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Abstract. We introduce the notion of a quasistatic dynamical system, which generalizes
that of an ordinary dynamical system. Quasistatic dynamical systems are inspired by
the namesake processes in thermodynamics, which are idealized processes where the
observed system transforms (infinitesimally) slowly due to external influence, tracing
out a continuous path of thermodynamic equilibria over an (infinitely) long time span.
Time evolution of states under a quasistatic dynamical system is entirely deterministic,
but choosing the initial state randomly renders the process a stochastic one. In the
prototypical setting where the time evolution is specified by strongly chaotic maps on
the circle, we obtain a description of the statistical behavior as a stochastic diffusion
process, under surprisingly mild conditions on the initial distribution, by solving a well-
posed martingale problem. We also consider various admissible ways of centering the
process, with the curious conclusion that the ‘obvious’ centering suggested by the initial
distribution sometimes fails to yield the expected diffusion.

1. Introduction

This paper belongs to the wider context of studying statistical properties of dynamical
systems using probabilistic techniques. We are going to propose a new, but very natural,
class of non-stationary dynamical systems, and to implement methods from probability
theory (e.g. coupling) and stochastic analysis (a martingale problem) in their investigation,
alongside methods from ergodic theory and dynamical systems.

1.1. Motivation and abstract set-up.  This paper grew out of the will to understand the
following abstract set-up. Consider a system s in contact with an ambient system &. The
joint system (s, ©) is too large and complex to analyze, while s, the observed subsystem
of actual interest, is more amenable to scrutiny. The observed system s and the ambient
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system & are allowed to interact, with the following constraints: (i) due to the size of
the latter, the evolution of s has a negligible effect on that of & and (ii) s is robust in
comparison to the strength of the interaction. By (ii) we mean that the characteristics of s
change very slowly, yet in such a way that the cumulative change over a very long time
could be enormous.

At the conceptual level, the problem is to characterize the properties of s over a (long)
lapse of time, at least in non-trivial special cases. In particular, it is not always reasonable to
expect that the subsystem s reaches or remains in equilibrium under the perpetual influence
of &. Rather, it might slowly pass through small vicinities of equilibria, in a continuous
manner. Given an absence of equilibrium states, the question arises as to how to describe
statistical properties of such a system.

In order to model the above set-up, we propose the notion of a quasistatic dynamical
system (QDS) in §1.2. In §1.3 we introduce a means of describing properties of QDSs
via stochastic diffusion processes. We follow this with a presentation of continuous-time
QDSs and, subsequently, a discussion of relevant literature. In §2 we present a specific
class of QDSs, whose properties we investigate in the remainder of the paper. Section 3
contains the statements of theorems.

1.2. (Discrete-time) QDSs. Throughout the paper, we use the standard notation
{u}=u (mod 1) and |u]=u— {u}
for the fractional and integer part of a real number u > 0, respectively.

Definition 1.1. Let X be a set and M a collection of self-maps 7 : X — X equipped with
a topology. Consider a triangular array

T={ThreM:0<k<n,n>1}
of elements of M. If there exists a piecewise-continuous curve y : [0, 1] — M such that
lim Tn,Ll’L[J ="Vt re [Oa 1]9
n—o0
we say that (T, y) is a quasistatic dynamical system (QDS).

Definition 1.2. We call X the state space (also phase space) and M the system space of
the QDS.

Obviously a QDS is a generalization of an ordinary dynamical system: a discrete-time
dynamical system is determined by a single map 7 : X — X, which is the degenerate QDS
obtained by setting 7, x = T for all k and n. (Then y; = T for all ¢.) Below, we will also
provide the definition of a continuous-time QDS which similarly generalizes the notion of
an ordinary continuous-time dynamical system (semiflow). One can readily come up with
further generalizations of the definitions given, but spelling them out here seems to add
little of substance for the purposes of this paper.

Let us justify the definition above. An element of the state space X represents the state
of the system, whereas the triangular array T describes the dynamics: given the initial
state x € X and integers 1 < k < n, the image

Xng=Thxo---oT1(x)eX
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is the state of the system after k steps on the nth level of the array T. Passing to the
continuous-time parameter ¢ € [0, 1] via the scaling k = |nt], we note that the piecewise-
constant curve t — T}, |,;) approximates y in the system space M, and this approximation
converges (pointwise) as n — oo. The system 7, , =~ y; differs significantly from the
system T}, 1 & yp in typical situations.

The rate of convergence of T, || to y; will affect the properties of the QDS and may
need to be specified when studying a particular system. Limiting properties will certainly
depend on the limit curve y and may or may not depend on the array T (see §3).

One cannot directly study a ‘limit system’, for letting first » — co one would end up
just iterating the map y and none other. Rather, one must study (for example, statistical)
properties of the QDS at level n and see how those properties behave in the limit. The main
goal of this paper is to initiate a systematic study of such systems that would eventually
result in a comprehensive mathematical theory of QDSs.

Drawing a parallel with the first paragraph of this section, the limit curve y models
the evolution of the observed system s, as the ambient system & forces s to transform,
possibly significantly, over time. The jumps in y allow for singular, abrupt events. For
example, such events could include jumps from one connected component of the system
space M to another.

We have borrowed the apt term ‘quasistatic’ from thermodynamics. There it refers to
idealized processes in which the observed system transforms infinitesimally slowly due
to external influence. Such a system is in thermodynamic equilibrium at any given time,
yet traces out a continuous path of different equilibria over an infinitely long time span.
For instance, all reversible thermodynamic processes are quasistatic (see, e.g., [12, 26]
for more background). The connection with thermodynamics should not be construed as a
limitation of scope; the definition of QDS is, of course, purely abstract and could be used
widely according to one’s needs.

A natural class of QDS is provided by the following example.

Example 1.3. (Quasistatic billiards.) Dispersing billiards on a torus consists of strictly
convex scatterers with smooth boundaries embedded in the (surface of the) torus. A
particle moves on the torus, in the exterior of the scatterers, and experiences an elastic
collision when it meets a scatterer. Assuming that the length of free flight between any
two successive collisions is uniformly bounded, the location of the particle can be kept
track of by keeping track of the collisions. For a fixed scatterer configuration K, this
leads to a representation of the dynamics by a billiard map Fx mapping one collision
to the next. A model of dispersing billiards with moving scatterers was introduced
in [33]. Let (K k)/fio be a sequence of scatterer configurations, such that d(Ky_1, Kx) < ¢
holds uniformly for some small ¢ > 0. Here d is a natural distance on the space K of
admissible configurations. Then Fk, g, , represents the dynamics between the (k — 1)th
and kth collisions, during which the configuration has changed by a distance <e,
from Kj_1 to K, and the compositions Fg, g, , o--- o Fk, g, represent the dynamics
for scatterers moving with speed less than e. This yields a QDS in the limit
& — 0 of infinitesimally slowly moving scatterers. More precisely, consider a triangular
array of configurations {K, € K:0<k <n,n > 1} with d(Kp -1, Kn.x) < &,, where
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lim,,_ o &, = 0. Assume, moreover, that there is a continuous curve y’C : [0, 1] — K such
that lim,, 00 Ky 1) = y,’c. Setting T, x = Fk, ;. Kk, for 1 <k <n and n > 1 results
in a QDS, which we coin quasistatic billiards. (The system space M can be identified
with I x IC, in which case the limit curve y takes values in the diagonal subspace:

Vi = (VtKv yt/C)‘)

In this paper, we analyze a simpler model, introduced shortly in §2.

1.3. Statistical description of a QDS. 1In order to gather information about the state
xn k of the QDS, one performs a measurement of an observable quantity, whose value is
determined by the state. Accordingly, the quantity is represented by a function f : X — R,
called an ‘observable’, and the outcome of the measurement by f(x, x). We are going to
study the sequence of measurements

f(xn,O)v f(xn,l)9 cee f(xn,n)

on the nth level of the QDS, corresponding to the initial state x,0=x, as n — oc.
For practical reasons, such as sensitive dependence on the initial state (also known as
chaos), it is natural to assume that x is a random variable with values in X and some
distribution . This renders (xn,k)Z:o a sequence of random variables. By definition,
each x, ; is completely determined by x, and its distribution is the pushforwardt w, x =
(Thx o+ 0Ty 1)«m, which will be different for different n and k. In other words, the
random variables x,, ; are neither independent nor identically distributed.
The random paths

nt
t Sp(x, 1) =/0 S, 15)) ds

are piecewise-linear interpolations of Birkhoff sums: if nt € N, S, (x, ¢) = Z;”:BI f ).
Understanding the distribution of these paths for a large class of observables in the
limit n — oo is a natural goal and can be considered a good statistical description of a
QDS. It is reasonable to hope that the random paths, once properly centered and scaled,
converge to a stochastic diffusion process. We shall prove that this indeed happens for a
paradigmatic QDS whose system space consists of strongly chaotic expanding circle maps,
formally presented in §2. The result holds for rather generic f and w; we only ask that f
be Lipschitz continuous and p absolutely continuous. The curve y need not be especially
regular; Holder continuity suffices. The limit process will depend on y and f, but not on u
(see §3 for the precise statements of the main results).

To get an idea of why passing to the limit n — oo might yield a diffusion process for
the paths, consider the following simple special case.

Example 1.4. (A degenerate case.) Let T =T, : x — 2x (mod 1) foralln > 1 and 0 <
k < n, sothe curve y is constant and y; = T for all z. Define the observable f : [0, 1) - R
by f(x) =—1 for x € [0, %) and f(x) =1 otherwise. Taking Lebesgue measure for the
initial distribution u, the Birkhoff sums model a fair coin toss or the simple symmetric

T Assuming the map 7' is measurable, the pushforward of a measure w is defined by Ty (E) = /,L(T_l E) for all
measurable sets E.
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random walk. The paths n1S,(x, ) converge in distribution to the zero path ¢ — 0. The
random paths n~1/2S,, (x, - ) converge in distribution to standard Brownian motion.

1.4. Continuous-time QDS. For completeness, we finish this section with a discussion
on continuous-time dynamical systems. The rest of the paper concerns a special discrete-
time QDS introduced in §2. If the differential equation

dy :

— =V(y,s) withy(r)=x

ds
specified by the time-dependent vector field V (-, s) on X has a unique solution y =
y(x, r,s) for all x € X and all r > 0, then ¢"*(x) = y(x, r, s) defines a time-dependent
semiflow. (Given that the state x at time r, ¢">*(x) is the state s time units later.) Note that

QDr’H_M — (pr—i-s,u ° (pr,s with (pr,O — idx.

Definition 1.5. Let X be a differentiable manifold and M a collection of vector fields on X
equipped with a topology. Let n be a parameter taking values either in Z or R.. Consider
the array

V=AV,(-,r)eM:0<r<n,n=>0}

and assume that, for each n > 0, the time-dependent vector field V,,( -, r) determines a
time-dependent semiflow or’, 0<r <r+s <n.If there exists a piecewise-continuous
curve y : [0, 1] = M such that

lim Vn("nt):ylv te[ov 1]1
n—>oo
we say that (V, y) is a continuous-time QDS.

Definition 1.6. The nomenclature of Definition 1.2 continues to apply in the continuous-
time context. We also say that the array ® ={¢;’ :0<r<r+s<n,n>0}is a
quasistatic semiflow.

Again, one can readily come up with generalizations of the above definition (e.g.
regarding the linear time scaling r = nt), but we do not record them here. Just as in the
discrete-time case, it is interesting to study a quasistatic semiflow in terms of the limit
behavior of the random paths 7 — S, (x, 1) = 0'” S (xn.5) ds, where x, s = (p,?’s(x).

1.5. Preceding literature. This work is philosophically a natural successor of the
sequence of papers [20, 29, 31, 33] on the analysis of time-dependent dynamical
systems, although in scope it differs drastically. In [20], ‘asymptotic similarity’ of
pushforward densities under sequences of (piecewise) expanding maps was established
using transfer (Perron-Frobenius) operator techniques. Asymptotic similarity is an
indication of statistical memory loss: the system quickly forgets the distribution of
its initial state. In [29, 31, 33], a different approach for establishing memory loss for
progressively more complicated time-dependent systems was developed based on the idea
of coupling. (See [6-8, 35] for implementations of coupling in deterministic dynamics and
[23] for an introduction to the probability theory of coupling). Let us also mention [15, 27],
which use yet another technique (Hilbert projective metric) for a time-dependent system,
as well as [1]. The source of memory loss in the systems of the preceding papers is sensitive
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dependence on initial conditions (also known as chaos). In the other extreme, memory loss
is also produced by sinks; the references closest to the time-dependent set-up we have
been able to find concern random sinks [4, 21]. In addition to memory loss issues, there
are works including [16, 18, 19, 36] on the entropy of time-dependent dynamical systems.

Besides the ones mentioned, few limit laws have been proved on the properties of non-
random time-dependent dynamical systems. (On the contrary, a vast literature—which
we cannot even begin to cover here—exists on random dynamical systems, concerning
both averaged/annealed and quenched limit theorems.) In special cases, some central limit
theorems have been obtained [2, 9, 28]. Indeed, one of the difficulties one faces in this
setting is that it is often not even clear how possible results should be formulated, let alone
proved.

In our proof, a key ingredient is rapid memory loss, which we establish via coupling. In
order to identify the limit process, we solve a well-posed martigale problem [13, 30, 34].
In the context of dynamical systems, the idea of resolving to a martingale problem has
been used (sparingly) in the theory of averaging: first, to our knowledge, in [11], and
then in [10], which is closest to our work. Averaging is a tool in the analysis of so-called
slow—fast systems concerning the limit where one of two variables evolves infinitely fast
compared to the other: in order to describe the evolution of the slow variable, one may
be able to ‘average out’ the influence of the fast one and thus reduce the problem to
an effective one in which the slow variable alone appears. We stress that the abstract
set-up in §1.1 is situated rather at the other end of the spectrum: it involves studying
the fast variable x, x, which (in the limit n — oo) describes the state of the observed
system s under the influence of the large, slow, system &. Let us mention, however,
that averaging ideas could be used to study the statistical properties of QDSs in certain
situations, regarding the normalized Birkhoff sum n=128,(x, 1) (along with an index) as
a slow variable and x as a fast variable.

1.6. How the paper is organized. ~The model QDS, considered in the rest of the paper,
is presented in §2. In §3, we state our two main results, Theorems 3.1 and 3.6, keeping
the technical prerequisites down to a minimum. In §4, we explain frequently used notation
and record key definitions. We then introduce, in §§5 and 6, the preliminaries necessary
for understanding the proofs of Theorems 3.1 and 3.6, which are presented in §§7 and 8,
respectively. In §3.3, we also state generalizations of the main results, whose proofs are
outlined in §9; the proofs involve minor modifications of the preceding sections, so we
only indicate the necessary changes, with the hope that such a choice makes the paper
easier to read.

2. The model

In this section, we introduce the QDS to be studied in the rest of the paper. Fix A > 1 and
Ay > 0 once and for all. Let M denote the set of C? expanding maps 7 : S — S on the
circle with the bounds¥

inf7">x and ||T")leoc <Ax, T eM.

+ Throughout, we use notation such as inf 7’ for inf, cg 7/ (x).
g xeS
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The space M is endowed with the metric d1 defined by

dei(Th, T2) = sup d(Tix, Tax) + | T{ — Tslloo
xeS
for T, Tp € M. Here d is the natural metric on S = R/Z.
We construct a QDS with state space S and system space M, as follows. First, fix a
Holder continuous curve y : [0, 1] - M with exponent 1 € (0, 1). Let T be a triangular

array of maps
T={TyxeM:0<k<n,n>1)

for which
supn” sup dei(Ty,|nt)» ¥) < 00. (1)
n>1 0<r<1
Clearly, (T, y) meets the requirements of Definition 1.1 of a QDS. A prototypical example
to keep in mind is where T;, x = ¥;,,-1, although the maps 7}, x are not required to live on
the curve y. The convergence rate (1) is chosen to reflect the smoothness of the curve;
in particular, we have similar bounds on d¢i(Ty k, Vi,-1) and on dei (Vig—1s Vg 1yn-1)s
resulting in the bound

supn’ sup dei(Tuks Thk+1) < 00.
n>1 0<k<n
Stronger convergence would not be a natural assumption.
For a fixed n, the maps T},  approximate the curve y, traversing from beginning to end
as k increases from 1 to n. Moreover, T, 4 tends to the well-defined limit y; as n — oo.
We choose to work with circle maps as these are continuous maps with the same domain
of definition; they lie in discrete topological classes, so maps along a continuous path are
all topologically conjugate. This simplifies definitions and subtleties concerning points of
discontinuity, for example, allowing us to focus on the heart of the issue. For future use,
we point out that every T € M has a unique invariant probability measure [t equivalent
to the Lebesgue measure m on S [3]. This is a consequence of expansion. The measure /i
we sometimes call an SRB measure, for Sinai—-Ruelle-Bowen. For brevity, we write

o=y, and P = A,

3. Results
We begin our study of the QDS (T, y) introduced in §2. The goal is to understand
statistical properties of the QDS. So let f : S — R be an observable, and denote

fn,szOTn,kO"'OTn,l, 0<k=<n. (2)

(Our convention is that f,, o = f.) This yields a triangular array of random variables once
an initial distribution p on S is given. We define the functions S, : S x [0, 1] — R by

lnt]—1

nt
Sn(xst):/o fn,\_sj(x) ds = Z fn,k(x)+{nt}fn,\_ntj(x)v n>1.

k=0
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3.1. The mean. A natural quantity to study first is the mean

Ga(x, ) =n"18,(x, 1). 3)

Given an initial probability measure p on S, each ¢, is a random element of CO([O, 1], R),
whose distribution we denote P . As is customary, we also denote /i;(f) = [ fdp, and
SO on.

THEOREM 3.1. Suppose f is Lipschitz continuous and  is absolutely continuous. The
function t — [i;(f) is continuous. The measures Ply converge weakly, as n — oo, to the
point mass at { € CY([0, 1], R), where

t
g = / fus(f) ds. “4)
0
Remark 3.2. Note that the limit distribution in Theorem 3.1 is independent of 1.

In other words, given an arbitrary initial measure p having a density, the stochastic
process ¢, converges, as n — 00, to the non-random limit ¢.

3.2. Fluctuations about the mean. The mean gives a coarse description of a limit
statistical property. Deeper insight is obtained by studying the fluctuations at a finer scale,
by looking into the statistical properties of n!/2¢,, instead of ¢,. For this to make sense, a
centering is needed. To this end, we choose a sequence of functions ¢, : S x [0, 1] = R,
and define the functions yx, : S x [0, 1] - R by

xn(x, 1) =02 (x, 1) — n'Pey(x, 1), (5)

quantifying the fluctuations of n'/2¢, about n'/?c,. The goal is to describe the statistics of
these fluctuations, as n — oo, by a probabilistic limit law.

The choice of a good centering sequence (c,),>1 turns out to be a delicate issue. There
are two canonical choices, both independent of x, namely, ¢, () = u (&, (-, t)) (where u
is the initial measure) and ¢, (#) = m(&, (-, t)) (where m is the Lebesgue measure). The
first of these amounts to centering by force: w(x,( -, t)) =0 holds for all ¢ € [0, 1]. Itis
perhaps surprising that this ‘natural’ choice does not appear to yield good statistics for ¥,
unless the initial measure u has a sufficiently regular density. The second choice, centering
using the Lebesgue measure instead, works better: in that case we obtain a universal limit
law for x, as long as the initial measure p is just absolutely continuous. We now introduce
the notion of an admissible centering sequence, for which our main result holds.

Definition 3.3. We say that a centering sequence (c;),>1 of functions ¢, : S x [0, 1] = R
is admissible with respect to an initial probability measure u, if (i) ¢, (x, - ) is continuous
for almost every x with respect to w and (ii) ¢ n'2e,(x, 1) —n'2m(g, (-, 1)) viewed
as a random element of C°([0, 1], R) converges to zero in probability with respect to /i
that is,

lim u({x €S: sup |n1/zcn(x, t) — nl/zm(g“n( D)) > 8}) =0

n—>00 t€[0,1]

for any § > 0. For brevity, we also say, in this case, that ¢, is admissible (with respect
to w).
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Remark 3.4. If the centering ¢, is independent of x, there is no need to refer to an initial
measure: ¢, is admissible either with respect to every measure or no measure at all; it is
admissible if and only if
lim sup |n'/2c, (1) = n'Pm(&, (-, 0)] =0. 6)
=% te0,1]
Clearly, c,(t) =m(¢,(-,t)) is admissible. Since m(¢,(-,t)) converges to ¢(t), so
does ¢, (¢) for any admissible c¢,. Whether ' 2m(, (-, 1) converges to n'2c(@t) (Ge.
whether ¢(¢) is admissible) seems to depend on the regularity of the curve y (see
Lemma 3.5(ii)). On the other hand, given a measure v (perhaps different from the
initial measure p), ¢, (t) = v(¢, (-, t)) may or may not be admissible, depending on the
regularity of (the density of) v.

The next lemma establishes admissible centering sequences of the preceding kind under
different conditions, and sheds light on the role of the function ¢ defined in (4).

LEMMA 3.5.
(1) Ifn e (0, 1) is arbitrary and v is an arbitrary probability measure having a Lipschitz
continuous density, then the centering c,(t) = v(¢,( -, t)) is admissible.
i) Ifn> % then the explicit centering
cn(t) =£(1)

is admissible. Here ¢ is the function defined in (4).
(i) If n €0, 1) is arbitrary and v is an arbitrary absolutely continuous measure,
then v(¢, (-, t)) tends to {(t), as n — 00. The convergence is uniform in t.

Lemma 3.5 is proved in §8.1.

We are now ready to proceed to the main result of the paper. Given an initial probability
measure @ on S and an admissible centering sequence (c;),>1, €ach x, is a random
element of C°([0, 1], R), whose distribution we denote P . We also denote

fi=f -

and ]
1 ' & 2
&7(f)= lim llt|:<— > fzoy"> } (7
4 m—0oQ ﬁ k=() !

which is just the limit of the variance of (1//m) kaz_ol f oy} with respect to the
measure [i;.

THEOREM 3.6. Suppose f is Lipschitz continuous, | is absolutely continuous and (¢p)n>0
is admissible. The function t — &tz( f) is continuous. The measures P}y converge weakly,
as n — oo, to the law of the process

t
x(t) =‘/(; &s(f) dW;.

Here W is a standard Brownian motion and the stochastic integral is to be understood in
the sense of Ito.
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Let us pause to discuss Theorem 3.6 in conjunction with Lemma 3.5. Here v is an
arbitrary measure having a Lipschitz continuous density. For every value of the regularity
exponent 1 € (0, 1) of the curve y, the implicit centering ¢, (t) = v(&,( -, 1)) is a valid
choice; in particular, ¢, (t) = m(&,( -, t)) can always be used, and, if the initial measure u
has a Lipschitz continuous density (some hypothesis on the density is necessary; see
Example 3.7), the choice ¢, () = u (&, (-, t)) is also admissible. The special case n < %
is interesting from the point of view that y is allowed to have the degree of regularity
of Brownian paths. (With probability one, the path of a Brownian motion is Holder
continuous with any exponent <%.) Thus, we may think, in this case, that the driving
ambient system forces the observed system y; to perform a Brownian motion in the
space M. On the other hand, the case > % of a more regular curve y allows also for the
explicit centering c,(t) = ¢(t) to be used. The reason for this dichotomy is that the order
of n'/2v(g, (-, 1)) — n'2¢ (1) appears to be large enough to contribute to the limit process,
if the regularity exponent 7 of the curve y is % or less. A similar remark concerns the order
of W' 2 (g, (-, 1)) —n'?v(¢, (-, 1)), if the density of u is not sufficiently regular. Let us
illustrate the last point with an example.

Example 3.7. (An inadmissible centering.) Let us return to the setting of Example 1.4,
s0 T =Ty x:x+ 2x (mod 1) for all n, k, f(x)=—1 for x € [0, %) and f(x)=+1
otherwise. Then m(¢, (-, t)) = 0 for all n, . Taking as our centering the zero function, the
random paths x,(-) converge in distribution to standard Brownian motion, if Lebesgue
measure is the initial distribution. Disregarding the (here inconsequential) non-Lipschitz
nature of f, Theorem 3.6 statest that, for any absolutely continuous initial distribution, the
random paths converge in distribution to the same process—standard Brownian motion.
This need not hold if one changes the centering.

For j > 1, let A; denote the interval [0, 2_21) and define the probability measure
vj = 22"1Ajm. For k <2/ — 1, T*(A;) C [0, 3) so v;(f o T¥) = —1, while, for k > 2/,
the pushforward va./ =msov;(fo T*y = m(f) = 0. Therefore Vi (&y(-, 1)) <0forall
J,n,t.Let K € N be large enough so that e = ijK /5% < % Let u be the absolutely
continuous probability measure

21
p=1-em+ >y —v;.
=k’
Since v; (&, (-, t)) <0 for each j,

1
p(a(-, 1) < j—ZVj(Cn( ).

Let ¢ € (0, 1] and take n big enough so that nt > 2X. Denote j, = |log, |nt]], so 2in <
lnt] <2+ 1t follows that K < j, <logy nt. Now vj 41(¢,(-, 1) =n"" ' (1)
ds = —t. Therefore,

tn1/2 tn1/2

1/2 1/2
n L)) =n —— <- ,
#ltn(-> 1) (ju + 1)2 (log, nt + 1)2

1
(J.Jr—l)zv.inﬂ(é“n( 1) =

F Theorem 3.6 can be extended to the set-up of the example. Alternatively, a Lipschitz approximation of f can
be used to obtain similar results; we skip the straightforward details.
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which tends to —oo as n — oo. In particular, if one sets ¢, (t) = u(¢, (-, t)), then nl/2¢,
converges pointwise (and uniformly away from zero) to —oo, while nl/ 2m({n( -, 1) =0.
Hence, (c,),>1 does not form an admissible centering sequence (see (6)).

Remark 3.8.
(1) Note that the limit distribution in Theorem 3.6 is independent of 1.
(i) The process x is a martingale starting at zero and its quadratic variation is

t
k= [ 63 ds.
0
It follows [30] that there exists such a standard Brownian motion W that

X() = Wiy,

In other words, x is a Brownian motion up to the non-random time change ¢ — [ x];.

(iii) Regarding the possible degeneracy of the process x, a result due to Leonov
[22] shows that, given s € [0, 1], &sz( f) =0 if and only if there exists an L?
function g : S — R such that the cohomology equation fs = g o s — g holds almost
everywhere, and Livschitz (Livsic) rigidity theory [24, 25] shows that g has a Holder
continuous representative (with the same exponent as f) for which the cohomology
equation holds everywhere. Equivalently, Z,f:_é fs o ysk (x) =0 for any point x of
any period p with respect to y;. Since periodic points are dense, 552 (f) = 0 amounts
to a severe restriction on the choice of f. Non-degeneracy is, moreover, an open
condition with respect to the map: if 632( f) #0, then &tz( f) # 0 for all ¢ sufficiently
close to s (see Lemma 6.1).

3.3. Generalizations. Here we discuss two ways to generalize Theorems 3.1 and 3.6.
First, we consider vector-valued observables f :S — RY, d > 1. After that, we consider
curves y in M with a finite number of discontinuities (jumps).

In the case of a vector-valued observable f, we define the vector-valued processes &, ¢
and y, according to the formulas (3), (4) and (5), respectively. The centering ¢, is also
vector-valued, but Definition 3.3 remains otherwise intact. For clarity, we denote the vector
components by superindices enclosed in parentheses: f = (fV, ..., f@), and so on.

THEOREM 3.9. Suppose f :S — R%, d > 1, is Lipschitz continuous. Then Theorems 3.1
and 3.6 as well as Lemma 3.5 continue to hold with the modifications that W is a d-
dimensional standard Brownian motion and 6;(f) is the d x d matrix defined as the
square root of the covariance matrix

. . X 1 m—1 R 1 m—1 R
GA(f) = lim_ “’[(ﬁ ]; fro y,") ® (ﬁ % fro V/‘)}-
Here (v ® v);j = vOvD forv= W, ..., v@)eR

Note that ;,5” and X,E") are exactly the processes appearing in (3) and (5) for the scalar-
valued observable f @M, 1<i<d. The generalization here is that Theorem 3.9 describes
the joint behavior of each of these two sets of d scalar-valued processes.

The next result allows for jump discontinuities.
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THEOREM 3.10. Let {I1, ..., I,} be a finite partition of [0, 1] into intervals. Suppose
the curve y : [0, 1] > M restricted to each I;, 1 <i <m, is Holder continuous with
exponent n € (0, 1), having possibly jumps where two intervals meet. Then Theorems 3.1
and 3.6 as well as Lemma 3.5 continue to hold, as does Theorem 3.9, with the modifications
that the functions t — j1;(f) and t — &,2( f) are piecewise continuous.

In particular, the curve y may pass through different connected components of the
system space M. For instance, the number of inverse branches of the map y; does not
have to remain constant with ¢.

4. Notation and definitions
We use Lip to denote the space of Lipschitz continuous maps (from S to R), Lip(h) to
denote the Lipschitz constant of a function / and ||k||Lip = Lip(h) + |1l to denote its
Lipschitz norm.

Given T € M, the transfer operator Lt : LY(m) = L(m) is defined by

h(y)
Lrh(x)= Y ——.
e ) T'(y)

The basic duality property of L7, which we use repeatedly, is encoded in the identity
m(foT -h)y=m(f-Lrh)

for f € L°(m) and & € L' (m). The transfer operator describes the evolution of probability
densities under the map 7': if x is distributed according to probability density p, then 7' (x)
is distributed according to the probability density L7 p. This (Perron—Frobenius) transfer
operator is positive with a unique maximal eigenvalue 1. Its corresponding (and unique
positive) eigenvector is the density of the SRB for T (see [3] for details). We will often
write

E; = £V; and ﬁn,k = ‘CTn,k'

If £; is the transfer operator of Tj, then the transfer operator of 7 = Tj o - - - o T7 satisfies
L7 =Ly -+ - L1. We shall sometimes write 7 z for 7 (z).

In the following section, £ will stand for the transfer operator of a general map in M
and (£;)72, will be a general sequence of such operators. The constants appearing will
not depend on the choice of these operators. We shall routinely use the facts that £ maps
probability densities to probability densities and that

IL(uv)| < Lluv] < llulloo Llv].

Recall that /i, is the SRB measure (equivalent to Lebesgue measure m) associated to y;
and that [1,, = :&Tn, . 1s the measure associated to 7, ;. Denote the corresponding densities
by 0, and p, ; and the density of iy by pr.

Remark 4.1. Since El}l converges in the supremum norm to g7 as k — 00, it will follow,
from (12), that o7 € Lip with

sup o7 llLip < 00. (¥
TeM
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Let p, x denote the pushforward

Mnk = (Tn,k ©0:--0 Tn,l)*//«,

where w is a probability measure with density p. Then the density of 1, x is
Pn.k = »Cn,k T »Cn,lp-

Recall that f, x = f o Ty o---0 Ty 1 (see (2)). Given an initial measure p, we will
often encounter the centered versions of such functions, defined as

Fok = fuk — 0(fuk)- )

Our main results are formulated in terms of Lipschitz continuous densities on S.
However, for technical reasons, we introduce the following notions of regularity which
will be convenient for the proofs.

Definition 4.2. Given a point z € S, we define the arc J; = S\{z}. We denote by |x — y|,
the length of the subarc of J, with endpoints x, y. We say that a function g : J, - R is
Lipschitz continuous on J;, with constant L > 0, if

lg(x) —gWMI =< Llx —yl;, x,y€ /.

In other words, g is Lipschitz continuous except across z € S when the distance of x and y
is understood as the length of the arc between the two points not containing z.

Definition 4.3. Given L > 0, let Dy, be the class of all probability densities ¥ : S — R
with the properties that (i) ¢ > 0 and (ii) there exists z € S such that log ¥ is Lipschitz
continuous on J, = S\{z} with constant L.

The motivation for these definitions is that we will need to study conditional probability
densities of the form yr; = | f v dm|~ 'y 1;, where I C S is a sufficiently short arc, and
their pushforwards £7 (1) under compositions 7 = Ty o - - - o T1. Such pushforwards are
generally discontinuous on S, even if i is continuous, and repeating the procedure can
lead to a growing number of discontinuities. Being more careful, this nuisance can be
circumvented. If ¢ is continuous, except possibly at the single point z € S, we may choose
the intervals I to be the partition elements induced by the points 77 z. Then L7 (/) is
continuous, except, possibly, at the single point 7 z. The details are discussed in §5.

For the most part, we will work with the class Dy and prove the main theorems in the
setting of such initial densities first. Only then will the theorems be generalized to include
Lipschitz continuous initial densities which are allowed to take the value zero.

Remark 4.4.

(i) A function g :S — R that is Lipschitz continuous with constant L relative to the
standard metric d of S is, in the above sense, Lipschitz continuous on J, with the
same constant L, for any z € S. This follows from d(x, y) < |x — y|;.

(i) Note that if ¢/ € Dy, then e L < ¢ < el and that v itself (without the logarithm) is
Lipschitz continuous on J, with constant Le’. These follow from the fact that the
probability density ¥ must take the value 1 somewhere on J;.
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(iii)) In the opposite direction, if a probability density i satisfies ¥ > ¢ > 0 and is
Lipschitz continuous on J; with constant L, then v € D1 . Indeed,

llog ¥ (x) —log ¥ (M| <c 'Y x) =y <c 'Lix —yl;, x,yel.

The following lemma states that | J; ., Dy, is dense in the set of all probability densities
with respect to the L! norm. We leave the proof as an exercise.

LEMMA 4.5. Let ¢ : S — R be an arbitrary probability density. Given any ¢ > 0, there
exists ¥ € |y~ Dr such that

llo =l <e.

5. Preliminaries I: densities, composition and decorrelation
The conceptually important results of this section are: Lemma 5.2, which gives uniform
control of the Lipschitz constants for the densities of pushforwards; Lemma 5.9, which
says that the pushforward density p,, |a¢] is pretty close to the SRB density g, provided
the system has been running for a while and provided s is close to t; and the exponential
decorrelation results of Corollary 5.7 and Lemma 5.10.

Recallthat 1 <A < T’ and ||T"||co < Ax < 0o for all maps T € M.

LEMMA 5.1. Denoting by T any composition of a finite sequence of maps from M,

T//(x)
sup sup (10)
T xeS T/(X)Z
Moreover, there exists C > 0 such that, for all such T, if I is an arc on which T is
diffeomorphic,
T (x) ‘
-1 =C|TU 11
Ty~ | €T (1)

forall x, y € I, where I, y denotes the subarc of I connecting x and y.

Proof. Suppose T =Ty o - - - o Ty, where TjeM.Forj>2, writte Pj=Tj 10---0T
and let P be the identity map. Then
T/ (Pj(x))

T'(x)=T'(x) Z m

Pj(x),

s0, noting |P]/.(x)/7'/(x)| < p\i—1-k,

T (x)
T/(x)Z

B

from which (10) follows.
By the change-of-variables formula and (10),

T/(x) 7'// ‘ / 7'//
log —dm| < —— || dm<C|T Uyl
T’(y) Iy T’ T(I,x,y) (7'/)2 ~ X,y
Now (11) follows from the estimate [u — 1| < el°€#l|log u|, u > 0. O
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LEMMA 5.2. There exists L, > 1 such that the following hold.
(i) ForallL>L,andT € M,
LD CDy.

(i) Given L > L, there exists a constant N (L) such that
Ek"'L]DLCDL*a kZN(L),

for any sequence of maps (T;) C M.

(iii) Let L > L, and z €S. Suppose r € Dy, with |log ¥ (x) —log ¥ (y)| < L|x — y|,
for x,y € J,. Let T be a composition of k maps from M. Let I C J, be a subarc
such that T maps I diffeomorphically onto J7,. Then the conditional probability
density Yy = | [, ¥ dm|~' Y1, satisfies

Lr) €Dy,
the (possible) jump being located at Tz. If k > N (L), then L7 (Y1) € Dy,.

Proof. Let L >0 and assume ¥ € Dy, with z as in the definition above. Let 7 be a
composition of k maps from M, for some k > 1. We can subdivide J, into intervals

I, ..., Ijsuchthat v, =T|l, : I, — J7 is smooth and bijective for 1 <m < j. Then
J
‘CTW = Z ‘Crm w’
m=1

where L, ¥ (x) = (w/T’)(tm_lx). Moreover, using (10), for some K < oo,
llog L, ¥ (x) —log Le, ¥ ()]
< |log ¥ (z;; 'x) — log ¥ (z,;' )| + [log T'(z;'x) — log T'(z,; ' y)|
< Lltg 'x = 1yl +1T/(T lloslx = ¥l
<AL+ K)x =yl =1
Hence e™ Lo, ¥ (x) < L, ¥ (y) < e L, ¥ (x). Summing over m yields
LTy €Dy—kp g, VEDL.

Fix Ly = (1 — A~1)7'K > K. Then parts (i) and (ii) of the lemma hold. As for part (iii),
LTWr) =Ly, (Y1), for I, = I. Since

llog L7y (x) —log L7y (y)| = [log L, ¥ (x) —log Lo,y (¥) <,

and since L7 is a probability density, we obtain part (iii). O

LEMMA 5.3. There exists C > 0 such that

1Lk - Lil]loo < C, (12)
1Lk~ Lillco,co =C, (13)
1Lk - - - LillLip—Lip < C, (14)
and
Lk - - LihlLip < CA I hlILip + ClIAll co. (15)
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Proof. Lemma 5.2(i) implies Ly - - - £11 € Dy, which implies (12), from which (13)
follows immediately. Now let & be Lipschitz continuous. Let 7 =Ty o - - - o T1. Let x;
and y; _x denote the preimages of x and y under the same (ith) branch of the inverse
of 7. (The inverse branches are defined relative to the shorter arc connecting x and y.)
Recalling (11), we deduce that

h(xi— h(yi,—k)
T (xi, —k) T (k)

Z‘h(xz h(yz —K) N h(yi—k) [T/(Yi,k) B I:H
- T'(xi,— T/(yi ) LT (xi —k)

ILTh(x) — LTh(Y)] < Z‘

|h|Cyi—k)

—k
<A "Lip(h)d(x, }’)27—/ T (i, ~k)

)+Cd(x )Z

< O FLip(W) L7 1(x) + CLTIRI(y)) d(x, ¥)
< O Lip(h) + Cllhllo) |1 £7 oo d(x, ¥).
Noting that || £71|| is uniformly bounded by (12),
Lip(L7h) < C Lip(h) + Illloo),
which implies (15). Clearly, (14) is a consequence of (15). Let us note that, if A is
allowed to have a jump at z, that is, if & is only assumed to be Lipschitz continuous with
constant L > 0, say, on J_,
|L7h(x) = LTh(y)] < COTFL + [lhlloo) 1x = Y7 (16)
O

LEMMA 5.4. Suppose a probability density v is Lipschitz continuous on J, with
constant L for some 7 € S. Let T be a composition of k maps from M. Then L1V is

Lipschitz continuous on J, with constant C(1 + L). Here C > 0 is a uniform constant.
Proof. Observing that ||V ]lco < 1 + L, the result is a consequence of (16). O

LEMMA 5.5. There exists a constant C > 0 such that, for any Ty, T» € M,

I1£1 = LallLip—co < Cdei (T, T2). (17)
In particular,
1L = LsllLip—co < Clt —s]". (18)
Let T;, 7~", € M, 1 <i <k with associated transfer operators L;, Ei. Then
k
Lk L= Li - Lillgpoco C Y dei(Ty, Tj) (19)
j=1

holds uniformly.

For obtaining perturbation estimates of the type in Lemma 5.5, it is paramount that the
transfer operators act from a space of rather regular functions (here Lip) to a space of less
regular functions (here C 0y (see [14, 17] for a general theory).
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Proof of Lemma 5.5. Let x €S and let B CS be the neighborhood of x of radius }‘.

Set wr = fs T’ dm € N. For each T € M, the wr inverse branches of T on B are well
defined. When d-1(Tq, T2) < %, there is a canonical correspondence between the inverse
branches Tlfl.l and Tzfl.l, 1 <i < wg, such that Tlfl.l(B) and Tzfl.l(B) overlap (in particular,
wr, = wr,). Let us denote y; = Tlfl.l (x) and y; = Tzfl.l (x). Then T»>(y;) = T1(y;) implies
that

d(yi, 5) <27 'd(Ta(3). Ta(G) = A7 d(T (), Ty ().

Hence, the identity
h(yi) — h(3)

; 1(T{(y» - Tﬁ(yi))

h(yi) —h(3i) - ( 1 1 )}
—————— +hO)| = — ==
1[ oo ONTo) T TGw
h(yi) —h(3:) - (Tf(ii) -T(vi) TG0 — T{(ii))]
——— 4+ h(y; — + p =
1[ () R e YA E ) I SEAVHEN)
yields, via (13) to obtain the uniform C,
(L1 — L2)hlloo < Clih|Lipdci (Th, T2),

(L1 = L2)h(x)

I I
™M= i

1

|

1

provided d1(T1, Tr) < %. For the case d-1(T1, T2) > l, we can use (12), giving
(L1 = L)oo <2llhlloe sup L7 1]l < CllAlloog < ClikllLipder (Th, T2).
Te

The above bounds prove (17). By Holder continuity of y, (18) clearly holds. It now follows
from the identity

k
Ek"'ﬁl_Ek"'élzzﬁk"‘ﬁﬂrl(ﬂj_Ej)ﬁjfl"'zl
j=1
and the uniform bounds in (13) and (14) that also (19) is satisfied. O
LEMMA 5.6. There exists © € (0, 1) and, given L > 0, a constant C > 0 such that

Ik Lo =)l <CoF, k=0
forall y', ¥? e Dy.
Proof. Note that

y>et, YeDp,.

Moreover, there exists L > 0 such that

Y —(1/2)e "
1—(1/2)e L«
We can now construct an inductive coupling scheme for exponential convergence.
Suppose L > 0 is given and ¢; € Dy, i = 1, 2. Denoting 1//,i =Ly -Eliﬁi, wjv(L) >

R(Y) = €Dr,, VY €Di,.

e L, by Lemma 5.2. Therefore,

N = Yl =0 = 5e ™) NRWy ) = RAx)llL
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Moreover, R(‘/fziv ( L)) € Dy, i =1, 2. Next, we repeat the procedure, treating R(l//}iv( L)) as
the initial densities, obtaining another factor of 1 — %e‘L* after N(L1) steps, and so on.
This yields
I — Yl <2(1 — 3e~ b/t

forany k > N(L) + jN(L1) and j > 0. Since the a priori bound ||1ﬂ,: — 1//,3||L1 < 2 holds
for k < N(L), the result follows. O
COROLLARY 5.7. Given L >0 and z €S, let g:S— R be a Lipschitz continuous
function on J, with constant L and assume that m(g) = 0.

Lk Ligllp <CoF, k=>o0.

Here ¥ is the same constant as in Lemma 5.6 and C only depends on L.
Proof. Since m(g) =0, g > —L. Then the probability density

8
=" 41
veErert

is Lipschitz continuous on J, with constant L/(1+ L) and ¢ >1/(1+ L). By
Remark 4.4, ¢ € Dr. By Lemma 5.6,

1Lk -+ L1 = Dl 1 < COF,
where C is determined by the value of L. We get
1Lk -~ Ligllp < €A+ Lyp*,

as claimed. O

Denoting f, = f —m(p; f), Corollary 5.7, above, implies that
ILF B follr < Co* (20)
holds uniformly in ¢ and k, with the constant depending on || f [|Lip only.
Corollary 5.7 is also instrumental in the following lemma.
LEMMA 5.8. For any B > 0, there exists a constant C > 0 such that, for any Ty, T € M,
1p1 = p2llpr < Cdea (Ty, T)' P, @
where p; is the SRB density for T;.
For any 7' < n, there exists a constant C > 0 such that

I — psllr < Cle —s]". (22)

Proof. We could appeal to the perturbation theory developed in [17] (see especially
Corollary 1 and Remark 5 there). However, since we need control of o1 — g in L! only,
we provide an independent argument. Note that pp = L"T or forall T e M and k > 1.
Since the C° norm dominates the L' norm, the bounds in (19) and (8), together with
Corollary 5.7, show that

161 — A2l < ILY (A1 — )Nl + 1LY = L5520l < COF + kder (Th, T2))

holds uniformly for all 77, 7> and all k. Choosing k = [log d1(T1, T2)/log ¥ on the
right-hand side yields (21), from which (22) follows. O
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LEMMA 5.9. There exists b > 0 such that the following holds. Given n' <n and a
probability density p that is Lipschitz continuous on J, with constant L > 0 for some z € S,

lonk = Auillpr <Cn™", k=blogn.
Furthermore,
oty = Aillpr < Cn ™" (23)
and, more generally,
1o, = Asllpr < CO7 41t = 51", (24)
provided t > bn~! log n. The constant C > 0 is determined by ' and L.

Proof. Since En,kﬁn,k = b\n,k,

Pk — Pk =Lk Losk—k+1Pnk—k — k) + Lo - Log—k+1 — LK Dbk
for 1 < K < k. Inorder to bound p,, x — fn .k in L', note that Pn.k—K — Pn.i has a Lipschitz
bound by Lemma 5.4, so the exponential bound in Corollary 5.7 implies

ILnk -+ Losk—k+1(Pnik—k — Pni)ll1 < COK,
where C is determined by L. Because || 0, || Lip is uniformly bounded (see (8)) and because

I -1zt < - Ilco, (19) applied to the difference Ly x -+ - Ly k—k+1 — E,fk yields

K \a 14n, —
I(Lak -+ Log—k+1 — Lp )bnilpn <CK  max  dei(Ty j, Tox) < CK a0,
’ k—K+1<j<k

The last inequality is obtained from (1) and the Holder continuity of y, since
dei(Tn,j, Tog) <dci (T yp=1j, Vo-1j) Fdet (V=15 V1) +der V=1 Ty pn-110)
<Cn"4+Cln7'j—nk|"+Cn7M.
Collecting,
lpnk = il r < C@F + K *n™")
forall n, K and k > K. Setting K = [—n log n/log ], we see that all terms on the right-
hand side above are bounded by Cn~"', where C is determined by " and L. Recalling (1),
Lemma 5.8, concerning the perturbation of SRB densities, yields
Il on,1nt) = Pn,ine) + Pn, ) — Pr + pr — Psllpr < C™" + |t —s|T),

as required. O

Recall that f,, y = fo Ty x o--- 0T, 1 (see (2)). Corollary 5.7 is key also in the proof
of the following decorrelation result (see [32] for a generalization).

LEMMA 5.10. There exists a constant ¥ € (0, 1) such that the following holds. Given a
probability measure | with a density that is Lipschitz continuous on J, with constant L > 0
for some z € S, k > 2, Lipschitz continuous functions fV, ..., f® :S — R and numbers
0<tfi<---<f <1,
o (k) © (m (m+1) (k)
[ty = Instnae ) = # Uy St ) # Ut ) = Tncnn )|
< Cﬁn(tm#»l*tm)

forallme{l, ..., k—1} and n > 0. The constant C > 0 is determined by k, | fllLip
and L.
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Proof. Let p be the density of u. Let z €S be such that p is Lipschitz on J, with
constant L. For the sake of brevity, let us denote

1 ~
F=f8 o 0 F=Lu, - Lai(pF)
and
k
G= 1_[ f(J) o Tn,Lnth 0-+-0 Tn,[nlm+1j+l~
Jj=m+1

CLAIM. The Lipschitz constant of F—m(F) on J; and the function G are uniformly
bounded over alln and tj, 1 < j <k.

Assuming the claim,

li(f,f,lfmu e f,ff?nm) =m(pF -G oTy ntyy) 00 Tn1)
=m(F-Go T, i) © O Tt ) +1)
=m(F)m(G o T tntmsr] ©°+ © T lnt ) +1) + O (9" tm+1=Mm))
= WFYN(G © Ty ntyy ] © =+ © Tty 1 41) + O @ k17
= W(F) in, 1ty ) (G 0 T ntys1] ©* + = © T Lt | +1)
+ O (" tm+17Im))
= u(F)(G o Ty (i) © - -+ © Ty1) + O @" s =im)),

The first, fourth and sixth lines use definitions only, and the second line uses duality. The
third and fifth lines follow from Corollary 5.7; the claim that G is bounded is needed
for both, while the uniform Lipschitz bound on F — m(I:“ ) is crucial for the third line.
In the fifth line, we also used the fact that the density p,, [ns,,] Of tn,|ns,| has a uniform
bound on its Lipschitz constant, by Lemma 5.4; therefore m(| Ly, |11, 1] = L, gy j+1(1 —
On. lntm))]) < COMm+1=1m) by Corollary 5.7 .

Proof of Claim. The boundedness of G is obvious. Write 7 = T}, |ns,,] © - - - © Ty, 1. Since
p is a probability density, its Lipschitz property implies the upper bound p < 1 + L. Thus,

m
IpFlioe <1+ L) [T 159 0o
j=1

Given x,ye J,, we write X; _p, yi—, for the corresponding preimages under 7.
(In other words, for each i there is an arc J; _, containing x;_, and y; _,
such that 7(J;_,) = J;.) The trivial bounds |p(x; —») — p(¥i—n)| < L|x — y|; and

|ty Gimn) = Fi e @il < Lip(£ ) ]x =y, yield

[(0F)(xi,—n) — (PF)Gi-a)| < x = y1:(1+2L) T T 11FY Lip-
j=1
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As in the proof of (15),

(,OF)()CZ‘,_") . (pF)(Yi,—n)
T’ (xi,—n) T (Yi,—n)
(PF)(xi—n) = (PF)Yi—n) | (PF)(Vi.—n) |:T/(.Vi,—n) 3 1]’

+
T (xi,~n) T i,=n) LT (xi,=n)

F)—Fy)I<).
3

m
< Clx =yl +2L) [T 1#DlILip,
j=1

which implies the claim. The proof of Lemma 5.10 is complete. O

6. Preliminaries II: processes ¢, &, and X,

In this section, we study the stochastic processes of interest, assuming the initial measure p
has density p € | J; ., Pr. Without mentioning it separately each time, the observable f :
S — R is assumed to be Lipschitz continuous in the rest of the paper. For convenience,
let us now recall the notation f,x = foTyxo0---07T,1 and fn,k = fuk — w(fnk),
introduced in (2) and (9), respectively.

Convention. Recall the definition of y, in (5). Given the initial measure w, we will often
consider the special centering ¢, (#) = w (&, (-, t)) which yields u(x, (-, t)) =0 for all ¢.
In this case, to emphasize that the initial measure has been chosen and appears in the
definition of the process explicitly, we use the symbol &, instead of x,: that is, we define
the functions &, : S x [0, 1] > R as

£ (x, ) =n' 25 (x, 1) — n' G-, 1), (25)

In other words, given another centering sequence (c,),>1, we have the relation

t
Xn(x, 1) =&,(x, 1) +n1/2 / w(fu,ns)) ds — nl/ZCn(x’ 1).
0

In practice, it will be convenient to express the processes ¢, and &, using integral
notation: that is,

t
Cn(x, 1) :/(; fn,\_nsj (x)ds (26)

and

t
E(x, 1) =n'/? /0 Fons) (%) ds (27)

from (3) and (25), respectively. From here on, we will routinely drop the x-dependence
from the notation, writing just &, (¢) instead of &, (x, ), and so on. Of course,

n
£n(t2) — En (1) =n'/? / Fo.ns) ds. (28)
3|

Let us record a useful bound: given any 1’ € (%, 0y tn,(ns] () = w(fn,1ns)) and (23)
imply
1 falns) — fis(f)=0@™"), s>bn""logn. (29)
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6.1. The variance &tz(f).

LEMMA 6.1. Recall that fl = f — :(f). The limit variance in (7) can be expressed in
terms of the series

SH) =l fAV+2) il fifrovf 1= fA1+2) mlALi B fOl. (30)
k=1 k=1

The map [0, 1] > Ry : t — 6t2(f) is (uniformly) continuous.
Proof. Notice that the two series are equal term by term. By (20),

sup |m[fsLX(ps fll < COF,

0<s<l

so the series converge absolutely at an exponential rate. On the other hand, a direct
manipulation of (7) shows that

m—1
67 () =a(fH+2 lim m™ Y =R fifi o v,
k=1

which suffices to prove (30).
Defining the truncated sum

K
Vo = il f214+2 ) mlALE G fol,
k=1

we have
162(f) — 62 < Vi, — Vi 5|+ Co¥

forall s € [0, 1]and all K > 0. Given ¢ > 0, we fix K so large that C9X < /2. Note that
Vi.r = [m(p f2) — m(p )M +2 S p (£ LYy ) — m(By £)2]. Moreover,
m(fLE (B f)) — m(fLEGs )]
< F ool 5B ) = LEBs Pl
<Moo llCCF = LB Nt + 1 loolLS B f = Bs )l
< I looll£f = LENLip coll A fllLip + L ool (B = ) £l 1
< I IEip(EF = L¥llLip col ArllLip + 150 = Asllzo)-

By (8) of Remark 4.1, (19) of Lemma 5.5 and (22) of Lemma 5.8, we see that |Vg ; —
Vk.s| <é&/2and |&,2(f) — Af(f)| < ¢ for any s such that |f — s| is sufficiently small. This
proves continuity. O

6.2. The second moment u[[&,(t + h) — &, (t)]z].

LEMMA 6.2. Let L >0 and p € Dy. The quantity u[[&,(t) — &, (s)]z] is uniformly
bounded over allt, s € [0, 1] and n > 1. Moreover,

t+h
(llEn(t +h) — &, (D] = f 62(f)ds +om™?) +ho(1), (31)
t
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as n — oo, whenever 0 <t <t + h < 1. The error terms are uniform in t and h¥. Finally,

t+h
[ 62(f)ds =h62(f) + o(h), (32)
t
as h — 0. The error term is uniform in t. All of the bounds depend on p through L only.

Proof. Given L > 0, the maximum of p is bounded by a constant determined by L.
Because u(fu.x) =0,

t+h  pt+h _ _
HllEnt + ) — £ = n f f 1ot foe drds.— (33)
t t
as n — 0o. By Lemma 5.10,

|t Fu. ns) o )| < CO™IESE, (34)

The boundedness claim of the lemma now follows from elementary integration: that is,

t+h  pt+h h rh
n / / =Sl gy ds = 2n / / 9= dr ds
t t 0 s

2 h
/ @"") — 1) ds
log v Jo

2h
llog ¥|

=<

As to the second claim, let « € (0, }—‘) be small enough that 2« < n'(1 — «) and set a,, =
n~ 1% We shall now show that, in the limit 7 — 00, the sole contribution to the double
integral n f;+h ftH_h W fou.\ns) fo.nr)) dr ds comes from the parallelepiped P, = {(s, r) €
[r, t + h]2 it+2a,<s<t+h—a,and |r —s| <a,} about the diagonal. To that end,
let

Q,,:{(s,r)e[t,t+h]2:|r—s|§an and either s <t +2a, ors >t +h — a,}

and let R, ={(s,r)elt,t+h)?:|r—s|>ay), so that [t,7+h]*=P,U Q, UR,.
Because the area of Q,, is O(a,%),

n //Q W folns) Fotr)) dr ds = O (na) = O(n ™' +2).
On the other hand, (34) yields
n f[R W fons) fo,Lnr)) dr ds = O (9" = o(n™").
Thus, only the contribution of P, is significant and

t+h pt+h _ _
n/ / /L(fn,Lnsj fn,Lnrj)dr ds
t t

t+h—ap

s+ap _ _
=n f 14 Fu,ns) fo.1nr)) dr ds + O (nay). (35)
t+2a, s—ap

+ We remark that the exponent in o(nfl/ 2) is not optimal, but a choice of convenience.
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Note that, on P,, s —an, >t +a, > a, > bn~! log n for all but a finite number of n.
(This motivates the odd 2a,, in the definition of P,.) By (24),

sup lon,1nr) = Psllpr = 0™ +a) = 0(a, ), (36)
re(s—ap,s+an)
SO

sup  |(fupar) — fis(F)] = O@!).

re(s—ay,s+ap)

This implies that

s+ap _ _ s+an ,
n / M(fn,[nsj fn,Lnrj) dr=n [ M(fn,[nsj ﬁz,[nrj) - Ms(f)z dr + O(nay]1+n ).
s

—ap s—ap

(37)

We split the domain of integration [s — a,,, s + a,] on the right-hand side into two halves.
Setting b, = (1/n)(1 — {ns}) (using (36) to pass to the third line),

s+ap
n/ M(fn,l_nsjfn,l_nrj)dr
s .
=n / M(fn,l_nsj I, Ln(err)J) dr
0

) Aan

= bn”ﬂn,LnsJ (f)+n f Mn,|ns| (ffo Tn,Ln(err)J -0 Tn,LnsJJrl) dr

by

An ’ /
= bnn/ls (fz) +n / /lv(ff o Tn,Ln(S-l-r)J ©0---0 Tn,|_nsj+1) dr + O(aZ + na;1+n )
by

An

bn ’
=n /(; m(flaaf) dr +n / m(f£n,[n(s+r)j to En,[nstrl (ﬁsf)) dr + O(na,l-H] ).

by

£ +nI=ns) Gince, recalling (19) and (8),

We can replace Ly |n(s+r)] - * * Ln,|nsj+1 by
ILn, tnGs+r) - =+ Lo lnsi+1(Bs ) = LESTHI G )
< Lo s+ - - Lnns)41 — LTI Lns] lILip—coll2s f lILip
< Cna,ll” = O(na,lfn/)

uniformly for r € [0, a,]. Hence,

s+ay an /
n / W Futns) flar)) dr =n f m(f LU=l (50 1)) dr + 0(nPalT™).
K 0

A similar computation, which we leave to the reader, yields
0
$ dr = ﬁ[ﬂ&j—[ﬂ(é‘—H)J ~ d 19) 2 249
n W fn,\ns) o, \nr) dr = n m(f L (s dr + O0n a,™").

s—ay —ap

By (37), we have thus shown that

s+ay _ _
n / W fu,ns) Jon,(nr)) dr
s

an N A ’
—n / m( fy LW eEI=sll 50 £y dr + O (n%at)

—an

o0
- [ m(f, LISl (5 £y dr 4+ 09 + n2a2t)
—00

=&2(f) + 0(n%at").
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The second from last line follows from |m(f,LX(fs f))] < CILK(Bs )l < CoF
(see (20)) and the last one from (30). Recalling (35) and (33), we obtain

t+h—ay

WllEn(t + 1) — En(]2] = / 52(f) ds + O(na? + hn*a2*")
t+2ay

t+h ,
= / 62(f) ds + O(ay + na> + hn*a>™™)
t

t+h
= / 63(f) ds + O(n_l""z" + hp2en (1—[())’
t

which implies (31), by choice of «.

Finally, the function s > 63( f) is uniformly continuous, by Lemma 6.1. Hence, it
has an increasing modulus of continuity w : [0, 1] — R4 such that |&,2( f)— ASZ( HI<
w(|t — s|) holds for all s, ¢ € [0, 1] and lims_, o w(8) = 0. Therefore, |f;+h &3(}”) ds —
h6t2(f)| <hw(h) =o0(h) as h — 0, uniformly in ¢. O

6.3. Decorrelation at the process level. ~ Next, we introduce useful partitions of S having
the property that x — &,(x, t) (and x — ¢, (x, t)) is nearly constant on each partition
element. To that end, fix z € S. (The role of z is to define branches and to keep track
of a possible discontinuity of a probability density; see §§4 and 5.) For any integer n > 1
and real number ¢ € (0, 1), there are N, ; points y;, j =1, ..., N, with the same image
Zn,raszunder Ty, q¢) 0 - - - o T, 1, where N, ; is the degree of the composition. The points
{yj}?/;'; define an induced partition P, , ; = {Iz,n,t,j}?’:{ of S\{yj:j=1,..., Ny,}into
subarcs I , ; ; with the property that the restriction of Ty, |1) 0 - - - 0 Ty 1 t0 I jp 1, j is One-
to-one and onto J;, , = S\{z,,,} for all j. It follows, from the uniform expansion property,
that
T tns) © - 0 Tu 1 (I, )| < CAME0

for all s <t. Since f € Lip, this yields the uniform bound
60 (x, $) = En(y. $)| < Cn™'/2 (38)

for all x,y €1, ,,; and j, for all s <t. Given bounded and Lipschitz continuous
functions Bi, ..., B, on R, real numbers 0 <f# <---<t, <t and a probability
measure u with density p > 0, integrating the previous bound with respect to d . (y) yields
the existence of C—determined by [ [, _; -, | Bk llLip—such that

1By (0 (x, 1)) - . Bu(En(x, tm)) — fhznr, j[B1En (1)) - . . Buy(En(tm))] < Cn~ 2 (39)

for all x € I; ,, ; and j. Here u; ., ;j denotes the conditional measure (1/u(l; ;)
w1

LEMMA 6.3. Suppose p € ;.o Dr.
() IfAeC™(R), then

WLACn () (1) — Cn($)]] — nl[ACn () 1l8n (1) — Enl(s)] = o(1)

asn — 0o, whenever 0 <s <t < 1.

https://doi.org/10.1017/etds.2016.9 Published online by Cambridge University Press


https://doi.org/10.1017/etds.2016.9

Quasistatic dynamical systems 2581

(i) IfAeCX[R)andq e(l,?2} then

WA ER(En (1) — En()17] — u[AE (NIlIER (1) — En()]7] = o(1)

as n — oo, whenever 0 <s <t < 1.

Proof. Note that, since ¢, is uniformly bounded, it suffices to assume that A € CZ°(R) in
both parts of the lemma. We only prove part (ii), concerning &,, and leave the easier, but
similar, part (i), concerning ¢,, to the reader.

Let z € S be a point such that log p is Lipschitz continuous on J, with constant L > 0,

n

and consider the induced partition P, , s = {I; s, j}?f:‘f relative to this point. Since
W& () — &,(s)]9] is uniformly bounded, by Lemma 6.2, a special case of (39) yields

WLAEr ()€ (1) — En()]7]
=Y ullr,,  AE))E() — E(5)]7]

J

=Y tenslAE)] ull L, [E() — &)1+ 0072

J

=Y ullr,, ; AEO)] s jllE @) = &1+ 00,

J

Let us denote the density of the conditional measure (5, j by 07,5, j- To finish the proof,
it is enough to show that

max [zn,s, j 1160 (1) — En()17] — ullEa () — Ex ()71 = o(1)

as n — oo. Fixing p > %, arbitrarily, it follows, from (28), that

t

én(t)—én(s)=nl/2/ fn,LnrJ dr +o0(1)

s+n—P

holds for any ¢ and s. In other words, the lower limit of integration can be slightly
increased, and it is sufficient to prove

t _ q t _ q
S s
s+n—P s+n—P

The increment n 7 facilitates the use of L! convergence of the pushforwards of p, , . j

=o(1).

J

and p. Indeed, since f,, |nr) 18 uniformly bounded, it suffices to show that
max (1L, st - Lt 0z = Pl = o(n~1?%).

Without loss of generality, we may assume that L > L,. By virtue of Lemma 5.2, both of
the densities 07 n,5,j = Ln,(ns] = * Ln,1Pz,n,5,j a0 O (ns) = La,|ns| - - - Ln,10 are then in
Dy.Lemma 5.6 now yields

~ 1-p
max 1L 1n(s+n=r)) =+ Lolns1+1Bzn,s,j = Puns Pl < CO 7,

where C depends on L. The proof is complete. O
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7. Proof of Theorem 3.1
Recall the integral expression of &, in (26). Given an initial probability measure u on S,
each ¢, is a random element of C9(0, 1], R) with distribution P%. The corresponding
expectation will be denoted by E}, .

Recall that a tight sequence of measures has limit points in the topology of weak
convergence [5].

LEMMA 7.1. Let the measure | be arbitrary. The sequence of measures (Pﬁf)nz] is tight.

Proof. Note that, for #1, # € [0, 1],

15}
6a(12) — Lu(t1) = f Fons) ds.
t

1
Accordingly, [£,(2) — ¢n(t1)] < (f2 — t1) || fllco- In other words, the sequence (£,),>1 of
functions is uniformly Lipschitz and bounded. This suffices for tightness on the classical
Wiener space co([o, 1], R). O

Next, we are going to show that the sequence actually has a unique limit, which we
are going to identify. The following Dynkin formula will turn out to be useful in this
regard. In order to formulate it properly, let us introduce the evaluation functionals 7; :
([0, 11, R) — R, t € [0, 1], defined by

(@) = (7).
LEMMA 7.2. Let p € \J;-oDr. Suppose that P is the weak limit of a subsequence
(Pﬁf,{)kil and denote by E the expectation with respect to P. For any A € C*°(R),

d
EE[A o] =E[A" o ] (f). (40)

Proof. Let A € C*°(R). Using the uniform Lipschitz continuity and boundedness
of (é‘n)nzl s
At + 1) = A (1)) = A" (Gu(O)[Ea(t + 1) — L] + O(h?),

where the error term is uniform. Next, we integrate the above expansion with respect to i
and take n — oo along the subsequence (n4)x>1. Lemma 6.3 guarantees that

IIA G ()G (t + h) — Ea(D]] = RIA" @u(O)lEn(t + h) — £ (D] = o(1)

as n — o0. For the weak limit P,
lim p[A(n, (r +h) — A ()] =E[Aomyp — Aomy]
k—o00

and
lim p[A'(n, (1))] = lim Eﬁfk [A" o ;] =E[A o 7;].
k— 00 k— 00
Recalling (29),
t+h
lim w[g,(t + h) —Cn(t)]=/ fs(f) ds.
n—od t
By Lemma 5.8,
t+h
| aryas = acon+om.
t
which finishes the proof. O
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7.1. A preliminary proposition to Theorem 3.1. Rather than proving Theorem 3.1
directly, it is simpler to first prove the following proposition which assumes a regular
initial density, recalling that P4 denotes the distribution of ¢, in cY([o, 1], R).

PROPOSITION 7.3. Suppose f is Lipschitz continuous and w is absolutely continuous
with a strictly positive Lipschitz continuous density. The measures Pl converge weakly, as
n — o0, to the point mass at ¢ € C°([0, 1], R), where

t
C() = /0 As(f) ds.

Proof. We show that the weak limit P of the subsequence (Pﬁfk)kz 1 is the point mass at
¢ € CY([0, 11, R) defined in (4). With the aid of (40), we begin by computing

d 21 d 2 _ i _ i i 2
EE[W — ¢l ]_EE[N’] 2§(t)th[7tz] 2E[7Tz]dt§“(t)+ dtlé“(l)l

=2E[m )i (f) = 20 1 (f) = 2E[m )2 (f) + 2¢O 2 (f)
=0.

Since myp = 0 almost surely with respect to P and ¢(0) =0, E[|7; — g“(t)lz] =0 for all
t € [0, 1]. By Tonelli’s theorem,

1 1
E[/O |m—c<t)|2dr]=fo E[|m; — ¢(0)]*1dt =0.

By the continuity of the paths, this proves the claim.

In particular, the limit P is independent of the initial density p € (J;., D1 and of
the weakly converging subsequence (Pifk)kzl. Thus, we have shown that, for any initial
measure y with such a density, the sequence (P}),>1 itself converges weakly to P. O

7.2.  Proof of Theorem 3.1. Next, suppose that v is an arbitrary absolutely continuous
initial probability measure with density . Let F : C°([0, 1], R) — R be an arbitrary
bounded continuous function and denote M = sup,cco(jo.1).r) |F (®)|. By Lemma 4.5,
given any ¢ > 0, there exists a measure p with density p € ;.o Dr. such that

I3
— < —.
Iy —pllp < T
By the established weak convergence of (P4 )n>1, there exists an integer N > 0 such that
E{FI-E[Fll<Z. n=N.
Then

|E;[F1—E::[F]|='/ F(ea(, ->)dv<x>—fF<;n<x, ) dp(x)

5/ |F(&n(x, ) (Y (x) — p(x))| dm(x)

=My —plip
&

<_7

-2
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so that
[E[F]—E[F]|<e, n>N.

By the portmanteau theorem, this suffices to show that (P}),> converges weakly to P.
The proof of Theorem 3.1 is now complete. O

Remark 7.4. The last part of the proof implies that the results of this section hold for
arbitrary absolutely continuous initial measures.

8. Proofs of Lemma 3.5 and Theorem 3.6
8.1. Proofof Lemma 3.5. 1fn € (0, 1) is arbitrary and v is a measure having a Lipschitz
continuous density v, then Corollary 5.7 yields

' 20 1) = n'Pm (- 1)
t
Snl/Z/O |v(fn’|_n”)—m(fn,|_nsj)|ds
t
Snl/zfo |pn’LnsJ(f)—mn,LnsJ(f)ldS

t
5”1/2/ ’/ En,LnsJ c ‘En,l(l/f - l)fdm ds
0

t
< Cnl/z/ ¥ ds < Cn~1/?
0

uniformly in #. Hence the admissibility condition (6) is satisfied. This proves item (i).
Now assume that n > % and fix n’ € (%, n). Recalling (29),

t
In'2¢(t) — n'*m(g, (-, 1)) <n'/? /O s (f) = m(f, ns))| ds
<Cm'* " £ n 2 10g n). 1)

Again, the admissibility condition (6) is satisfied. This proves item (ii).
Finally, let ¢ > O be arbitrary, and denote the density of v by 1. By Lemma 4.5, there
exists a measure u with density ¢ € Dy, such that [l¢ — ¥ ||;1 < ||f||;o1 (¢/2). Then

1
sup |v(cn<-,r)>—;(r>|s/0 W ins)) — Rs ()] dis

t€[0,1]

1
e N
<5+ [ e = il ds,
By (29), the last term is bounded by ¢/2 for all large enough n. This proves item (iii).
This finishes the proof of Lemma 3.5. O

8.2. A preliminary proposition to Theorem 3.6.  Analogously to §7.1 and Theorem 3.1,
in this section, we prove a simplified version of Theorem 3.6. Throughout the section we
will assume that the initial measure w is given and use the centering ¢, () = (&, (¢)) for
the process y,. Recall the convention from the beginning of §6 that, in this case, we write
&, instead of y,, in order to stress the explicit role of the initial measure in the centering.
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Thus &, has the definition in (25) and the integral expression in (27). Each &, is a random
element of C2([0, 1], R) with distribution P%. The expectation corresponding to P will
be denoted by E .

PROPOSITION 8.1. Suppose that f is Lipschitz continuous, | is absolutely continuous
with a strictly positive Lipschitz continuous density and ¢, (t) = (&, (t)). The measures
P}, (distribution of &,) converge weakly, as n — 0o, to the law of the process

t
x () =/0 o5 (f) dWs.

Here W is a standard Brownian motion, and the stochastic integral is to be understood in
the sense of Ito.

The rest of the subsection constitutes the proof of Proposition 8.1. Again, the first step
is to prove tightness.

LEMMA 8.2. Let 1 be a measure with a density that is Lipschitz continuous on J, for some
z € S. The sequence of measures (Pﬁf)nzl is tight.

Proof. Note that 7y = 0 almost surely with respect to P4 for all n > 1. By Kolmogorov’s
criterion, it is sufficient to find a constant K > O such that

wllEn(f2) — En () ¥ = B [|mry, — 71 |1 < K12 — 11 42)

holds for all 1, t, € [0, 1] and all n > 1. By symmetry, the left-hand side can be expressed
as

5] s r u _ _ _ _
I =4! n2/ / / / M(fn,[nsjfn,l_nrjfn,l_nu]fn,anj)dv dudrds.
n n n n

Observe that M(fn,tntj) =0 for all r. Hence, forv <u <r <,
|/L(f_‘n,\_nsj f_;z,LnrJ fn,[nuj f_‘n,\_nvj)| <C min(ﬂn(s—r)’ ﬁn(u—v)) < Cﬂ(n/Z)(s—r)ﬁ(n/Z)(u—v).

Here the first inequality holds because Lemma 5.10 applies to both the time gap between
ns and nr as well as the time gap between nu and nv, and the second inequality
holds because min(a, b) < a'2b'/? for a, b > 0. Assuming #; <t,, we define I, =
n ttlz fti /209 dx dy. Then

2
I <41
by the preceding bound. Since
) _( 2) )
/} ﬁ—(n/2)x dx = ;(ﬁ—(n/Z)y _ ﬁ—(n/Z)tl) < v n/2)y
" nlog 9—1/2 ~ nlog®-1/2’
we get
(2 — 1)
¥~ log9—1/2’
which gives the desired estimate in (42). Hence, (P}),>1 is tight. O
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As in the previous section, the next step is to study the weak limit points of the
sequence (PH )n>1, whose existence is guaranteed by tightness. Again, a Dynkin formula
will be instrumental, albeit additional work will be required in the present setting. We write
A e CX(R)if A € C*°(R) and A vanishes outside a compact set.

LEMMA 8.3. Let p € |J,-oDr. Suppose that P is the weak limit of a subsequence
(Pﬁf,{)kil and denote by E the expectation with respect to P. For any A € CZ°(R),

t
E[A o ;] = E[A o 7o] + % / E[A” o ) 62(f) ds. (43)
0

Proof. By Taylor’s theorem, there exists such a # € R that
At +h) = AE (1) + A E () [E(t + h) — E,(0)]
+ AA E ) En(t + 1) — £, + A" W) En(t + ) — £,(1))°.

Note that
pllE(t + h) — £:(D1F] < Ch*3* = o(h),

by Jensen’s inequality, together with (42). Since A" is bounded,
wlAE (@ + )] = plAE )]+ wlA (& @)E @ + h) — &(D]]
+ A" () En(t + h) — &1+ o(h),

where the error term is uniform in »n and ¢.
Lemma 6.3 guarantees that, for g € {1, 2},

AL E,(O)E(t + h) — E,(1)]11] — n[AD E () l[En(t + h) — £(D)]9] — 0

as n — 00. By (28),
wlén (@ +h) —&,(1)] = 0.
Next, note that
kll)ﬂgo wlA" (&, ()] =E[A" o 1]
By Lemma 6.2,
lim [0 (1 + h) = & (OP) = h 67 (f) + o(h).

Recall that the function t|—>&,2( f) is continuous. Since also r+> E[A” o] is
continuous, we thus arrive at (43). O

Define the differential operator
= 152 d_2
2" dx?
Note that .} appears on the right-hand side of (43). Lemma 8.3 thus leads us to conjecture

that the limit process y is a diffusion with .%; as its generator: that is, x should solve the
stochastic differential equation

Z

dx(t) =6:(f) dWr, (44)
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where W; is a standard Brownian motion. Indeed, Ito calculus for y, defined by (44),
yields a Dynkin formula which is of precisely the same form as (43), with the law of x in
place of P. We proceed to prove rigorously that the limit process is, indeed, characterized
by (44).

Let us briefly discuss the solutions to (44), which are here always required to start
at zero. Since the coefficient 6;(f) is bounded in ¢ and independent of x, given a
Brownian motion, there exists a strong solution (adapted to the filtration generated by the
Brownian motion) which has continuous paths and is strongly unique (i.e. its modifications
are indistinguishable). Moreover, weak solutions to (44) are unique in law; from here
on we denote the associated law by Q. These facts imply that the martingale problem
corresponding to the generator .%; and the starting point zero is well posed.

LEMMA 8.4. The measure Q is the unique measure with the properties that
Qo =0) = 1 and that, for all A € CZ°(R), the process

t
M,:Aom—Aono—/.,%Aonsds, t €[0, 1], 45)
0

is a martingale with respect to Q and the filtration (§;)o<i<1, where §; is the sigma-
algebra on CcY([o, 11, R) generated by {m; : 0 < s <t}.

We refer to [30] for the proofs of the above statements. Also [13] is a helpful text on
stochastic analysis.

The next result states that also the measure P solves the above martingale problem.
Hence, it follows, from the above lemma, that P = Q.

PROPOSITION 8.5. Suppose the density of the initial measure [ is in | J; .o DL and
that P is the weak limit of a subsequence (P, )k>1. Then, given any A € C°(R), the
process (M;)ici0,1] defined in (45) is a martingale with respect to P and the filtration
(81)o<i<1. In particular,

P=0.

Note that the limit P is then independent of the initial density p € |J;., Dr and of
the weakly converging subsequence (]P’ﬁfk)kzl. Thus, for any initial measure @ with such
a density, the sequence (P}),>1 itself converges weakly to P. Accordingly, we have
identified the limit of &, to be the stochastic process x appearing in (44). In particular,
once this proposition has been proved, we will have proved Proposition 8.1.

Proof of Proposition 8.5. Let L >0 and z € S be such that the logarithm of the initial
density p is Lipschitz continuous on J, with constant L. Since A and A” are bounded,
E[|M;|] < oo for all ¢ € [0, 1]. It remains to prove that

E[Mt - Mr | Sr] =0
whenever 0 < r <t < 1. The martingale condition above is equivalent to
E[Biomy - -+ By oy, (My — M,)]=0 (46)

whenever m > 1, By, ..., By : R — R are bounded, Lipschitz continuous functions and
O<tp <.+ <ty <r <t <1.Wenow fix such numbers and functions for good.
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Let us fix g € (0, %) and write K, = |n9(t —r)] and 6, = (t — r)/K,,. Since
Kp—1
M, — M, = Z (My+(k+1)8, — Mr+ks,)
k=0
equation (46) will follow once we establish that
K, sup u[B1(.(t1)) - Bn (Sn(tm))(Mu-i-Sn - M) ()] =o(1),
r<u<t—é,
asn — oo.

We proceed as in the proof of Lemma 6.3, resorting to the induced partition P, ,, , =
{Iz’n,u,j}y;‘f of the arc J, =S\{z}. Let %, ,, ; denote the midpoint of I, , ; and
Conu,j =& (X7 nu,j, u) the value of &,( -, u) at the midpoint. It will then be convenient
to define the function &, ;, : S x [0, 1] — R by setting

én,u(xa ) =§&(x, 1) =& (x, u) + Cznu,j
forall x € I; 4, ; and all j. (For brevity, we suppress the z-dependence of é‘,,,u.) We think

of é:fn’u as a modification of &, according to the value of the latter process at time u. By (38),

£ I —-1/2
sup €, (x, 1) — &y (x, )| =max  sup [&,(x, u) — & &z puj. )] <Cn”!/
xeS J XEIZJLLL/'

uniformly in u. Since A and A” are Lipschitz continuous, the functional M,.ys, — M, :
CO([O, 1], R) — R satisfies

sup [(Myt5, — My)(En(x, -)) — (Myys, — My)Enu(x, )| < Cn~ /2,

xeS
Because Bj, ..., B, are, furthermore, bounded, Lipschitz continous functions, (39)
yields

(B (En(t1)) - - - By () (Mys, — M) (E)]
= WB1(En (1)) - - - B (En(tm) (Mugs, — M) (En )]+ O(n=12)
=Y wullr,,;BiGa(t) - Bu(Enltn) Muys, — M) En )1+ 0"
J

=Y MenujIBIGEn (1) -+ BuEnltm) Il L, ; (Muts, — M) i)
J

+ o'
= ullr,, BiGat) - BuGn(tm) e jl(Muys, — M) i)
J

+ 0o~ '?.

Here the error term is, again, uniform in u. Since K, = o(n'/?), it thus suffices to show
that

K, sup  max |ug pu j[(Muts, — My)(Eni)ll = o(1).

r<u<t—8, J
Here

~ n " u+3dy .
(My+s, — M) (Enu) = AGnu(w +68n)) — ACnu(w)) — LiAGnu(s)) ds.

u
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For x € I, ;, 4, j, we Taylor expand A(én’u(x, u 4+ 8,)) at é‘n,u(x, u) = Czp,u,j- By Taylor’s
theorem, there exists «; , ,, j (x) € R such that

(Myss, — My)Enu)

= A'(cmu, En (U + 8n) — Ex ()]
u+8n

1 A
+ |:§A//(Cz,n,u,j) €0 (u + 8,) — & (w)]* — L5 AGnu(s)) dS}

1
A e NEn (0 + 80) — E ).

We bound the term on each line on the right-hand side separately. The second line requires
demonstrating cancelations in the difference and is saved for last.
It is instrumental that (assuming [nt; | > N (L)) the density p; ;. 4, j Of {4z 54, j Satisfies

ﬁz,n,u,j = £n,|_nuj s En,lpz,n,u,j € DL*

by part (iii) of Lemma 5.2. We denote the measure corresponding to 0 nu,; bY flzn.u,;-
Moreover, it will be convenient to define

u+h
Eygu)(h) = n1/2 f fn,|_nsj,LnuJ+1 — Mn,|nu) (fn,\_nsJ,LnuJ—Q—l) ds,
u
where f, k1 =foTyko-- 0T, fork>1and f, xx+1 = f. Then
En(u+h) — &) =E (h) 0 Ty jpuj 0+ - -0 Ty 1.

It is helpful to think of g,ﬁ”) as &, shifted along the curve y. Below, we will need to change

the centering of S,E"), so we now define

u+h
%.;,(u) (h) = n'/? / Jn.tns) )41 — V(. ns), nug+1) ds = ‘Ergu)(h) - v[;gu) (h)]

u

for an arbitrary measure v with density ¥ € Dy, . By Corollary 5.7 applied to the
difference g = ¥ — pp,|nu), We have the uniform bound

V(s ) mug+1) = o i) o s g4 1) | = O @S0y = 0 (9767,
Hence, an integration yields
1/2 uth 1/2
v[g}i“)(h)] =n / / V(fn,l_nsJ,LnuJ+1) — Mn,|nu) (fn,LnsJ,I_nuJJrl) ds=0n" / )
u
uniformly in u, h and v, so that
& =£" )+ 0n™'?) (47)

and, by v[&r ™ ()] =0,
v[EW ()] = 0n™ % (48)

uniformly in #, & and v. Note that the error terms above are independent of x.

The first term. Since

Mz.nu,j [A/(Cz,n,u,j)[gn (u +6,) — & ()]l = A/(Cz,n,u,j)ﬂz,n,u,j [En(u + 6n) — En(w)],
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where A’ is bounded, we only need a bound on the second factor on the right. Here
W, 16 0+ 80) = E2 GO = iz, i[5 ().
Recalling the earlier remark on fi , ., j, (48) yields
Pz 15 G)] = o(K, ).

In particular,

K, sup max iz, j LA (C2mu, ) En (U + 82) — Ex ()11 = o(1).

r<u<t—=g,

The third term. Using the boundedness of A", together with Jensen’s inequality,
|tz LA Gz a0+ 80) = En O PN < C iz, j 1150 (e 4 8) — & )],

Here
W, j11En @+ 8,) — En )Y = g nu /16X (6.

Let us consider an arbitrary measure v with density ¥ € Dy, instead of fi;,, ,, ;. First, we
have the uniform bound
Vg ' = om?),
which is analogous to (42). Together with (47), Jensen’s inequality then shows that
v[ED M = 00+ h3 V2 4 et 4072 (49)
uniformly. In particular,
fena IES GO = 0@ + 802 4 8,n7" + 072 = o(K, ),
so that
K, sup mjax Wtz LA (g ) En 4 8,) — E()TP]] = o(1).

r<u<t—3éy,

The second term. Note that

fz o, )T A (Comu, ) En (U + 82) — &, ()17
= YA o Dz, jUE U + 8,) — &, ()],
where
W, j[En 4 8,) — En ()P = iz nu  [EM (80)1.

On the other hand,
u+3d,

Iz, ,-[ LeAGEnu(s)) ds]

u

“ton 1 ~2 "oe
= / Mz.n,u,j I:EGS (HA (%—nu(s))j| ds

1 u+3, 2 .
=3 / (e (f),uvz,n,u,j [A"Cn(s) — &n(u) + Cz,n,u,j)] ds

2
1 u—+3dy )
= 5 / as (f)MZ,n,M,j[A”(ErEM)(S —u)o Tn,[nuJ O---0 Tn,l + Cz,n,u,j)] ds
u
l u+8n 2
=3 / G5 (Pt JIA" ) (s =) + Conu )] ds.
u
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By Taylor’s theorem, there exists K , 4, j,s(x) € R, such that

Bou, jTA"EM (s — ) + comu )= A" (Conu i) + fznu iTA” Repu,js)EM (s — w)].

Using the boundedness of A", together with Jensen’s inequality, (49) yields

~ ~ ~ 1/2
e JTA” Remn o) EX (s — ] < Cliz o  IEX (s — )1V = 0(8/).

Accordingly,

S,
u+ 32

n R 1 u+3d, R
Mz,n,u,j|: chA(é&n,u(s)) dsi| = EA//(Cz,n,u,j) / agz(f) ds 4+ 0(,'")

u

1 " ~2
= EA (Cz,n,u,j)au (f)n + 0(8,).

In the second line, we used (32). We remark that the error term 0(8,) = o(K, 1) is uniform
in u and j and that A” is bounded. In order to prove that

K, sup max
r<u<t—68, J

1 u+3sy, .
Mz.n,u,j |:§A”(Cz,n,u,j)[$n(u +6,) — &, (u)]z _/ ZA(Snu(S)) dsj|

tends to zero as n — 00, it thus only remains to show that

Ky, sup  max |z pnu i[5 (8:)%] — 62(F)8l = 0(1).

r<u<t—4, J

Let us, again, consider an arbitrary measure v with density € Dy, instead of fi; 4, .
Recalling (47) and v[’g‘,': ’(")(h)] =0, we get the uniform estimate

vy 6n)*) = vlgy @ )1+ 0.
Analogously to Lemma 6.2,
Kulv[£; " 51" = 6. (1)8a] = Knlo(8a) + o™ ") = o(1)
uniformly in # and v. The last bounds, combined, yield the desired bound.

This finishes the proof of Proposition 8.5. O

The proof of Proposition 8.1 is now complete. O

8.3. Finishing the proof of Theorem 3.6. It remains to upgrade Proposition 8.1 to the
full version of Theorem 3.6. The upgrade entails relaxing the regularity assumption on the
initial measure as well as the assumption that the centering sequence be defined in terms
of the initial measure. To facilitate these changes, let us introduce the explicit notation

XL (1) =n'?g,(t) — n'?v (8, (1)),

for any measure v, and
x5 (1) = n'2 g, (1) — n'2c, (1),

for any centering sequence (c,),>1. Note that all functions above, including ¢, depend
on x, but, following our earlier convention, we suppress it from the notation. Given an
Cn

initial measure j, we denote the laws of x and x,;" by P"" and IP},"", respectively. The
respective expectations are denoted Ej,"" and E},"“".

https://doi.org/10.1017/etds.2016.9 Published online by Cambridge University Press


https://doi.org/10.1017/etds.2016.9

2592 N. Dobbs and M. Stenlund

Assume that p is an arbitrary absolutely continuous measure with density p and (c,)n>1
is an arbitrary centering sequence admissible with respect to p (see Definition 3.3).
Our proof of Theorem 3.6 amounts to showing that there exists a measure v with
density ¥ € | J; -, Dy with the following properties: (i) P, approximates P, (i) P,™
approximates P,;", (iii) P4"™ approximates P;'™ and (iv) P4 approximates P,™
arbitrarily well for all large enough n > 1. This will be accomplished using the
portmanteau theorem, as follows.

Let F:C9%(0, 1], R) > R be an arbitrary bounded Lipschitz continuous function
and ¢ > 0 an arbitrary number. Denote M = sup,,cco(jo.1),r) | ()| and £ = Lip(F).
Step (i). Observe that Proposition 8.1 applies directly to ;" forany ¢ € | J; _, DL, there
exists an integer N1 > 0 such that

|E[F]—E,"[F]l < n=Ni.

&
47
Step (ii). Since ¥ € |J;.o DL, the centering sequence v(Z,(r)) is admissible with

respect to v (see Lemma 3.5). By Remark 3.4, there exists an integer N> > 0 such that
In'2v(g, (1)) — n'?m(¢,(1))| < &/4¢ for all n > N». Thus,

B, " F] = Ey ™ F] = ‘/ F(xp (x, ) = F( (x, ) dv(x)

Step (iii). By Lemma 4.5, we may assume that ¢ € | J; ., Dy satisfies

&
_ < —,
¥ — Pl <7

Then

&, " [F] — E"[F] = V F(x, (x, ) dv(x) — / F(xy" (x, ) dp(x)

< / |F(xy" (x, ) (Y — p)(x)] dm(x)
=Ml —plip

£
< - n>1.
=7 =

’

Step (iv). Recall that the centering sequence ¢, is assumed admissible with respect to (.
Let us denote E;, = {x € S:sup,¢(g 1 InY2c,(x, t) — n'/?m(c,(1))| > &/8¢}. There exists
an integer N3 > 0 such that j.(E,) < &¢/16M for all n > N3. Splitting [ = fE,, + fS\E,,’

[EL™[F] — B [F]| = ‘ / FO™(x, ) = F(& (x, ) du(x)
<2Mu(E,) +z;7(1 — 1(En)

&
=<-, nZN3'
4
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Collecting the bounds,
|E[F]—E“[F]| <&, n>max(Ni, N2, N3).

By the portmanteau theorem, this suffices to show that (L) n>1 converges weakly to P.
The proof of Theorem 3.6 is now complete. O

Remark 8.6. The last part of the proof implies that the results of this section hold for
arbitrary absolutely continuous initial measures and admissible centering sequences.

9. Proofs of the generalizations

As mentioned at the beginning, little in the proofs of Theorems 3.1 and 3.6 changes
when one passes to their generalizations, Theorems 3.9 and 3.10. In order to keep the
presentation as lucid as possible, we have elected to save the generalizations for last. Here
we expect the reader to be well familiar with all the preceding sections. Indeed, we will
only point the reader to the straightforward adjustments required there to complete the
proofs.

9.1. Proof of Theorem 3.9. The first changes occur in §6. In Lemma 6.1, 812 is now
the d x d matrix defined in Theorem 3.9. Working with vector components, it amounts to
a minor modification of the proof of Lemma 6.1 to show that

SEN =lfe ® f1+ )Y ulfi ® (fiov) + (fioyH ® fil

k=1

o0
=lfr ® fl+ ) mifs ® Li (o fo) + (L (B f) © i, (50)
k=1
and that the dependence on ¢ is continuous. Similarly, we see that Lemma 6.2 remains
true, except that we have the d x d matrix p[[&,(t) — &,(s)] ® [£€,(¢) — &, (s)]] in place
of the scalar u[[&,(t) — &, ()1?]. In (39), the functions B; are now bounded and Lipschitz
continuous from R to R, but the bound remains true. Lemma 6.3 is modified as follows:
we need A € C°(R?, R) in part (i) and A € Cfo(Rd, R) in part (ii). Then (i) and (ii)
with g = 1 continue to hold componentwise. In the case ¢ = 2, the expression [&,(¢) —
&, ()P is replaced by [£,(¢) — &,(s)] ® [£,(t) — &, (s)]. The proof remains identical.
Let us proceed to §7. In Lemma 7.2, we get the Dynkin formula

d
JElAom]=E[VAor]- e (f)

in place of (40), for any A € C OO(R", R). Indeed, the modification of Lemma 6.3 above
implies that

RIVAE (@) - [En(t + 1) = 5 (O] — u[VAa ()] - 1l8n(t + h) — £ ()] = o(1)

as n — 0o; otherwise the proof is similar. The proof of Proposition 7.3 remains the same
up to passing to vector notation.

Finally, let us point out the changes in §8. In the tightness proof of Lemma 8.2, we have
the bound in (42) separately for each vector component E,Ei), 1 <i <d. The vector-valued
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case follows by an application of the Cauchy—Schwarz inequality. In Lemma 8.3, we get,
forany A € C° (R4, R), the Dynkin formula

1Y ' 2 ~2

E[A o m]=E[A 070l + > /O E[97 A o m,167(f)ij ds. (51)
i,j=1

in place of (43). This identity is obtained as before, by Taylor expanding p[A(&,(?))] and
using the modifications of Lemmas 6.3 and 6.2 above. Let us define 6,(f) as the square
root of the d x d covariance matrix &f( f). Then the stochastic differential equation (44),
where W, is an R¢-valued standard Brownian motion, has the partial differential operator
d

1 .
Z = 3 ‘Z] 62(f)ij
i,j=

82
8x,' 0x j

as its generator, so that the Dynkin formula for x has the same form as (51). Again, the
martingale problem corresponding to the generator .%; and the starting point zero is well
posed (see Lemma 8.4 with the change A € C2° (R4, R)). We refer to [30] for the proofs
of these statements. Given the above changes, the proof of the martingale property in
Proposition 8.5 generalizes to the vector-valued case in a straightforward manner, which
shows that the limit law P of &, is the one of the process x appearing in (44). To complete

the proof, note that §8.3 continues to apply, mutatis mutandis, switching from the space
([0, 1], R) of real-valued functions to C°([0, 1], RY). o

9.2. Proof of Theorem 3.10. LetO0=17y <] <--- < Ty—1 < T = | be the endpoints
of the partition elements /;, 1 <i <m.

The jumps in the curve y cause certain estimates in §5 to hold only piecewise, on
each partition element. The first change occurs in Lemma 5.5: (18) continues to hold
if s and ¢ are in the same partition element. Likewise, (22) in Lemma 5.8 continues
to hold in the same piecewise sense. Another change occurs in Lemma 5.9, where the
condition on & is replaced by the piecewise analogue nt; + b logn < k < nt;4 for somei.
In Lemma 5.9 the condition on ¢ is replaced by 7; +bn~'logn <t < %i;; and s € I;
for some i. Otherwise §5 remains intact. To recapitulate, the essential change is that the
difference pj, o] — p; does not remain small when ¢ passes one of the finite number of
singularities 7;; to regain smallness, it is necessary to wait another b log n iterates exactly
as was the case at ¢t = 0 before. Moreover, p; — p5 is only small if # and s are in the same
partition element and close to each other. However, it is important to point out that the
singularities do not affect the regularity bounds of the densities p,, || in any way.

In §6 there are similar changes: (29) holds if 7; + bn~! logn <s < Tj4 for some i.
We also note that the dependence of 6't2( f) (and of f1,(f)) on ¢ is piecewise-continuous,
which is inconsequential (see the proof of Lemma 6.1 (and of Lemma 5.5)). Lemma 6.2
remains intact: in order to avoid singularities, one excludes, in the domain of the s-integral
on the right-hand side of (35), a neighborhood of radius 2a, centered at each singularity
7;, which only results in another error of the same order na,zl, as before. These are the only
parts in §6 that require attention.

The above changes in no way affect §7, so we are left with §8. There the proof of
Lemma 3.5 stands; in the integral in (41) one has to take into account the above change in
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the condition of (29) and thus remove an interval of length bn~! log n at each singularity

7;, but this does not affect the error term. The above changes do not affect the rest of §8.
The generalization to vector-valued observables is now achieved exactly as in the proof

of Theorem 3.9. O
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