significance at the 1%, 5%, and
10% levels, respectively. All independent variables are defined in the Appendix.

Overall Pro N-Pro Novel N-Novel

1 2 3 4 5

Panel A. Relevance > 75%

Source 0.013* 0.011* 0.013*** 0.013** 0.002***
(1.93) (1.85) (3.03) (2.22) (5.06)

Count 0.007 0.011* 0.008* 0.003*** 0.003***
(1.20) (1.97) (1.72) (4.76) (3.61)

Tone 0.009 0.019*** 0.031*** 0.001*** �0.000
(1.58) (2.74) (4.35) (5.66) (�0.16)

Panel B. Relevance > 90%

Source 0.014** 0.011* 0.013*** 0.015** 0.002***
(2.19) (1.85) (3.06) (2.59) (5.06)

Count 0.008 0.011** 0.007 0.003*** 0.003***
(1.33) (2.20) (1.54) (4.76) (3.61)

Tone 0.010* 0.023*** 0.031*** 0.001*** �0.000
(1.77) (3.24) (4.35) (5.66) (�0.49)

15We find similar results when we use 1 month forward google search index as the dependent
variable.
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Assuming that search intensity serves as a valid proxy for retail engagement,
the findings in Table 9 imply that reduced media coverage following NonAnswer
behavior may substantially diminish retail investor attention to the stock.

As an additional analysis, we examine the relationship between media cover-
age and changes in retail investor holdings using Robinhood data, available from
2017 onward. Leveraging within-firm variation across earnings calls, we find that
increasedmedia coverage—particularly in terms of content volume and across both
professional and nonprofessional sources—is positively associated with growth in
the number of Robinhood users holding a stock. While the coefficient on the
number of unique sources is not statistically significant at conventional levels,
robustness checks using higher relevance thresholds (above 90%) yield statistically
significant results. These findings, though, should be interpretedwith caution due to
the short sample period for this analysis. Results are reported in Table O.A.4 in the
Supplementary Material.

Overall, the results reported earlier provide suggestive evidence of a positive
impact of media coverage on retail investor engagement and trading following
earnings calls. These findings imply that the reductions in media attention docu-
mented earlier—driven by NonAnswer behavior by management—are likely to
reduce retail investor interest and, in turn, lead to lower retail ownership of the
stock.

TABLE 9

Media Coverage and Google Trends

Table 9 examines the relationship between various measures of media coverage and individual investors’ interest in and
engagement with a firm over the course of a month. The dependent variable is the monthly Google Trends index for each
company. All regressions include month-year and firm-year fixed effects. The specifications differ based on the particular
measure of media coverage used as the main independent variable. News categories refer to company-related news within
the analysis window, categorized into 36 topics provided byRavenPack. t-statistics are given in parentheses. Standard errors
are clustered at the firm and month level. ***, **, and * indicate significance at the 1%, 5%, and 10% levels, respectively. All
right hand side variables are defined in the Appendix.

Dependent Variable: Google Trend

1 2 3 4 5

Sources 0.018***
(3.49)

SourcesF 0.018***
(3.50)

SourcesNF 0.041***
(3.09)

CountsFPro 0.005***
(3.41)

CountsFN‐Pro
0.001***
(3.27)

ln Assetsð Þ 2.614*** 2.589*** 2.795*** 2.648*** 2.725***
(3.05) (3.01) (3.18) (3.01) (3.07)

Q 0.323** 0.322** 0.337** 0.328** 0.340**
(2.06) (2.05) (2.11) (2.04) (2.12)

BTM �0.626 �0.613 �0.601 �0.636 �0.511
(�0.71) (�0.70) (�0.68) (�0.73) (�0.58)

No. of obs. 36,711 36,711 36,711 36,711 36,711
R2 0.872 0.872 0.871 0.871 0.870
MonthYear FE Yes Yes Yes Yes Yes
FirmYear FE Yes Yes Yes Yes Yes
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As noted earlier, the existing literature has primarily focused on the influence
of media coverage on retail investors, who are generally more susceptible to news
and media coverage. Institutional investors are often assumed to be less reliant on
media coverage, given their greater access to resources and analytical capabilities.
However, prior research also indicates that professional investors actively monitor
and utilize press-distribution channels, particularly real-time services such as news-
wires (Li et al. (2011), Rogers, Skinner, and Zechman (2016), and Twedt (2016)).
Moreover, there is evidence that institutional investors, like retail investors, face
cognitive and attention constraints. For instance, Fang et al. (2014) show that
media coverage—irrespective of its tone—triggers increased trading activity by
institutional investors, and that such behavior is linked to inferior investment
performance.

Accordingly, management’s use of NonAnswer responses and the resulting
decline in media coverage could plausibly reduce professional investors’ interest
in the stock. Alternatively, in the face of reduced media content, these investors
may respond by seeking more detailed information directly from primary sources
such as company filings. Therefore, the net effect of NonAnswer and the subse-
quent lower media coverage on professional investors’ interest in a stock is an
empirical question.

Financial professionals typically rely on two primary search platforms for acces-
sing noneditorialized financial information: Bloomberg terminals (a subscription-
based service) and the SEC’s EDGAR system (a first-source repository and a publicly
accessible platform). Prior research uses search activity onBloomberg terminals (Ben-
Rephael et al. (2017)) and EDGAR platform (Loughran and McDonald (2017), Li,
Wang, Yan, and Zhao (2019), Gibbons, Iliev, and Kalodimos (2021), and Crane,
Crotty, and Umar (2023)) as a proxy for professional investors’ information acquisi-
tion and interest in specific stocks. An important consideration in this literature is the
need to exclude automated downloads by “robots.” Drake, Roulstone, and Thornock
(2015) excludes all requests from IP addresses that access more than five filings in a
given minute or more than 1000 filings in a single day. Loughran and McDonald
(2017) defines more than 50 requests in a single day from a particular IP address as
indicative of a “robot.”

We use data on downloads of company filings from the SEC’s EDGAR
platform to proxy for professional investor interest. The EDGAR log file data sets
provide detailed records of Internet search traffic related to corporate disclosures,
including annual reports (10-Ks), quarterly reports (10-Qs), 8-Ks, and IPO pro-
spectuses (Form S-1 and Form 424) as well as insider trading files (Forms 3, 4, and
5). Following Loughran and McDonald (2017), we exclude automated activity
(“robots”), defined as instances where a single IP address makes more than 50
requests in a single day. We then aggregate the remaining data at the firm level to
construct a measure of firm-specific investor attention. In the Appendix, we also
report similar results using the alternative robot definition from Drake et al.
(2015).16

16Our sample for this analysis ends in June 2017, as EDGAR log files are not available from that date
through 2020.
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We estimate regressions similar to those used in earlier analyses to assess the
effect of changes in media coverage following earnings calls on filing downloads,
measured as the log of the number of downloads. The regressions include the full set
of control variables, along with quarter-year and firm-year fixed effects. As such,
the results are identified from within-firm-year variation in media coverage and its
association with changes in filing downloads.

Table 10 presents the results of this analysis. We find a robust, positive, and
statistically significant relationship between media coverage and professional
investors’ interest or engagement with a stock, as measured by downloads of
company filings. Very similar results are obtained when using the alternative
method for excluding automated downloads, as proposed by Drake et al. (2015),
which is reported in Table O.A.5 in the Supplementary Material.17

It is important to acknowledge that professional investors can access certain
information from company filings through a variety of platforms beyond the SEC’s
EDGAR system. Sources such as company websites, Bloomberg terminals, Capital
IQ, and Yahoo! Finance often provide consolidated access to some standard filing
content. However, these alternative platforms typically omit valuable textual elements
—such as the tone of Management’s Discussion and Analysis (Loughran and McDo-
nald (2011)) or detailed disclosures about contingent liabilities (Boustanifar and
Verriest (2025))—that are available only in the original filings. Accordingly, while
EDGAR server log data serve as a useful and commonly used proxy for (professional)
investor attention in the literature, this measure should be interpreted with the caveat
that investors may also access structured filing data through alternative sources.18

Taken together with our earlier findings that NonAnswer behavior reduces
overall media coverage, the results presented in this section provide suggestive
evidence that reduced managerial transparency may diminish investor engagement
—among both retail and professional investors.

C. Analyzing a Sample of Smaller Firms

As motivated in Section III, this article focuses on S&P 500 firms. Neverthe-
less, one might reasonably question whether the findings generalize to smaller
firms. There are several reasons to believe that the effects of NonAnswer behavior
may differ in the context of smaller firms. Compared to large, prominent firms,
smaller firms typically have fewer information channels available to investors, and
may also be subject to lower scrutiny. Consequently, instances of NonAnswer may

17While it would be desirable to isolate the effect of NonAnswer on investor activity through the
channel of media coverage, such identification is challenging due to the presence of a direct effect.
Specifically, NonAnswer may itself prompt increased investor information-seeking, creating a positive
direct effect on investor activity. This violates the exclusion restriction required for an instrumental
variable approach. A reduced form regression of investor activity on NonAnswer thus captures the net
effect of both the direct and indirect (via media coverage) channels. In unreported results, we find that
this net effect is negative and marginally significant, suggesting that the media coverage channel
dominates.

18Loughran and McDonald (2017) argue that EDGAR filings remain the most reliable source for
accessing original, disaggregated company data—including both accounting figures and, more impor-
tantly, textual disclosures—that are often unavailable through alternative platforms such as Bloomberg
terminals.
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be less frequent. Additionally, the relationship between NonAnswer and media
coverage may be more substitutive rather than complementary. In such cases, when
management fails to provide adequate information,media outletsmay attempt to fill
the informational void through their own interpretation and analysis. Therefore, one
might expect that, on average, more frequent nonanswers could lead to greater—
rather than diminished—media coverage among smaller firms. Alternatively, if this
relationship varies across subsets of firms—being substitutive in some cases and
complementary in others—the net effect in the aggregate could be muted or
statistically insignificant.

To investigate this possibility, we extend our analysis to a sample of smaller
firms. Specifically, we collect the necessary data for companies in the S&P 1500
index that are not included in the S&P 500. We re-estimate our main regressions
examining the relationship between NonAnswer and various media coverage met-
rics within this new sample. We further examine whether these effects vary across
firm size by introducing interactions with firm size indicators.

Table O.A.6 in the Supplementary Material presents the descriptive statistics
for this broader sample. The average andmedian levels ofNonAnswer are 0.073 and
0.072, respectively—values that are nearly identical to those observed in the S&P
500 sample (0.074 and 0.073). However, media coverage levels differ substantially
between the two samples. For instance, the average values of Sources andCountsFPro
for firms in the S&P 500 are 3.8 and 2.0, respectively, whereas the corresponding
figures in this broader sample are 2.5 and 1.3.19

TABLE 10

Media Coverage and EDGAR Downloads

Table 10 examines the association between media coverage and investors’ information interest or engagement with a stock,
proxied by EDGAR filings downloads, in the 1- to 60-day window following earnings calls. The dependent variable is the
logarithm of EDGARdownload counts for each firm.We exclude automated download activity by removing instances where a
single IP address makes more than 50 requests in a day. All regressions include a full set of control variables as specified in
Table 2, as well as quarter-year and firm-year fixed effects. Standard errors are clustered at the firm and quarter levels. t-
statistics are reported in parentheses. ***, **, and * denote statistical significance at the 1%, 5%, and 10% levels, respectively.
All independent variables are defined in the Appendix.

EDGAR Downloads

1 2 3 4 5

Sources 0.124***
(9.02)

SourcesF 0.117***
(9.41)

SourcesNF 0.082***
(7.96)

CountsFPro 0.108***
(12.43)

CountsFN‐Pro
0.091***
(9.77)

No. of obs. 14,131 14,131 14,131 14,131 14,131
R2 0.972 0.972 0.972 0.973 0.972
Full controls Yes Yes Yes Yes Yes
QuarterYear FE Yes Yes Yes Yes Yes
FirmYear FE Yes Yes Yes Yes Yes
News categories Yes Yes Yes Yes Yes

19We note that these variables are expressed in logarithmic form.
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Panel A of Table 11 presents the average relationship betweenNonAnswer and
media coverage in this extended sample. The estimated coefficients are sometimes
positive and sometimes negative, but none are statistically significant. In Panel B,
we explore heterogeneity by firm size. We interact NonAnswer with a dummy
variable, Large, which equals 1 if the firm is above the median size in this sample.
The interaction term is consistently negative and, in several cases—particularly for
professional media sources and full-length articles—statistically significant. This
indicates that, among relatively larger firms in this sample, higher NonAnswer
scores are associated with lower media coverage. In contrast, the coefficients on
NonAnswer for smaller firms (i.e., those in the bottom half of the size distribution)
are positive in some cases and statistically significant for the volume of content
produced by professional media.20

Taken together, the results in Table 11 suggest that while the main patterns
documented in our S&P 500 sample generally hold for relatively larger firms in the
broader sample, there is some (albeit weak) evidence that for a subset of smaller
firms, media coverage may function as a substitute for management disclosure.
These findings align with Fang and Peress (2009), who show that analyst coverage

TABLE 11

NonAnswer and Media Coverage: A Sample of Smaller Firms

Table 11 investigates the relationship between NonAnswer and different measures of media coverage following earnings
calls, using data for firms included in S&P 1500 index (but not in S&P 500). Panel A reports the average effects across all
companies, whereas Panel B studies the relation for larger versus smaller companies in this sample. Large is an indicator
variable that is 1 for companies above median size in this sample, and 0 otherwise. All regressions include a full set of control
variables as specified in Table 2, aswell as quarter-year and firm-year fixed effects. Newscategories refer to company-related
news within the analysis window, categorized into 36 topics provided by RavenPack. Standard errors are clustered at the firm
and quarter levels. t-statistics are reported in parentheses. ***, **, and * denote statistical significance at the 1%, 5%, and 10%
levels, respectively. All variables are defined in the Appendix.

Sources SourcesF SourcesNF CountsFPro CountsFN‐Pro

1 2 3 4 5

Panel A. The Average Effect

NonAnswer �0.012 0.027 �0.142 0.077 �0.183
(�0.09) (0.19) (�1.01) (0.36) (�0.96)

R2 0.941 0.934 0.898 0.889 0.951

Panel B. Large Versus Small Firms

NonAnswer × Large �0.419 �0.466* �0.130 �1.304*** �0.499
(�1.67) (�1.72) (�0.52) (�3.27) (�1.58)

NonAnswer 0.176 0.236 �0.084 0.661** 0.040
(0.92) (1.21) (�0.47) (2.26) (0.17)

Large 0.029 0.031 0.025 0.095** 0.018
(1.37) (1.39) (1.20) (2.61) (0.61)

No. of obs. 61,192 61,192 61,192 61,192 61,192
R2 0.941 0.934 0.898 0.889 0.951
Full controls Yes Yes Yes Yes Yes
QuarterYear FE Yes Yes Yes Yes Yes
FirmYear FE Yes Yes Yes Yes Yes
News categories Yes Yes Yes Yes Yes

20In Table O.A.7 in the Supplementary Material, we present analogous results using the full S&P
1500 data set. When firms are divided into terciles based on size, we find that the effects of NonAnswer
on media coverage are negative and statistically significant for firms in the top two terciles. By contrast,
for firms in the bottom tercile, the coefficients are generally positive, and in one case—specifically, the
volume of professional media content—it is statistically significant.
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and media coverage can act as substitutes—particularly for firms with weaker
information environments—where media coverage helps bridge the gap in infor-
mation provided to the market.

D. Robustness Checks

We have conducted several robustness checks, which are reported in the
Supplementary Material for brevity. Specifically, Table O.A.8 in the Supplemen-
tary Material demonstrates that our main findings hold when focusing on a shorter
window—the first 48 h following earnings calls. Furthermore, Table O.A.9 in the
Supplementary Material verifies the robustness of our results using an expanded
sample beginning in 2002.Moreover, we re-estimate the main regressions using the
token-weighted version of NonAnswer measure proposed by Barth et al. (2022),
and the findings remain consistent (Table O.A.10 in the Supplementary Material).
In addition, Table O.A.11 in the Supplementary Material shows that including
lagged media coverage as a control does not affect our results. Finally, we confirm
that our results are robust to accounting for potential nonlinear relationship between
firm size and media coverage (Table O.A.12 in the Supplementary Material).21

VI. Conclusion

This article investigates how the quality of managerial disclosure during
earnings calls affects subsequent media coverage. Using a machine learning-based
measure of “nonanswers” in earnings call Q&A sessions, we document a robust
negative relationship between evasive managerial responses and postcall media
attention. This pattern holds especially for professional media outlets and full-
length journalistic content, consistent with a supply-driven view ofmedia coverage:
when management withholds information, media face greater constraints in sourc-
ing and producing content, leading to diminished coverage.

Further analyses reveal that this decline in media attention is not merely
limited to recycled or low-effort content—it extends to novel, high-effort reporting,
particularly from professional sources. We also show that the media’s role in
disseminating and producing information is especially impaired when managers
avoid answering forward-looking questions. At the media source level, we further
find that, within a given industry, outlets systematically shift their coverage away
from firms with high nonanswer behavior and toward those providing more com-
plete responses—reinforcing the supply-driven mechanism.

Consistent with the extant literature, we also find that reduced media coverage
is associated with lower abnormal stock returns and diminished investor engage-
ment, suggesting that the consequences ofmanagerial nondisclosure extend beyond
media dynamics to affect capital market outcomes.

Although our primary analysis focuses on S&P 500 firms, we examine the
broader applicability of our findings using a larger sample. While the supply-driven
effect remains evident among large and mid-sized firms, the relationship weakens or
even reverses for the smallest firms—offering tentative evidence that media may act

21In unreported results, we confirm that our main findings remain robust when we estimate the
models using Poisson regressions instead of OLS.
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as a substitute for firm disclosure when transparency is low, but information demand
remains high. However, as our data and empirical setup are not ideally suited for
analyzing small firms, we view this as a promising area for future research.

Our findings contribute to the literature on the determinants ofmedia attention,
the distinct roles of business media in financial markets—namely, disseminating
existing information and generating new, original content—and the consequences
of managerial disclosure practices. By highlighting the media’s reliance on acces-
sible information, our results underscore the importance of transparency in enabling
the media to effectively perform both its informational and monitoring functions.

The recent growth in the literature on financial media has been facilitated by
the emergence of high-frequency, structured data sets such as RavenPack (Tetlock
(2014)), which continues to expand in coverage and granularity (Miller and Skinner
(2015)). Future research will benefit from broader firm coverage and longer time
horizons, enabling more granular analyses at the media-source level and further
exploration of how information production and dissemination dynamics vary
across different institutional settings.

Appendix. Definition of Variables

BTM : Book-to-market ratio; defined as the total common/ordinary equity divided by
the market value of equity (from Compustat).

Complexity: The ratio of the complex words to the total words in the answers provided
by the management. “Complexity”word list provided by Loughran andMcDonald
(2024).

Counts: The natural logarithm of 1 plus the total number of news pieces in a 2-month
period after firms’ earnings calls.

CountsF : The Counts variable filtered for the news pieces tagged as a full article in the
Raven Pack data set.

CountsFN�Pro: TheCounts
F variable filtered for the sourceswe identify as nonprofessional.

CountsFPro: The Counts variable filtered for the sources we identify as professional. We
label a source as professional if it is associated with Dow Jones Newswire,
Barron’s, Marketwatch, Bloomberg News, Thomson Reuters, the Wall Street
Journal, the Financial Times, Entrepreneur, Business Insider, CNBC, and Forbes.

EarningsSurp: Represents the grouping of all firms in deciles of earnings surprise
following Dzielinski et al. (2021) (defined as the difference between the actual
and the consensus forecast earnings (from IBES) as a ratio to the share price
5 trading days before the announcement).

FLQ: Forward lookingness of the question; the ratio of the forward-lookingwords to the
total words in the analyst’s question. Forward-looking terms provided by Bozanic
et al. (2018) and Matsumoto et al. (2011).

ln Assetsð Þ: The natural logarithm of total assets (from Compustat).

Negativity: The ratio of the negative words to the total words in the answers provided by
the management. “Negative” word list provided by Loughran and McDonald
(2011).
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NewsWorthiness: Inspired by Dyck et al. (2008), defined as the natural logarithm of 1
plus the number of articles in theWall Street Journal and the Financial Times that
refer to a company during the 6-month period before its earnings call (excluding the
day of earnings call and 1 day before it).

NonAnswer: The ratio of trigrams in the nonanswer glossary of Barth et al. (2022) to the
total words.

NonAnswerFLQ: The ratio of trigrams weighted by the forward-lookingness of the
question to the total words.

NonAnswerϕ: The ratio of trigrams weighted by their corresponding loadings in the
nonanswer glossary of Barth et al. (2022) to the total words.

PR: The natural logarithm of 1 plus the firm’s initiated press releases (from Ravenpack
PR-edition).

Q: The Tobin’s Q; the book value of assets minus book value of common equity plus the
market value of common equity, divided by the total book value of assets (from
Compustat).

Sources: The natural logarithm of 1 plus the number of unique news sources that publish
a piece in a 2-month period after firms’ earnings calls (from Ravenpack).

SourcesF : The Sources variable filtered for the news pieces tagged as a full article in the
Raven Pack data set.

SourcesNF : The Sources variable filtered for the news pieces not tagged as full article in
the Raven Pack data set.

SourcesFN�Pro: The SourcesF variable filtered for the sources we identify as
nonprofessional.

SourcesFPro: The Sources variable filtered for the sources we identify as professional.We
label a source as professional if it is associated with Dow Jones Newswire,
Barron’s, Marketwatch, Bloomberg News, Thomson Reuters, the Wall Street
Journal, the Financial Times, Entrepreneur, Business Insider, CNBC, and Forbes.

Uncertainty: The ratio of the uncertain words to the total words in the management
answers. “Uncertainty” word list provided by Loughran and McDonald (2011).
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To view supplementary material for this article, please visit http://doi.org/
10.1017/S0022109026102634.
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